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PROCEEDI NGS

Agenda Item Wl cone, |Introductions.

Agenda Item SESSION |: BACKGROUND ON THE
DATABASE. The School - Level State Assessnent Score
Dat abase.

MR GOODWN. [In progress.] -- preferable to
ot hers, nore appropriate than others and, given the
[imtations of the data, how should we characterize the
results, and what kinds of qualifications should we place

around the results.

So, that is basically all | have to say and, with
that, I amgoing to turn it over to Stephanie.

M5. STULLICH: Good norning. | think David has
covered this topic very well, and he has maybe not left too

much for nme to say.

So, | mght repeat a little bit of the ground
that David has covered, but I will try to add sone
different pieces of information or was of looking at it.

As David discussed, we have two main eval uation
offices in the Departnent of Education, and our roles are,
| think, quite different and conpl enentary.

|ES [Institute of Education Sciences] is mainly
| ooki ng at educational interventions, not necessarily
federal education prograns. They are particularly, |

t hi nk, 1 ooking for opportunities where they can study



educational practices and prograns using very high quality,
ri gorous experinental designs using random zed field
trials.

Congress and the adm nistration have a need for
i nformati on about a w de range of federal prograns that may
not be possible to evaluate with those kinds of nethods,
and that is where we cone in. W do try to use quasi -
experinmental designs to the extent that is feasible when
| ooki ng at those questions.

David nmentioned GPRA and the PART, and | w |
just spell themout for those of you who are not in the
beltway and may not use all the sane acronyns that we use.

GPRA is the Governnment Performance and Reports
Act. | can't tell you exactly when it was passed, but it
was, | think, sonme time in the 1990s and requires annual
reporting on performance indicators for each programin the
federal governnent.

So, each program nust develop its own indicators
whi ch can be neasured regularly. They prefer annually, but
sone are |less frequent than that.

The PART is a different process. PART stands for
Program Assessnent Rating Tool. It was devel oped by the
O fice of Managenent and Budget, to provide, perhaps in
some ways, a nore conprehensive assessnent of program

per f or mance.



In the PART, they |ook at outputs, outcones and
efficiency. PART is also a verb, for you have been PARTed.
It is not necessarily a fun experience, but sooner or |ater
we all go through it.

The PART process results in performance ratings
for each program and those prograns can be effective,
noderately effective, adequate, ineffective -- you
certainly don't want that one -- or results not yet
det er m ned.

So far, on the web site, | found sone overal
statistics across the federal governnent. About 11 percent
of prograns have been determ ned to be effective, 26
percent noderately effective, 21 percent adequate. Only
five percent were found to be ineffective, and a fairly
| arge percent, 37 percent, results not denonstrated.
Presumably that neans yet.

| amjust going to skip to the next slide. |
t hought | would just say a few words about different Kkinds
of assessnments that m ght be used in federal program
eval uations, and | think we, at one tinme or another, have
used all three of these.

They are state assessnents and i ndependent
assessnments, and each of themhas their strengths and their
weaknesses.

NAEP, as we all know, has the advantage of being



consi stent across states, consistent over tinme, and al so

basically free, not free to the taxpayer, but free in the
sense of if your evaluation can use that data, you don't

have to pay for it. It is a wonderful on-line data tool

The di sadvant ages of NAEP, of course, are that it
is not aligned with state standards. So, people may argue
that your evaluation is using a neasure that is not aligned
wi th what children are expected to know and | earn and be
able to do in their states. Typically, the data can't be
broken out for program versus non-program school s.

State assessnents, on the other hand, have kind
of the opposite characteristic strengths and weaknesses.
They, of course, are aligned with state standards. You can
i nk school -1 evel state assessnent results to program
status, in federal prograns.

To sone extent, the data are free, in that you
don't have to pay to adm nister the assessnent. Sonebody
el se has al ready done that. You just need to get your hands
on the data, which is sonetines easy and sonetines not.

The data base that Don has assenbl ed for us, Don
McLaughl i n has assenbled for all of us, really, | think
made great steps in making at | east the school |evel state
assessnent data available to us and to you.

The big problenms with the state assessnent data

are, of course, that the state assessnents are not



consi stent across states and they are often not consistent
across tine.

There is a lot of activity in the state
assessnent world, and it seens that state assessnents are
constantly changi ng, sonetines in obvious ways, sonetines
in | ess obvious ways.

Sonetinmes a state will go to a whol e new type of
assessnent, and that is pretty clear, and sonetines they
w Il have the same assessnent, but there may be significant
changes in how proficiency |levels are defined or inclusion
and accommodati on practices.

So, it is a very fluid field right now, and we
keep thinking that we are going to get to a point where
state assessnents don't change quite so nuch, but we have
been thinking that for quite sone tinme and haven't gotten
t here yet.

Then third, as David nentioned, independent
assessnments are, you know, in sone ways what you m ght
think as the best of all possible worlds, although in
reality they often aren't.

The advantage of an i ndependent assessnent is
that you could adm nister the sane assessnent to al
students in your sanple and you have it be consistent.

You coul d al so presumably have the control to

ensure that that assessnent is consistent over time. Since



you are adm nistering the assessnent yourself, you woul d
know -- you would be able to link that data to school s that
are getting the programor not getting the program

The big disadvantage is that they really are
often prohibitive. One is the cost. It nmakes an eval uation
very expensive if you adm ni ster your own assessnent.

It is also very burdensone on schools, and they
often don't really want to be involved in that kind of
st udy.

It is, of course, like the NAEP, not necessarily
aligned with state standards. | think a fourth point is
that often you have limted pre-intervention data because,
by the time a programis authorized and you go in there
with your study and adm ni ster your test, the program has
often been around for a while.

So, one of the advantages of the state
assessnments is that, to the extent that they have been
adm ni stered over tine, you can go and get historical data
in order to have a longer tinme frane.

Davi d tal ked about the origins of our school
| evel state assessnent data base. So, | probably don't
really need to say anything nore about that.

This did start, | would say, with the |Inproving
Anmerica' s Schools Act, which passed in 1994, and the state

assessnment requirenments were part of Title | Part A



Prior to that, Title I, Part A did have
assessnent requirenents but, in general, states had to
ensure that students participating in the Title | program
wer e assessed.

So, the big change in 1994 was that the
assessnments for Title | students had to be the sanme as
assessnments for all students, and that is what created this
opportunity for evaluation and kind of this whole wave of
accountability and assessnent that we are in the m ddle of
t oday.

Characteristics of the data base, | think you al
may know this quite well, but we do now have five years of
data in the data base, from 1999 to 2003, and it does
i nclude nearly all schools and all states with, | think, a
few excepti ons.

For the nost part, it is a data base that has
aggregate data at the school |evel for each tested grade.
There are, | think, sonme areas where we have subgroup dat a,
but predomnantly it is aggregate school -1evel data.

As David nentioned, Don MLaughlin and his team
have nerged in school characteristics fromthe CCD [ Common
Core of Data]. It is all this information about federal
program participation, which I think makes the data base
easier to use.

Then, initially -- | think this is an inportant



point for us. Initially the data were collected basically
in whatever formthey were avail abl e.

Don and his team were basically harvesting data
fromstate web sites. So, if the state had scal es for us,
they took those, and if they had achi evenent |evels, they
took those, and if they had sonething else, |ike
percentiles, or sone conbination of the above, basically
t hey took whatever they could find.

Al t hough they, | think, predom nantly harvested
fromstate web sites, in sonme cases they went to the states
and tried to get nore than was actually on the web site, to
make it nore conprehensive.

W are in the mddle of a transition to a new
systemfor collecting this data. It is now being collected
by EDEN [ Educati on Data Exchange Network]. It used to be
t he Performance- Based Data Managenent Initiative [PBDM],
and | think it is going to be called EDFacts in the future.

So, this data, instead of being a separate stand
al one project, is now going to be part of really a nmassive
Depart ment of Education data base, which is collecting al
ki nds of information about enroll nment and program
participation and achi evenent, and a w de range of other
t hi ngs.

As part of that kind of redesign of this data

collection effort, one of the decisions that they made was



that, rather than collecting all these different kinds of
achi evenent data, we are just going to collect data for
achi evenent |evels only, in other words, the percent of
students that are advanced, proficient, basic, et cetera.

One, of course, big advantage of that is having
consistent data to the extent that, of course, states
define proficiency in different ways and have different
assessnments. So, it is not consistent in that sense, but it
is a consistent type of neasure collected for everyone.

A di sadvantage, it seens to us, is that, by no
| onger collecting -- we think that these different types of
assessnent data, probably sone nmay all ow better, stronger
nore rigorous eval uation design than others.

So, by losing the collection scales for data, are
we losing the ability to do better designs and assessnents
of states, is a question that we worry about.

So, how do our contractors use school |evel state
assessnent data? W typically -- and | think nost
eval uation contracts that we | et have requirenents to
anal yze program out cones.

Very commonly, the school -1evel state assessnent
data is the neasure that they are going to be using because
it is often the only neasure they are able to use within
the resources for the contract.

So, our studies will describe and conpare
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performance at schools participating in particular federal
prograns, or serving particul ar popul ati ons.

They may exam ne the achi evenent characteristics
of program school s versus non-program schools as well as
trends and, as David nentioned, sonetines identifying
school s that are beating the odds, doing better than
average, that one, provide a bench mark for what is
possi bl e and, two, provide sonme opportunity perhaps to
study what those schools are doing that enable themto
achi eve those out cones.

One of the things that puzzles us a bit, and one
of the big reasons that we have asked all of you here
t oday, and asked the [National] Academ es to do this
project, is that basically, although we ask our contractors
to use these data, we don't specify exactly how they are to
use them

We are pretty nuch letting 100 fl owers bl oom So,
each team devel ops its own approach within the paraneters
of the study that they are doing, and the research
guestions they are trying to address.

It is not entirely clear to us how to make
judgnents about all these different approaches. Are sone
better than others. |If so, which ones, or are they
different because they are appropriately trying to answer

di fferent kinds of questions.
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Sonme of the studies are |ooking at changes in
percent proficient or, in sone cases, scale scores. Sone
| ook at change in relative ranks of schools within the
states. O hers may | ook at the difference between predicted
achi evenment and observed achi evenent.

Anot her big difference is the issue of whether
you can pool data across states in any way. Sone
contractors, for sonme of our studies wll choose not to do
that and do individual analyses within each state in the
st udy.

The di sadvantage of that, of course, is that it
makes it hard to draw concl usi ons broadly about the
outcones for the programoverall, and frankly, that is the
bottom|ine question we are asked to answer. So, we are
hoping to take a big step forward through this neeting and
this project.

Just to kind of recap what are the key questions
that we are hoping to see answered through this synposi um
and this panel, as David nentioned, first and above all,
VWhat are the nost appropriate ways to use the school |evel
state assessnent data to eval uate federal prograns?

Gven the limtations of the data, how should
eval uation findings be characterized or with what caveats?
W don't want to stretch beyond what is reasonabl e and

appropriate to say with these kinds of data and these ki nds
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of anal yses.

Sonme kind of sub-questions, one is relating to
conpari sons across states, and | think for ne this is
really one of the big ones.

Al t hough state assessnents differ, we feel such a
strong need to be able to nmake statenents about prograns
overall, not a 50-state table that shows you what is
happening in each of 50 states.

It is pretty hard for a policy maker to know what
to do with that kind of output froman evaluation. So, are
there acceptable ways to anal yze data from assessnents that
differ across states in order to draw overall concl usions
about a progranf

Simlarly, conparisons over tine, state
assessnments, as | nentioned, are very fluid. Wen you try
to find states that have even three years of consi stent
assessnent data, you end up with a mnority of states, and
three years isn't very nany.

So, to be able to ook at tinme series data for
usi ng state assessnents, if you can't use a state when
their assessnent changes, then your pool of states that you
can use just goes way down.

A final question is about data needs, ways that
this data base could becone nore useful. 1Is there a

potential inprovenent to the data that we are currently
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collecting, or new data el enents that could be added to
make it even nore useful, basically to you? W would | ove
to know your ideas about that. That is all | have to say,
and thank you very nuch.

[ Appl ause. ]

DR. YEN: Qur next speaker is Steve Dunbar, who
is going to be discussing the chall enges of conducting
program eval uati on.

DR. DUNBAR | amgoing to get up there
eventual ly, but we are doing pretty well right nowin terns
of our tinmne.

So, | just want to say a few words before making
any formal comments, and that concerns the fact that we
really want, as nuch as possible, for there to be tine for
di scussion, and this to be as interactive as possible in a
| arge group like this.

As Stuart Elliott explained earlier, we had
pl anned nore or less for a fairly -- relatively speaking --
intimate group of researchers and policy makers that would
be maybe sitting across the table from each other and
really discussing sone of these heady issues. W would
i ke, as much as possible, to keep that hope for this
| ar ger venue.

Before | talk in nore general terns about sone

i ssues in evaluating prograns, | want to give you fol ks a
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chance to ask any questions, either of David or Stephanie,
on background for the data base. Are there factual
guestions, maybe not for this audience, since many of you
have worked with it, concerning the data base, or issues
related to its historical devel opnent or possibly future
devel opnent, questions that you would like to direct to our
speakers? What if | said | wouldn't go on unless there was
a question?

DR. THUM On point seven, the second bullet, you
said that, | believe, the 2003-2004 data would be coll ected
for achievenent levels only, and you noted sonme advant ages
and di sadvant ages.

From nmy own research perspective, | will be very
sorry to see that, if that is the way this data base is
going, only because | think if you want to try to
denonstrate growmh on the performance |level, there is just
not enough information, even when you have four or five,
even six tinme periods.

Strong statistical analysis at the school |evel
of performance, basically distribution, but exactly what it
means, is another issue. They are not really anchored on
t hese ki nds of neasures, progress at a student |evel.

So, | was very surprised, given the press right
now to go with | ongitudinal data bases, that we are taking

this turn here in this very inportant project.
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M5. STULLICH: | guess | would just say that |
think David and | both agree with you. | think one of the
things that may be useful for this group -- | am not
exactly sure how the process is going to work, but if there
is a way that there are any kind of requests or
recomendati ons that come up through this process about the
needs of researchers and evaluators of the data, | think
that woul d be a hel pful thing.

PARTI Cl PANT: Wy was that decision nmade, to just
col l ect that kind of data?

M5. STULLICH: | think that the decision was nade
partly due to concerns about cost and conplexity of the
| arger project that this is now a part of, and also | think
it was nmade partly because in the law, No Child Left
Behi nd; the focus is so nuch on achievenent |evels and on
students achi eving proficiency on state assessnents, that
it was felt that this approach was very consistent with the
I aw.

DR. DUNBAR Laws and policies for inplenentation
change, as we know. A question over here?

DR, JOHNSON. | am Kirk Johnson fromthe Heritage
Foundation. | would |Iike to underscore what the previous
two questioners have said regarding the | oss of scale
scores.

| think it is very inportant, because so many
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states, at |east anecdotally, were changi ng what
constitutes proficient froma year to year to year basis.

Even if you had achi evenent |evels, because the
line for achievenent seens to be noving, it would be nuch
more -- it was much easier to anal yze scal e scores that
m ght not change as nuch, or at |east the actual scale
itself m ght not change, even though the proficiency |evels
seened to be noving targets.

So, | would, too, viewit a great loss if we
didn't have as nuch information as possible out of the
school |evel data bases.

DR. DUNBAR. W will be tal king nore about scal ed
scores and things as the day goes on.

DR. MCLAUGHLIN: | have a fair anmpount to talk
about in a half hour tonorrow, and | have sonme things to
say about the history of the data base. It started before
1998. | wonder if it would be reasonable, if you have
extra time, if | could present one of the slides.

DR. DUNBAR Way don't you try to talk us through
what you want to say about that?

DR. MCLAUGHLIN: Fine. Actually, it started,
these current efforts of an integrated data base of state
assessnment scores started in 1994, wth a NAEP secondary
anal ysis grant.

Its purpose was to determ ne whet her Westat had
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done a good job of substitute schools in need. So, AIR had
a subcontract to go out and get the data on state
assessnments, so we could conpare state assessnment scores on
the refusing schools in NAEP versus the substitute schools.

The outconme of that -- well, the primry outcone
was that it | ooked very good for NAEP. There was virtually
no difference, certainly no significant difference between
the refusing and substitute school s.

The background for that was this data base. At
that time we had 23 states, and we held onto those, the
school -l evel state assessnent dat a.

In 1997, M ke Roth at NCES [National Center for
Education Statistics] supported our efforts to link those
data to the schools in the staffing survey. In fact, it is
tab 13 in the background data, for those of you who have
t he background readi ngs.

W were able to show sone val ue in having these
data, that we could nerge themwth a data base that didn't
have an achi evenent neasure.

Then, in 1999, with the new NAEP contract, we had
a project to help the states based on NAEP. O course,
that project, we collected the data fromvirtually all of
the state assessnents, nodeled virtually all the states,
and sent out reports to each state on the relationship of

their own assessnent results to the NAEP results for 1998,
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and continued that since.

It was, as was pointed out, in 1999 that | had a
di scussion wwth Alan G nsberg that |led to fundi ng from PPSS
to do a 12-state trial to see whether we could coll ect
these data to be used in federal evaluations, in fact. W
did it for 49 states. It took us a while to get |owa.

In 2002, the successor of PES, FAS, decided to
drop the funding for our devel opnent in favor of devel oping
t he PBDM .

Fortunately -- | consider it fortunate -- we had
the NAEP state anal ysis project, and NAEP was very
interested in continuing to prepare NAEP state assessnent
results. So, we continued to collect these data.

The 2003 data were col |l ected, funded by NAEP, and
we are continuing to collect the data. The 2003-2004 data
and the 2004-2005 data are avail abl e.

At present, Victor Bandeira de Mello at AIR i s
collecting those data. | think he may be | ooking into
them and we hope to have the -- we have 30 -- he has now
30 states, at |east, for 2003-2004 and 2004-2005.

He is collecting whatever data are on the web
fromthe states. So, in the data base, if the state is
gi ving scal e scores or percentile rank or another neasure,
it will be on what we call the NLSLSASD, and those data for

the two nost recent years should be avail able sonme tine
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next spring.

| should point out that | think it is a false
consistency to say that it is just to collect the data on
t he percent achieving sone | evel of proficiency because, as
soneone nentioned, they vary all over the place, and the
scal e scores are probably a much nore stable neasure. On
the other hand, as | will talk about tonorrow, they are al
hi ghly correl at ed.

PARTI Cl PANT: Don, maybe you could hold that for
a mnute, but | think one of the concerns we have, | know
that you are collecting 2003-2004 and 2004- 2005 data, but |
t hi nk one of our concerns was whether you would be able to
continue to find the funding to support that on an ongoi ng
basi s.

DR. MCLAUGHLIN:  Qur current funding is from
NAEP, and that is a five-year project, the NAEP state
anal ysi s project.

| believe the plans are to do it for 2005-2006
and 2006- 2007, but I will tell you, we get funding year by
year. | don't know for sure, but that is sort of what we
have put in our proposal.

PARTI Cl PANT: That nakes nme want to ask a nore
general question, and this may or may not be the right
place to ask it.

| amsort of curious about, for exanple, is there
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sort of a panel or a group that nmakes policy decisions
about the data base, that for exanple decides, we are going
to uniformy nove to a common percent proficient netric,
just as an exanpl e?

What ki nd of nmechani sns or organi zati ons does the
departnent have in place for devel opi ng and nai ntai ni ng
this as a data base?

| have sone inpression, fromlooking at sone
docunents and | ooking at the history, that it is al nost ad
hoc in sone ways, and then it has grown to a point where
there is a sense of its utility.

So, | amasking, are there admnistrative
mechani snms in place for its continued support? How does it
wor k?

MR. GOODW N. As Stephanie nentioned, the
responsibility for supporting the devel opnment of this data
base no longer rests with our office, but with another
group in the departnent.

We have periodically coomented to them about the
desirability of having nore detailed scale score data
rather than just proficiency |evels.

Basically, it is a trade off between what are a
series of adm nistrative records, and the efficiency of
collecting those in a manner that is consistent wth No

Child Left Behind, and the requirenents of a research data
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base. You could inmagi ne just how valued the latter m ght
be, relative to the other priorities.

My guess is that there is going to have to be
sone effort to use those data in the current manner in
which it is being collected, before people will realize the
limtations of that data, in ternms of what they want to get
out of it, and then perhaps respond to that by goi ng back
to states and collecting nore detail ed data.

Right now, |I don't know that there is a forma
structure for making decisions about what is and what is
not in the data. It is part of a nmuch |arger data
collection effort that involves all kind of information
about prograns that historically states have reported to
t he departnent.

Each separate program has reported its separate
performance data to the departnent, and now this has been
integrated into one major omi bus data collection. So, this
is just one item a key item but one itemin a |larger data
col | ecti on.

MS. STULLICH If | could just add, Steve, the
way that you frame the question is very interesting, as if
it seenmed like there was this sort of ad hoc -- in fact,
the inpetus for this new sort of nega data base was exactly
that concern, that there were all of these different

offices collecting different data throughout the
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departnment. So, let's bring it all into one giant,
consi stent, coordi nated data base.

| guess there is alittle bit of a |esson,
per haps, of be careful what you wi sh for. Wen you do that,
it seens that maybe one of the side effects that cones
along with it is that, when you have an individual project
in an individual office, that office nay care a | ot about
sone of the details that to us they nmay seemcentral, but
to sonebody el se they may seem i ke details that get | ost
in the pursuit of this overall objective.

PARTI CI PANT: It sounds to ne as though, in the
past, this has been a rather passive involvenent of states.
You went out, you saw what states had on their web sites,
you took it, w thout very nuch invol venment of the state.

It sounds to nme, though, as now the state is
becom ng invol ved, and perhaps in two ways specifically.
First, it is providing information about what is going on
in schools in the state.

So, the first question is, Howis that solicited
and screened? The second, if the theory of involvenent is
the possibility of negotiation with the state about the
nature of the state's subm ssion in terns of achi evenent
there, I wonder if that opens up the possibilities for
devel opi ng newer statistics than pursuits in achi evenent

| evel s.
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MR GOODWN. | amnot really an expert on
exactly the process that is unfolding it terns of
collecting data fromthe states.

| know t here have been el aborate di scussions
about specifying the definitions of the data itens and,
wher ever possible, to have consistent data itens across
progranms. So, you know, a high poverty student for program
X neans a high poverty student for programyY and so forth.

| would say that so far it has clearly been
transforned froma passive kind of harvesting data fromthe
web to sonething where the states have to actively supply
data in a consistent format that is generally specified by
t he departnent.

This is a burden. Frankly, so far, | understand
that they haven't had total cooperation fromthe states,
particularly on the achi evenent dat a.

| think for the 2003-2004 year they probably got
hal f the data fromthe states. Probably Don [ MLaughlin],
in the manner he operates, probably has nost of the data
fromthe states.

The departnent is going for a kind of consistent
format. To lay on top of that, it seens to ne, at this
point the requirenment that they al so supply scale scores is
likely to nean it will make it nore difficult, even, to get

conpl ete coverage across the states, at least at this
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poi nt .

DR. MCLAUGHLIN: | don't knowif it is obvious to
anyone, but there are two data collections, two versions of
this data base goi ng on now.

Up until 2002, it was one data base, and now t he
departnent, it seens, is continuing to devel op the data
base in one direction and AIRis -- | guess | should say
NAEP is collecting the data in a sonewhat different way.

Yes, we are nore passive but, in fact, one of the
rul es throughout has been contact with state assessnent
di rectors.

More recently, we have been contacting the NAEP
coordi nators, soneone we can work with and get the data. It
had been a kind of a dialogue with purpose since 1999, to
gi ve back to each state sone infornmation about the
relationship of their state assessnents and needs.

They may not care about that but, by
extrapolating fromthat, they can conpare their state
assessnments with state assessnents in other states by how
t hey both conpare to NAEP

So, we considered it a dialogue between the fed -
- me -- and the states, not just the states are providing
the data. W have been very passive in the sense of what
the states have to provide for what is on school data. org.

MR. CHAPLI N: Duncan Chaplin, Urban Institute. |
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just wanted to join the band wagon for scale scores here.
The one issue that | amwondering if anybody has thought
about is, if you are | ooking at gaps and how t hey change
over time.

It seens |like there are a |ot of policy interests
in that, because of No Child Left Behind. My sense is that
proficiency scores mght end up telling very different
stories than the scale story in that particular situation
and that m ght be the nmajor reason.

So, as everybody is starting out at zero percent
proficiency, as you nove up toward 50 percent, you would
expect gaps to grow. Above 50 percent, as you nove toward
100 and everybody gets stuck at 100, you see the gaps
shrink, even in the absence of any change in the gap for
scal e scores.

So, it seens like No Child Left Behind m ght have
sort of a contradiction built into it where it says, we
have got to | ook at proficiency and we have got to | ook at
gaps.

Vell, if the gaps are just going to be driven by
this mathematical issue, that seens |like a problem | don't
know i f anybody has thought about that.

DR. DUNBAR: There are good scal e scores and
there are bad scale scores. | think we want to be rea

careful when we junp on a particular netrics band wagon.
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How that netric was devel oped is sonething we can't
necessarily make assunptions about. One nore question.

MR. DUNCAN: Well, good and bad scal e scores,
yes, but the advantage of adding the scale scores is that
you get at |east a second shot at a perspective on the
si tuation.

DR. DUNBAR  Absol utely.

PARTI Cl PANT: | was on one of the teans that did
the evaluation of the original NAEP. The thing that we were
not allowed to discuss at all was the political panel's
deci sion on nam ng the cuts.

It was -- since we took the tinme to go through
every single itemon every single test -- it was apparent
then that proficiency was a | udi crous exaggeration of the
achi evenent | evel that was represented by that score.

We have sort of gotten used to using the term
proficiency now, but we shouldn't let it slide like that.

It has now becone sort of a band wagon

The states are now in charge, to a | arge extent
that they weren't before, and they of course like the Wite
House suggestion to get nore people proficient. WlIl, the
easy way to do that is to redefine proficient. So, the
scal e scores, however bad, m ght keep it slightly in
per specti ve.

DR. DUNBAR | agree wth you. | think it may be
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the lure of a single netric that we should be wary of.

DR. YEN. Steve Dunbar now is going to be
di scussing the chall enges of conducting program
eval uati ons.

Agenda Item Discussing the Chall enges of
Conducti ng Program Eval uati ons.

DR. DUNBAR: Now I mght be able to fill the
allotted tine. Thank you very nuch for those questions.
amgoing to try to just lend a little bit of perspective on
what we hope to acconplish in the remaining part of the
wor kshop.

Qur purpose in organizing this the way we did
was, first, we wanted there to be at least a tinme for the
departnent to describe what is and how it cane to be.

That is the reason we asked David [ Goodw n] and
Stephanie [Stullich] to really open up this workshop, and
the reason | wanted to nake sure that there were no
questions sort of factual about the nature of the data
base, the beast that we have got.

Qur perspective on this as a steering conmttee
for this workshop was to try to exam ne sone of the
under |l yi ng purposes of having such a data base, given the
i nportance of it in doing federal program eval uation.

To do that, we nore or | ess posed sone inportant

guestions about statistical nodeling, about neasuring,
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about policy and practice in education.

Qur early discussions, when we considered the
data base and its [imtations, to be perfectly honest with
you, we scratched our heads a | ot and thought, gosh, with
all these imtations, what possibly can we do.

W were very concerned that we would have a two-
day wor kshop where, at the end, we would say, well, enough
of this, we can't do nmuch of anything with it.

We decided that sinply wasn't an option. That
woul dn't be a very responsi ble or responsive approach to
the departnent's needs or the inperative for evaluating
federal prograns.

So, not fromthe very beginning, but after the
first nmorning of our steering conmttee neeting, we decided
t hat what we needed to do was frane inportant
met hodol ogi cal questions that involved statistical
met hodol ogy and educati onal neasurenent, in such a way that
we coul d then address what we believed to be the inportant
agenda of this workshop.

How can we, nunber one, use the data base as it
exists for the purposes that the departnment wants to use
it? Nunber two, what concrete suggestions can we make to
the departnent for inproving a data base, given the
i nperatives associated with federal program eval uation, and

given the fact that nore and nore states are bringing
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various kinds of data pertaining to education policy and
practice into an electronic format, so that, perhaps things
that we really haven't conceived of at this point could, in
fact, becone part of not just a data base, but sone kind of
i nformati on warehouse, and maybe that is a termyou all can
hang onto for a little bit?

So, | want to tal k about sonme basic questions
regardi ng those issues, and give you an overview of the
rest of the workshop, so that you have a sort of an advance
organi zer, so to speak.

| f we are asking questions about the chall enges
of conducting federal programevaluations, | think there
are sone basics that we have to get out on the table.

Sonme of these questions will be things that we
sinply dismss. Ohers we will spend a |lot of tine talking
about .

| think, nunber one on the list in an eval uation
mnd set is specifically what do we value. That is often a
given in federal program eval uations.

David described it very clearly, that we want to
see gains in student achi evenent, we want to see cl osing of
achi evenent gaps, and those are the big picture questions,
and values in this sense are nore or |ess taken as a given.

On that very gross level, we all share common

val ues. Wen prograns are inplenmented, however, there are
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| ots of value decisions that are made in the process of
i npl ementati on, whether it involves delivery of prograns,
services, interventions, or whether it involves the kinds
of things we do to neasure the outcones of the
i nterventions.

There are val ues inherent in approaches that we
take, and I wll give you a few exanples of those in a
m nut e.

Anot her fundanmental question, of course, is, once
we have deci ded what we val ue, how do we neasure it.

Devel opi ng neasures is sonething that | spend, in fact,
nost of ny time doing and, when people are concerned about
standardi zed tests, they are really talking conpletely
about not what is valued, but how, in fact, you have
assenbled materials in order to neasure it. That is not a
trivial matter at all.

A reading test in one state may | ook |ike a
reading test in another state, and yet may be quite
different and tell you quite different things about what
children can do. So, we are going to tal k about how we
measure what we are after, to sone extent, during the
course of today and tonorrow.

We al so want to know, in the context of an
eval uati on, when and how we can be sure that whatever it is

we are neasuring has changed.
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We m ght think, just by looking at it at time one
and | ooking at whatever it is at tinme two is going to tel
us that.

We are going to see, in fact, right away this
norning that that is not quite as sinple a matter as it
sounds.

Then the question dealing with data warehousi ng
really is where do we docunment all of this, because it is,
in fact, many tines prograns need to be evaluated after
i npl enentation, and the eval uations have to take place
sonetimes on an ad hoc basis because of the AYP [ Adequate
Year|ly Progress] prograns are inplenented.

Wthout there being a very clear idea of where
information relative to programinplenentation, as well as
out cones, is docunented, well, that is just sonmething to
keep in m nd.

Every time | cone to Washington | try to find a
way to fit this graph in, which is our achi evenent trends
in lowa over the |last 40 years or so.

It is not quite up to date now, but these are
| TBS [l owa Tests of Basic Skills] scores in grades three to
eight in scale score units that were established, oh, as a
reference back in 1965 as the scale score netric as it was
defined, and then scores over the new forns of the |Iowa

Tests of Basic Skills that were adapted to that netric.
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Mai nt ai ni ng such a system of scal ed scores is
quite a trick, and to do so we neke quite a few deci sions
about sone of the questions that | had on my previous
sl i de.

For exanple, what do we value? W have deci ded
nore or less ad hoc in lowa that a neasure of basic skills
in core achievenent areas in the school curriculumis about
all that we could do in a state that enphasi zes conplete
| ocal control

W don't have a state departnment of education
that nmonitors or decides what individual school districts
test. W have really a system of schools, rather than a
school system in our state.

So, a very general neasure of achievenent was
devi sed and has been used up until a few years ago on a
voluntary basis by school s throughout the state.

Now, these achi evenent trends are an incredible
asset for us as a state. In fact, their existence is
probably why lIowa was able to get an NCLB pl an approved
that didn't really have a formal set of content standards
statew de for purposes of inplenentation

The trade off was this. W get these kinds of
trends by probably maki ng sonme conprom ses in terns of the
nature of the neasure.

Qur neasure is nmuch nore general than sone of the
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very highly criterion-referenced statew de assessnents that
are used in other states.

So, you see there are trade offs. The question of
what we val ue versus how we neasure it, those questions are
fairly intricately entw ned.

How do we determ ne that changes happen? Well,
these are nore or |less census data. So, | |ook at the
trends and | see that things go up and down nuch the way
t hat achi evenent seens to go up and down nationally.

The drop that you see that began in about 1965 at
grade eight was the great score decline in college
achi evenent test scores in the early to mddle 1970s. So,
we have seen sone validation of these trends over tine.

Those key questions, what we val ue, how we
measure it, when are we sure it has changed and where do we
docunent it, are all sort of critical conponents of the
gquestion that we are addressing today, how do we nake use
of a large school -1 evel data base for purposes of federa
program eval uati on.

Now, what you are going to hear from speakers
during the course of this workshop concerns those
conmponent s.

First of all, this norning, after our break and
after any additional discussion that we have for these

presentations, we will be hearing people talk about how to
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define change, both statistically and conceptually.

Questions |ike, what are the sanpling conditions,
units, outconmes of the program Wen is a given
statistical nodel appropriate for describing change?

How do data structures, cross sectional and
| ongi tudi nal, influence inferences that we mght want to
make about change, will be subjects that we will be hearing
about in what we viewed, in organizing the workshop, as
addressing sone of the inportant statistical foundations
for program eval uati ons?

| think it is tonorrow that we will be talking a
little bit nore about neasures of change. How t he neasure
was designed | alluded to a little bit, and you nmay address
that question inplicitly in a lot of the discussion that we
have.

Bob Linn is going to talk about what has been
done to make sure the nmeasure hasn't changed, whether it be
a nmetric for reporting such as percent proficient, whether
it be scaled scores and whether they are |inked across
multiple fornms of a given state's assessnent.

Then we are going to hear sone new i deas about
docunenting information about the neasures that we have,
and what possibilities there are for incorporating new
kinds of information into perhaps an expanded data base.

Then we thought it was inportant, after
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considering issues related to statistical questions,
nodel i ng and so on, related to designing and |inking of
measures, that we hear fromthe people in the trenches, so
to speak, from people who are in the position, for exanple,
of responding to requests at the federal |evel for data
t hat can be assenbl ed.

So, we are going to ask sone questions of these
fol ks about what really does it nean for the departnent to
say, we don't want just percent proficient after all. W
really need scal ed scores, percentile rank, we need to know
percent free and reduced |lunch. W need to know everyt hing
possi bl e that you have available to us and that you can
easily get into a format that we can use.

| posed a question to David just in this early
di scussion, because | think it nmay be inportant to talk
about what nechani sns are needed to maintain and support a
| ar ger expanded data base if, indeed, it seens to be the
direction our conversation goes, that what we have nowis a
good start and denonstrates potential value for program
eval uations, here is what we need to really nmake the thing
wor k right.

Then, in our closing discussion, we are going to
exam ne not just practical issues regarding inplenentation,
but sonme of the ethical inplications of creating, at the

federal |level, a data base that pertains to | oca
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jurisdictions.

| think that is where we mght really get into
sone interesting issues about the range of possibilities in
terms of data warehousing, for exanple, and issues rel ated
to the existence of such data in a central |ocation.

That is nore or |ess an overview of our thinking
behi nd the design of this workshop, and what we hope to
acconplish during presentations and di scussi on.

We are now still ahead of schedul e and have tine
for you to raise questions fromthe floor, either about the
remar ks | made, or continue discussion about the data base
itself. Wendy, | will turn it back to you and |let you
entertain questions.

DR. YEN: Are there nore questions related to the
presentations this norning?

PARTICIPANT: This is a little off topic, but I
guess | would be interested in knowi ng what story you tel
about the -- | amnot quite sure how to describe that
pattern of data, but it doesn't seemto follow a cohort
pattern.

Based on your noting that it followed the SAT
di p, could you coment about that, or tell us what you
think is happening? You have those ups and downs all al ong
the |ine.

DR. DUNBAR. Well, one of the things that -- you
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are right, it is alittle bit off topic. I wll answer your
question, but | don't want to get the whol e discussion off
track.

What those trends showed us, you are right, you
see sonme ups and downs at grade eight that you don't see,
for exanple, at grade three.

Now, our tests neasure different skills. As you
go up the grade levels, the skill set becones a little bit
nmore conplex in terns of cognitive conponents, a little bit
nmore informational, factual in the early grades.

One of the things we observe, not just in those
trends which are for conposite scores, but particularly in
the area of early reading is, for the very first tinme
beginning in 1996 or 1997, we began to see in state test
scores in reading conprehension, third grade scores going
down, and we had never seen that in the history of |owa
tests up until that tinme. Those plots started in 1955 and
went through about 1995.

We saw 40 years of relatively steady increases in
early reading skills and, beginning in 1995, they started
to take a downturn.

That got the attention of state policy makers
nore than anything el se, nmuch nore, in fact, than the score
decline in grade eight did in the 1960s, because that

seened to be happeni ng everywhere.
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It led to class size reduction |egislation, and
it led to our state taking really a very careful | ook at
changi ng school population that was comng in early. So,
those are sone of the inferences or interpretations of what
you observed as not a consistent cohort pattern across
those grades. Now, for the topic at hand.

PARTI CIPANT: | was a little curious or taken
aback by the fact that there are probably going to be at
| east two data bases as Don tal ks about it, the NAEP
version and the EDFacts version.

It seens likely that there could be many versions
of the data bases, as other people and groups take the core
set of data and want to add their own things.

| wonder to what extent does the departnent see
this as a positive thing, and m ght there be efforts to
sort of pronote the commonal ity anong various versions of
t he school |evel data?

MR GOODWN. | was actually a little surprised
to learn that the departnment was sponsoring two parall el
data collections, but | guess that is not the first tine
t hat has happened.

| hoped that would not conme out in the first half
hour of discussion, but seeing that it has, maybe we should
concentrate on the virtues of having nore than one data

source.
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Per haps Don is going to collect nore detailed
scal e score data, for exanple. That will be useful to
researchers in a way that perhaps the other data set may
have sone |limtations.

The data are out there. It is in the public
domain and there are going to be a | ot of people interested
init, and if they don't use the existing data sets that
t he Departnent [of Education] or AIR or NAEP are
collecting, they mght just as easily go out and conpile it
t hensel ves.

M5. STULLICH: | think having one consi stent
unified data collection seens |ike the best way to go about
this, but if that one system doesn't have everything that
people need, then I think it is sort of not surprising that
it has conme about that we have a second systemnow that is
trying to basically fill that gap and neet that need.

Now, maybe they will conme back together at sone
poi nt. Who knows what the future may bring, and this
conversation nmay play a role in what happens next.

PARTI Cl PANT: Early in the opening remarks you
spoke about the data base and described that sonme of the
characteristics of it are changing by the use of PBDM and
EDEN.

Coul d you describe briefly what sonme of those

requirenents are to the states as you transition or nove
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toward what -- | don't think you used the word inprovenent,
but what the outconme would be for what states are supposed
to provide that leads to this inprovenent in the data base
t hrough this process of EDEN?

M5. STULLICH | amnot sure | understand the
guesti on.

PARTI Cl PANT: What is it that you are requiring
states to do through the PBDM process and EDEN, that | ead
toward this data base?

MR GOODW N. | amnot an expert in what has gone
on, but there has been a | ot of discussion about devel oping
common data el enments across prograns to describe very often
the characteristics of students who are participating in
pr ogr ans.

In the past the departnent has, | don't know, 150
different K-12 prograns, and they have all had requirenents
to report data to their programoffices in the departnent.

They have done it and all the requirenents have
all been devel oped i ndependent of one another to neet the
uni que needs and interests of those prograns.

Very often there has been common information
about the nunber of participants, the nunber of schools
getting grants, the characteristics of the participants.

Each of these different, separate, performance

reporting entities have had their own definitions, if they
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have had definitions at all, and I think a |ot of work has
gone into noving closer to a set of consistent kind of
definitions than was the case in the past. So, that is one
t hi ng.

Presumably that will reduce the burden on states,
but al so have sone consi stency, so that high poverty neans
the sane thing when it is reported in the case of
vocational education as when it is reported in the case of
sone el enentary and secondary education program So, that
is certainly one kind of inprovenent, | believe, that is
likely to occur as a result of this overall effort.

DR. YEN: | think we have tinme for one | ast
guesti on.

DR. MCLAUGHLI N:  Just a comment, one of the sorts
of m ssions that we have is to make these data avail abl e.
So, Victor [Bandeira de Mello] and his staff [at AIR] clean
up the data, and they won't be out until next spring, but
the aimis to make it avail able for whoever wants to do
anal yses using these data.

We understand that some of the data there on the
data base will be different fromwhat is on the state web
sites, because we found the states woul d change.

They m ght have sonething that they report out on
their web site in June and then sonething el se in August,

and we take what is there.
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Qur aim has been trying to nake these data
avai |l abl e, and others have used these data. One of the
things that we said to the states that we hoped woul d
happen and it hasn't really happened is that we woul d have
t hese data avail able so that people wouldn't have to cal
the state.

| understand from Victor that the states are
telling us they are still getting a lot of calls for the
data, but | think that woul d be the advantage of having one
data coll ection, and one warehouse that is conpletely
publicly avail abl e.

| should say, one of the argunents agai nst making
it publicly available is the suppression of small sanples.
That is one of the things, we have taken care to suppress
the smal|l sanple data. That is one of the problens with
the data base, especially for a study in mnority gaps.

PARTI Cl PANT: Let ne just follow up briefly. It
sounds in general like the ability to get data fromstates
has been inproving over tinme, but I was wondering if there
were any particular states that have cut back a little bit,
and what sort of issues have cone up. | nean, one of them
you just nentioned, but if there are any others, it would
be interesting to know.

DR. MCLAUGHLI N:  Actually, | can't really answer

that. Victor, who couldn't make it here, is now collecting
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the data, and he has said there is sonme problem of states
being tired, and states having a priority list that is very
long in terns of requests for the data.

PARTI CI PANT: | think that is one of the things
we wll want to hear about especially tonmorrow, is all of
the wi de range of burdens that are placed on states right
now, just for data collection and warehousing within their
own jurisdictions, |let alone for federal purposes. That is
a real inportant topic of conversation.

DR. YEN: That is the end of this session. W are
starting again at 10:30, and see you back here then.

[Brief recess.]

Agenda Item SESSION I1: THEORETI CAL AND
METHODOLOG CAL | SSUES. Esti mating School - Level Causal
Ef fects Using the SSASD

DR, STUART: | was just saying, it is nice to be
here. It is only across the street fromny office, but | am
going to try to stay over here and not feel the draw, the
pull, of ny office itself.

| currently work at Mathematica Policy Research
| have been there just over a year. | did ny graduate
degree in statistics at Harvard, and worked wi th Don Rubin,
who will be here tonorrow

So, nost of ny graduate school work was on causal

inference, and that is really what | amgoing to be tal king
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about today.

My di ssertation was on a high school drop out
prevention program and sonme new nethods for anal yzi ng that
dat a.

| have taught one-day courses on causal inference
with Don. So, this is really a topic that I have thought a
| ot about over the last six or so years. At Mathemati ca,
am now getting a chance to really see sonme of the nore
practical issues involved, and | think today is sort of a
ni ce conbi nation of these two pieces.

| amgoing to provide sort of an overview |
t hought as one of the first speakers it would be helpful to
sort of take a step back and think about what is the sort
of theoretical framework that we are tal king about here.

So, these are sonme of the notivating questions
that people interested in using this data base m ght be
trying to answer.

Does increasing funding to school libraries
i nprove literacy? Does the Reading Excel |l ence Act inprove
test scores in high poverty schools? What is the inpact of
accountability policies and practices on Title | school s?
How does expandi ng school choice options affect test
scores?

In fact, these are all addressed in sone of the

papers that were sent to ne, at least, to | ook at. So,
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these are all causal questions.

VWhat | nean by that is that they are explicitly
trying to state what is the effect of sone intervention,
sone intervention that we could apply or wthhol d.

So, this is distinguished fromdescriptive
studies that are just | ooking at trends or sort of
anal yzi ng how data i s changi ng.

In these cases, we are really interested in
saying, what is the effect of this particular intervention.
So, today I will talk about how to answer these questions
in a sort of broad way, and really stress a couple of
common probl ens that are encountered.

There are two main points that | hope you can
cone away Wwith. First is the need to clearly define the
guestion of interest. Second is the inportance of sort of
conparing apples and applies. It sounds |ogical. Sonetines
it is harder to do in practice.

Before | nove into sone of those issues, | want
to sort of take a step back and just think, What are we
really trying to estimte?

So, we want to think about how do we actually
define causal effects. A causal effect is inherently a
conparison of potential outcones on a common set of units.

So, we m ght have a potential outcone under

treatnent, sone intervention of interest, for exanple,
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school tests scores with extra library funding, and a
potential outcome under control, which is these test scores
wi thout the library funding.

So, we would really like to conpare these two
potential outcomes on each unit. So, this is sort of the
truth that we can i magi ne havi ng.

We have a series of units. Each rowis a
different unit. These m ght be schools. For each of these
units, we observe sone covariates. These are vari abl es that
are not affected by the treatnent, ideally neasured before
the treatment would even be appli ed.

Then we have two potential outcones for each of
t hese schools. The inpact for each school or each unit is
a conparison of these potential outcones, for exanple, the
di fference, maybe the ratio, some conparison of YO and Y1.

This is the ideal world. The problemis that we
never actually get to observe all this data. W, instead,
observe sonething like this, where half the potential
out cones are m ssing.

Each unit either gets treatnent or gets control
We therefore can only see one potential outcone for each
unit. Therefore, all of the individual inpacts are
unobserved as well. So, thinking about causal inference as
a mssing data problem where half the data of interest is

m ssi ng.
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Before | go on again to talk nore about how to
actually estimate these causal effects, | think it is
inmportant to think about the SSASD in particul ar, and what
are the kinds of treatnents and units that we can think
about .

In general, the main thene is it has to be
schools. The treatnents have to be school -| eve
interventions. There may be a district-level intervention,
sone unit higher than the school itself.

It cannot be with this data set, because it does
not have individual student data. W can't |ook at the
effects of, for exanple, pulling students out of their
classroomand giving themnore instruction in reading. W
can't look at individual |evel interventions.

The potential outconmes of interest are probably
going to be test scores. That is what is available in the
data set. Again, the units are going to be schools or
maybe hi gher-1evel districts.

The one thing that is really inportant here is to
beware of what is known as the ecol ogical fallacy. \What
this says is that the trends that are observed at, in this
case the school level, can't be assuned to hold at a | ower
| evel , such as students.

One sort of hypothetical exanple is that we m ght

observe a positive association at a state | evel between the
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percentage of foreign born students and reading test
scores. There may be nore foreign born students in states
wi th higher test scores.

We can't assune that that neans that foreign born
students, as individuals, are nore likely to have higher
test scores. In fact, it is likely the opposite, because
fewer of themw Il be native English speakers.

In fact, what is really going on is that foreign
born students are nore likely to nove to states with high
test scores. So, you can't assune that these rel ationships
at the state level hold at the student level. | think that
is inmportant to keep in mnd as these anal yses are done.

So, how do we | earn about causal effects? | have
sort of given a three-mnute introduction to the finding of
causal effects, and now!l wll nove into estimting them

There are three common approaches that | am goi ng
to tal k about today. The first is random zed experinents,
the second are sort of pre, post or before, after studies.
Then, observational studies and conparison group designs.

Random zed experinments. Probably everybody here
has sort of heard, random zed experinents are generally
considered to be the ‘gold standard’ for causal inference.

Alot of that is due to the fact that, because
units are assigned to treatnent or controlled randony,

those groups, the treated group and the control group, wll
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be equivalent on all of the baseline covari ates.

So, ahead of tinme, before the treatnent was
applied, the treated and control groups woul d be
statistically equivalent. There would be no systematic
di fferences.

That nmeans that any difference seen in the
out cone can be attributed to the intervention and not to
any of these pre-existing differences.

| am not going to tal k about random zed
experinments nmuch in the context of the SSASD, but | do want
to point out that | think there are a few places where it
can hel p.

This mght be in defining a sanple frane, again,
since it has data on nearly every public school in the
country.

It mght include how to select schools for
inclusion in the study, or reducing data collection. So,
if organizations can identify the schools in the data set,
they can use that data set instead of having to collect the
data t hensel ves.

The problem though, is that random zed
experinments are sonetinmes infeasible. So, what can we do
i nst ead?

A comon approach is to do pre-post designs,

where test scores are conpared before and after sone
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intervention. W mght conpare test scores in the year
before an intervention is applied, and test scores in the
year after.

| amgoing to use an illustrative exanple to
explain why this can be very dangerous, and we need to be
very careful about making causal statenments in this
setting.

Sone of you mght be famliar with Lord's
paradox. This is an exanple from Frederick Lord, who was a
psychol ogist in the mddle 20th Century.

It is actually often used in discussions of gain
scores versus regression analysis. Should we | ook at a
gain score or should we | ook at regression?

| amgoing to use it instead; | think it is a
really good exanple of why it is inportant to think
careful |y about causal effects.

So, here is the scenario that Lord laid out, now
40-sone years ago. A large university is interested in
investigating the effects on the students of the diet
provided in the university dining halls, and any sex
di fferences in those effects.

Various types of data are gathered. 1In
particul ar, the weight of each student at the time of his
arrival in Septenber and his weight the foll ow ng June are

recor ded.
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| am basi ng ny discussion on a paper by [Paul]
Hol | and and [Donal d] Rubin. So, | am basing nmy discussion
on a discussion of Lord's paradox, and actually, | do have
copies of the Holland and Rubin paper. |If anyone wants
them you can see ne after

So, the setting is sonething like this. The x-
axi s shows Septenber weight. The y-axis shows June wei ght.
Anmong the fenmal es and anong the nmales the distributions are
the sane in Septenber and in June. The average weight is
the sane, 120 for wonen, 180 for nen, the variances are the
same. There is no difference in the distributions at the
two points in tine.

So, Lord posited two contradictory statisticians
that canme along and cane to two very different answers
about this differential effect of the university diet.

Statistician one said, well, the wonen didn't
gain any weight, the nen didn't gain any wei ght. Therefore,
there nust not be any differential effect of the university
diet. Zero mnus zero equals zero.

Statistician two cones al ong and says, well, | am
going to try this regression tool. | amgoing to regress
June wei ght onto Septenber weight. Can we predict June
wei ght fromthe Septenber weight?

If we do that, we essentially see that, for two

i ndividuals with the sane Septenber weight, a man w ||
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wei gh nore in June than will a woman, even if they had the
sane initial weight. Therefore, the diet nust have a | arger
effect on the nen.

So, these are two very different answers. Who is
right? I won't make you actually vote, but people who have
read ny paper sort of know the answer. | will just let you
think about it for a mnute.

So, ny answer m ght be what is expected from
maybe a statistician or sonmeone who doesn't really want to
answer the question: “It depends.”

In fact, we can get either of these answers
dependi ng on what we are willing to assune. So, let's think
about it in the framework that | laid out in the beginning.

The units are students. Covariates that we
observe are sex and Septenber weight. These are things
measured before the university diet.

The potential outconmes of interest are the June
wei ght under treatnent and under control. The treatnent, it
is pretty clear, is the university diet. W are interested
in the effect of the university diet?

VWhat is the control? There is no control
menti oned. We have no idea what this conparison of the diet
is with.

So, the data | ook something like this where, for

each student, we are mssing the potential outcome under



control. W don't observe the potential outconme under
control for anyone and, in fact, it is even undefined for
everyone.

So, really, by filling in any nunbers in that
colum with different assunptions about what that control
weight is, we could come to any answer about what the
differential effect on nen and wonen is of the university
di et.

For exanple, statistician one is essentially
assum ng that the June weight and the control is equal to
t he Sept enber wei ght.

Statistician two, instead, is saying, no, the
June wei ght under control is a linear function of the
Septenber weight, and in fact it is parallel for the two
groups, for nmen and wonen.

So, it | ooks sonmething |ike this, where the
di fference between the two parallel lines is the
differential effect.

Real ly, either of these statisticians could be
right. There is no information in the data about which

statistician to believe.
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It would come down to a substantive di scussion of

whi ch assunptions are nore reasonable in the settings of
i nterest.

| sort of thought of a third exanple which
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relates to the freshman 15, and wei ghts under control are
Sept enber wei ght plus 15 pounds.

So, that would be sort of a third approach that
coul d be taken and, again, any of these m ght be
reasonable, but it would cone down to a substantive
gquestion of which assunptions are we interested in.

To tie this back to the SSASD, this paradox is
rel evant for many educational studies. W can inmagine a
question such as, does No Child Left Behind have a
differential effect on black students versus white
students?

In that case, the question is, Wat is No Child
Left Behi nd being conpared with? You can't just answer this
gquestion w thout having sone sense of the conparison.

So, without a conparison group or a control group
of sone type, you have to be very careful about stating
causal effects wthout clearly stating what those
assunptions are.

| will nove now into observational studies, sort
of pre-post. | have illustrated sone of the problens with
just looking at before or after studies.

So, now a nore comon situation is where you have
actually a conparison group. You do observe that sone
schools in this case received treatnent and others received

contr ol
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The key point in observational studies is that we
need to control for differences in the observed covari at es.
This m ght be done through regression adjustnent or
mat chi ng net hods, where we try to find schools that |ook as
simlar as possible before the intervention was applied.

One note that | will cone back to is that, in
these cases, it is very inportant to include as many
covari ates as possi ble, because with observational data
there still m ght be unobserved differences between the
gr oups.

If we include a | ot of covariates, we would
believe that there are fewer other potentially unobserved
di fferences.

Now | wll sort of tal k about the dangers of
conparing applies and oranges. Again, observational
studies often fit a nodel of the outconme conditional on
covariates in the full treated and control groups.

For exanple, within a state we m ght conpare
school s that got sone intervention with all other schools
in that state.

The problemis that, if the treated and
conparison groups are very different from one another on
t he background covariates, the estimates will rely a lot on
nodel extrapol ati ons and the nodel assunptions.

In fact, | have sone references at the bottom
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that illustrate the dangers, or the incorrect inferences,
that can be made because of this extrapolation.

| will illustrate the problem here. W can
i magi ne there are sone pretest score on the x-axis, and the
out cone, post-test score, on the y-axis.

W have a treated group down here, and a contro
group up here. Again, as | have tal ked about, we are
interested in inputing the m ssing potential outcones.

So, for the treated group, we would like to
impute or fill in what their outcones would have been under
control

So, to do that, we use the control group. W
m ght fit sonme nodel of the outconme under control, YO,
given X. W mght fit a straight |line and get very good
di agnostics -- yes, this is a great fit, this regression
works really well for the control group.

It mght be that the true nodel actually is very
non-|inear or even noderately non-I|inear anong four val ues
of X that the treated group has.

The problemis that we don't observe any control
units down here. So, we just don't even know what the true
nmodel is in that space.

Agai n, the regression diagnostics we | ook at
m ght ook fine for the axis for the control group but not

for the axis for the treated group, but we just don't even
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know t hat .

A better situation is sonething like this, where
the treated and control group have overl apped on the
distribution of the covariates so, again, they | ook at
simlar as possible ahead of tine. So, any nobdels that are
fitted, are fitted in this comment space.

| don't have a lot of tinme to go into sort of the
mechani sms of how to do that, but there is a statistica
literature that has been grow ng on matchi ng net hods.

So, how do you inplenent this? How do you choose
t hese schools that, ahead of tinme, look at simlar as
possi bl e?

Sonme tools that are used for this are propensity
scores, exact matching on covariates, Mhal anobis netric
mat ching. Really, again, the idea is to just find schools
that |l ook at simlar as possible ahead of tine.

| will just quickly nmention two particul ar
benefits. One, again, we are conparing simlar schools, but
al so the outcone variable is not used in the matching. So,
we choose these conpari son schools w thout even | ooking at
t he out cone.

This neans that they are being selected w thout
any potential for biasing the results in order to get sort
of the desired results.

Just like a random zed experinent doesn't use the
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outcone in design, the design of an observational study
shoul d not use the outcone in a design, and matching
met hods can acconplish that.

What is really sort of the best approach -- this
is, again, sort of noving slightly ahead -- is to really
conbi ne the benefits of regression and matchi ng.

Regression can work very well when the groups
| ook like this, sort of just small differences between the
groups. Wth matching, you can get the matched sanples, and
then run regressions on the matched sanpl es.

What about the SSASD and the studies that
currently use this data set? Are they conparing conparable
groups?

| would argue that there could be steps to do
better conparisons of conparable groups, or at |east
diagnosing it, at least, and showi ng how simlar the groups
are.

One point | wll make is | think all the
conparisons that | | ooked at were done within states, and
t hen aggregated across states, but all the conparisons were
wi thin states.

This [table] summarizes, of the 10 studies that I
had that did sort of a conparison group design, whether
they had a conpari son groups, whether they had a conparison

group, the nunber of variables they matched on, and then
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whi ch vari abl es.

So, there were two studies that didn't use a
conparison group at all. So, that gets nore to these
before/after issues that | tal ked about.

Three had a conparison group, but with no
matching. So, it was essentially conparing, again, the
program school s, for exanple, with all other schools in the
state, even though that m ght include schools that are much
weal t hi er or nmuch nore advantaged than the program school s.

One study didn't really specify. Two studies
mat ched on one variable -- just school poverty |level -- and
two studies matched on nultiple variables, which included
school poverty level, previous test scores, and the raci al
di stribution of the students.

| guess | really just want to point out that,
even with the sort of [imted matching, there were |arge
di fferences seen for many of the studies.

One study cited a quarter to half a standard
deviation difference in baseline test scores before the
i ntervention.

In that case, we are really in a situation where
the groups are so different ahead of tine, how can we be
confident that the differences seen after the intervention
are due to the intervention and not due to these

preexi sting differences, again without just relying on the
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nodel assunptions, which we really don't have any way to
di agnose.

| amgoing to sort of skip the next part. In
terms of outconme anal yses, | have sort of bl own through
this idea of choosing schools that |ook simlar. Then the
question is, Wiat do we do with those school s?

The answer is, “whatever you woul d have done on
the full sanple.” | think for the next two days we are
going to be hearing nore about sone of these particul ar
anal ysi s nmet hods of outcone analysis, but it mght be
things like a difference in neans of test scores or gain
scores, linear regression, interrupted tine series designs,
al t hough these again generally do not include a conparison
group. So, we need to be very clear about the assunptions
bei ng made about the control.

Regressi on di scontinuity design, which |I haven't
tal ked about, relies on identifying a cut off such that
schools are eligible based on sone cut off. So, you conpare
school s just above and just below the cut off.

| will just mention that the inportant thing
there is that the effect is only identified at the point of
the cut off, and that is fromthis Todd et al paper. |
don't have tinme to get into it.

In general, really, the main point I want to nmake

is that, for all these nethods, it is inportant to conpare
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simlar units, again, to just avoid reliance on the nodels.

So, | just have a few mnutes left, and | w |l
conclude with a few suggestions. For researchers, first,
again, clearly define the quantity of interest. Cearly
define the conparison or the control condition.

Once that is done, select appropriate conparison
schools. The schools should be simlar in all variables
related to the outcone of interest.

This m ght be school characteristics, pre-
treatnent trends and test scores, area denographics. This
m ght involve nerging the SSASD with sonething |ike schools
and staffing or the CCD, which has al ready been done.

There has been work showing that it is feasible
to merge SSASD with schools and staffing. | think that is a
really inportant step to take in order to be able to find
t hese conparabl e schools, or even to know if they are
conpar abl e.

Third, | think it is really inportant to
denonstrate to readers the conparability of the treated and
t he conparison groups.

One of the frustrations | feel is that often
random zed experinments will show a table with the treatnent
means and the control neans, to sort of prove that the
random zati on works.

| believe that random zati on works. VWat | want
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to see is that, for observational studies, | want to see
that sanme table. How simlar were these schools ahead of
tinme?

For the covariates that | care about, what was

the treatment nean, what was the conpari son nean. Those are

shown, | think, |ess often.
In fact, in the studies | | ooked at using the
SSASD, | think maybe three variables were | ooked at in a

couple of studies but, really, nore information on that can
really help readers determne the quality of the study.

Now, sonme suggestions for the devel opers of the
SSASD, and | amgoing to sort of junp on the band wagon so
far, which is that, again, standard scores, the sort of
nore conplete information on test scores is inportant, not
just levels of the percent proficient at different |evels.

In addition, | think it is helpful for the
devel opers to provide ways either to collect nore sort of
covariate or background information that they can, or to
provi de ways to easily nmerge the SSASD with ot her data
sets, such as schools and staffing, to provide that
information easily.

Finally, to conclude, the SSASD clearly can be a
rich and useful data base for estinmating school |evel
causal effects.

There are two points | really want to nmake. The
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first is that you need to have a conparison group, and that
is to avoid situations |like Lord' s paradox.

Two, it needs to be a good conparison group. It
needs to be schools that were simlar to the treated
schools, the intervention schools, so that we can conpare
appl es and appl es and not apples and oranges. Thank you.

[ Appl ause. ]

Agenda Item Designing Goss Productivity
| ndi cators: A Proposal for Connecting Accountability
Goal s, Data and Anal ysi s.

DR. THUM | amvery happy to be here. The first
thing I would Iike to say is please regard the handout that
has been given out in ny nanme. There have been a | ot of
revisions since and, in any case, the paper was a very
rough draft. So, work is still being done on it.

Today | will be talking and raising pretty nuch
the sanme points that were not made as well as | would |ike
in that rough draft.

| will be touching on topics that | think that
you will find relevant, points that connect the sort of
concerns with using the data base we are all here to
exam ne

What | want to do, however, is to frane the
di scussion in a really sneaky way, wth sonmething | have

been doing in the last couple of years, and that has to do
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with how to tal k about gains in performance or productivity
if you have the right data set.

The idea here, as we have seen, in the kinds of
data sets we have assenbled in the data base for the group
to discuss here, we have a | ot of issues.

Now, these are |arge issues, very, very large
i ssues, but if I were to take you to a scenario where we
have, you know, the kind of data sets that would be ideal
and seei ng what additional issues there are, | would |ike
to, in a way, anplify the concerns we have with many of the
current data sets that we are relying on to make comments
about federal prograns.

This will come up later. One of the questions in
any conparison is really what we are conparing on. So,
pi cking up where Elizabeth [Stuart] had ended, we really
like to conpare apples with apples, but we really can't
conpare apples with oranges if we are conparing wei ght or
if we are conparing color. That target is pretty
inportant, and | hope to continue to take advantage of
t hat .

As an overview, let nme informyou that the
context | have been working on has to do with the present
accountability regines at the state level, the district
| evel and also at the federal |evel, and how we can

properly characterize the progress of students in those
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school s.

What | want to begin with is basically a
statenment of the recent thinking in this area as it rel ates
to the ability of current data sets, even with good data
sets of the right kind, to point out places where you can
attribute school and teaching effects.

Wiile | rely on the authorities Iike Steve
Raudenbush and Don Rubin and col |l eagues, to say that much
of the current work on val ue-added nodel s, the concl usions
and the effectiveness has to be taken very carefully, if
they are cast in ternms of the ability to pinpoint where the
inpact is comng from whether there is teacher, school or
program ef fects.

So, what | want to say here is that we may have a
ot of tools, statistical tools, to work with this, even
with the right data, but we do not have all the data that

are needed in order to make those concl usi ons.

We al so have -- so, even when we have all the
right data, we still have potentially a problem pinpointed
what the results are. | have revised the slides. So, | am

talking a little bit off sequence.

VWhat | would like to suggest in this talk is that
conventional analysis continue to be problematic, even with
| ongi tudi nal student test score data and so, by

inplication, nore problens can be expected with cross-
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sectional data and differences in nethods, et cetera, et
cetera, et cetera, which characterizes the variety of data
bases we have.

The conclusions that | amgoing to try to | ead
you to is that descriptive nmeasures of productivity
i nprovenent for accounting unit -- teachers or schools --
are still valid, given the accountability data.

Here we are thinking about the ideal data set. |
amnot trying to make attributions of teacher and school
effects. That, | tried to separate that as a separate
research project, separating into neasurenent, use of the
data and one that is to get to research for program and
teacher effect, school effects.

To me, that requires additional information and
that is very sketchy at this point in nost places. | have
been warned, however, that even if | make this work, and
peopl e start seeing productivity in schools, conparisons
are going to be made. | am aware of that, but hopefully it
will not be this nodel, given we have tried to separate the
obj ecti ves now of neasuring schools on these outcone
vari ables to characterize the programand productivity, and
tal ki ng about what is making themeffective in one way or
t he ot her.

So, we really focus on neasurenent, and these are

the structural relationships, which are the causal effects,
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for which we have better and better data.

VWhat | will point to at the outset is, from
training and neasurenent, we really should begin with a | ot
of tal k about standardization.

Even for this limted exercise, | can point to a
pl ace where standardi zati on on the kind of evidence that
goes into an analysis wll help very nuch. | see a | ot of
conpari sons of evaluations effective to schools that take
different cuts of the data, to begin with, and people
trying, at the end of that, to conpare the analysis and the
results.

To me, there is just too much slippage in terns
of what you begin with. So, in the end, what differences
you see, it makes it nmuch harder to understand.

In the course of this talk, I wll indicate --
will try to show how you can build sone productivity
i ndi cators that address eval uative hypot heses about growth
and change.

One of the points | hope to make is that | amon
a mssion to try and cut down -- you know, all talk about
val ue- added nodels, which I don't think exist.

It is a hypothesis about what value is being
added that exists. So, one is free to choose statistical
met hods or various conparison nethods, but the eye actually

should be on the ball, and that ball has to do with
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concerns about the changing world. So, there are only
val ue- added hypot heses, not so nuch val ue-added nodel s.

O those | would talk about, in terns of the
nmodel , they would largely relate to | arge-scale
applications of mxed effect nodels. So, it would subsune
many of the sophisticated anal yses that you are seei ng out
there in [Bill] Sander’s work and al so col | eagues at RAND
and many ot her pl aces.

We design al so procedures to take care of the
inference bit of it, and | amgoing to rely on show ng how
Bayesi an i nference hel ps conmunicate the results in a way
that | think would be nmuch nore under st andabl e.

W will start by defining and neasuring val ue,
what we are trying to value. Here are sone points that
have made over the | ast couple of years about what the
necessary conditions are.

At the end of it, | would also back off a little
bit and say, well, you know, we have all these requirenents
and they include being explicit about the data going in,
and how you paraneterize, essentially, the response process
t hat generates the outcones they are | ooking at, and that
is inmportant, too.

| woul d suggest that to neasure change you should
estimate gains. Related to a point | made earlier about

how to nmake the causal inference perspective, we have this
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counterfactual framework to work with, and that is well and
great, but in that framework it is especially useful, when
you have the potential outconmes not observed.

What that nmeans is that you have to do your best
ei ther through random zation or sone of the procedures,
trying to nmake a good guess of what those things are. That
is what it is in a nutshell.

In a gain score, you actually have both. You
don't need a potential outconme. | thought, going with the
gain score, you have a |l eg up on the causal claim

O course, this is the change in a person. It is
not causal in any strong sense that you would use in the
sense that a program has caused sonet hing to happen. That
is a separate kind of question.

If you were to tal k about change within the
person, | think the gain score has |ots of conceptua
advant age that goes along with it.

O course, as | said before, nultiple outcones --
this conmes out of the background in psychol ogy, neasure
construct and nultiple operations, et cetera.

That has been fairly well accepted except that,
in many of the applications of the val ue added anal yses of
school progress and productivity, nobst people are just
exploring that possibility.

We enpl oy standard errors of measurenent wherever
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possi ble. The idea here is, yes, we rate test scores, one
observation per person, and how flippant that m ght be.

Well, the test scores, if you renmenber, consi st
of a lot of probes about where a person is |ocated on the
ability scale. Roughly, that mght be it. So, actually it
should carry a bit nore weight than an N of one.

So, if you are able to characterize its accuracy
via standard error, then I think we are maki ng good use of
the information provided, the differential information
provi ded fromtesting.

The netric matters for measuring change. Going
back to what Dr. Dunbar said, there are good and bad
scales, but I think it would be -- | think what | am
proposi ng here is that when you go with an interval scale
that is vertically equating, the equating may be not 100
percent of what you want, but it is still roughly in the
bal | park of sonething you can actually use.

For all the other stuff, for all the other issues
w th aggregation and inference, we should rely on a nodel
for it, so that we can properly propagate the errors from
t he observation through the nodel to the result and the
concl usi ons we nake.

That is how !l think some -- ny initial objective
of going into this research area was. You know, given ny

training, howcan | take the -- inplenent the objectives
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strai ght through, fromthe observations all the way through
to the conclusions, and this is a realization of that input
and opportunities. Then the other things, also, I will be
able to keep that black box open, so other folks can | ook
at what we have done for verification and support of
col | eagues. They will know whether we are on the right
track.

The first big thing we need for a systemlike
this, where the stress is on neasurenent, is to tal k about
standardi zation, and nothing is nore inportant, for what we
have to do here than is the evidence base, which I call it,
that should go into the conputation. So, for exanple,

i nprovenent in data, et cetera.

What | have here is the ideal data base, for
t hose of you who m ght be thinking along these Iines. You
have year in school, fromyear to eight, in the first block
on the left; it is going fromgrade three to eight.

We have these student cohorts. Those are the
lines going frombottomleft to top right. Suppose a
| egi sl ature says, with an advisory commttee decides that,
okay, to nmake a good case for pronouncing inprovenent gains
and changi ng directions, for exanple, given the resources
and the tine line we have to work with, we should try to
get six data points. | know nost states are not there yet.

Sonme are, a mnority.
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| amtrying to | eave aside what is actually
happening in the field, |ike changes to the test, et
cetera, et cetera.

| wanted to try to work with this ideal data base
and see what we could do with it. The rest will be just a
| ot nore headache, of course.

For this data block, it will nove ahead from year
to year. As you wll notice in the second panel, the
cohort they identified for use in the sane accounting
machi nery has noved to the right by one year. They have
excl uded the observations for year one.

Now, this is just one way of approaching this.
You can have a lot of flexibility on this system Like I
say, we will use as nuch data as we have.

Then you will have to realize that the
information is changing, N is changing. So, the standard
errors are changi ng, unless you have a way of acconmmodati ng
that and not just visual inspection. You m ght |ose
sonething in terns of how easily you can get to a
conpari son fromyear to year

The idea here is, whatever you choose to do, and
what ever variations you mght take on this basic idea is
that this data base will provide a constant ball ast.

We have the sane information and so, you know, it

Wl stabilize conparisons fromyear to year. One of the
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problens that | worried quite a bit about is how the
performance of systenms in schools seens to junp around from
year to year a |ot.

Hopefully, with a | arger data base, sone nore
weight to the estimate, it wll be anchored better, and
fromyear to year the pronouncenent of trends wll not be
so radically different.

If | am saying, for year one, this school is
progressing at a rate of such and such, for the next year
that is not going to change a lot. So, we have an
i ndication of direction, and that tends to be nmuch nore
conparable fromyear to year, on account of the fact that
we have quite a bit of data to work the rates on.

This is just one exanple. As | said before, one
can take many approaches to this. | work with a
mul tivariate in the sense that we have | ooked at
simul taneously the tests for reading and math jointly.

Basically, this approach allows us to tal k about
t hose conponents individually, at the sanme tinme, borrow the
overl apping variants to nmake for nore, | believe, stable
pronouncenent s about where the school is headed.

We al so make distinctions about cohorts in the
data. So, the nodel can be fairly large. Essentially, each
cohort of students, those lines going up in the data bl ock,

is basically treated as one of those longitudinal tine
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series that you have normally. Now this is done jointly.

So, for each cohort, we wll have as nmany series
estimated for each subject as possible. So, we have this
basi ¢ nodel

You can el aborate it any way you want, but the
i dea here, if you renmenber, is neasurenent. So, we just
want to characterize it -- we don't have an ability to
correct change over tine.

For the second stage, after we have characterized
the school, we will talk about between-school differences
to take advantage of the strength of |earning from other
school s.

You will notice al so, those of you who have been
t hi nki ng about accountability in our data and how you
anal yze this huge quarter mllion records at the same tine,
this approach I am advocating actually doesn't do that.

W w il talk about the school. The school has a
| ot of data, you know, going fromgrade three to eight,
going six years. That is quite a bit of data there.

That actually provides us with a good stable
pi cture of where the school is, assum ng that we have 98
percent of the folks responding to the tests.

So, there is no reason -- | think that we can
gain a lot nore by analyzing all the data simultaneously

t oget her.
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We do that only when you expl ore between-schoo
di fferences, and that conmes through in the second stage
nodel where we enpl oy a Bayesian multivariate neta-anal ysis
nodel .

So, that it takes out that difficulty of having a
programrun for six days and then having to nmake revisions,
et cetera. This actually can be done at a site by school s,
as far as they flowto the system

Anyway, why the focus on gains? Wll, we had
t hought a ot about this, and there are a | ot of other
fol ks who have hel ped lead us to this inclusion. They
i ncl ude [David] Ragosa, John Wllard -- who is sonebody I
pi cked up a lot of this from

Anyway, the idea here should be famliar to you
The inmportant thing is that, for us, it is conceptually
congruent, and it has a lot of those not so nice properties
of gains, that are not really a true concern in our case
because we do not just conpute a gain score and stick it
into the nodel. W actually use the observations and
estimated gains, paraneterize the gains in the context of
t he nodel

So, we should be able to actually get away from
t hi nki ng about the fact that we are actually using gains in
it.

| will not say so nmuch about this, but there wll
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be sonme of it in nmy 2003 paper, and also in the paper that
| amputting together. | hope that is good enough for you
right now |If you have questions, just talk to ne.

In contrast, the major alternative is a residual
gains score, which is regression of post-test pre-test.
This one has several, to ne, disadvantages.

One, when you | ook at residualized gain scores,
what you are doing is you are naking a conparison. You are
choosi ng standards that are based on a quite different
t hi ng.

In a gains score, | ambasing ny score on nyself,
fromtime one to tinme two. The residualized gain score,
am basing ny gain relative to how the other folks inprove
their performance. They help nme come up with a regression
pl ane fromwhich | determ ne ny gain.

For sone other purposes, this also has
di sadvant ages. There are sone statistical ones, and they do
not generalize so easily to longer time series, et cetera.
| ambeing a little nuddl ed about this at this point, but
there are good reasons, given the tools we have, and if we
have the right data, we should try the first approach,
which is the work with paraneterizing gains and trying to
expl ai n gai ns.

Now, if you are in a data situation where you do

not have the alternative of actually conputing a gain
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score, then you are limted in the basis for conparison

So, that is not a bad thing. You just have
different information to work with. So, the best conparison
you can make is relative to the group

When you have |longitudinal data,that is a
different matter. Then it doesn't seemthe right approach
to go with a residual gain score.

This is a point | was trying to nake earlier with
regard to the gains, the conceptual congruence with the
true gain that we are really interested in.

| encourage al so the idea of supporting causal
gai ns under the Rubin-Hall counterfactual framework. It has
t he advantage, really, in that the potential outcones are
al |l observed.

Anyway, the overall strategy, then, is this. To
measure schools, what we really want is to answer questions
i ke, on the whole, is the school inproving.

Well, that is a very general question, and
al t hough policy makers |i ke those questions, they can be
better sharpened.

| think there are several questions along those
lines that can be obtained using this sort of analysis.
First of all, the way we are thinking of doing this is
obtain a good fitting, basically neasurenent in the old

sense, of assigning a nunber according to a rule.
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Fit a good neasurenent nodel for each school
which is a surface, in this case for math, which | am goi ng
to show. They constructed a rel evant hypothesis for that
school

You know, for exanple, you have the outcone
vari able, the vertical axis. You have grade and year. This
is essentially that data grid now, that you are | ooking at.

Now, turn it horizontally, and what we really
want is to know the orientation of this plane. That is a
first approxi mation.

So, this is the predicted val ue based on all the
information in the nodel we use to conme up withit. O
course, this does not have to be flat. If you have enough
data points and enough stomach for it, you can cone up with
various representations of how test scores are best
descri bed for that school

So, com ng back to the point | nade earlier, | am
free to choose any nodel | want for this, but the goal here
is to focus on the hypotheses that interest us, and they
happen to be of the variety we have started to call value
added hypot heses.

VWll, how do you do that? Well, to summari ze,
you get the best data available, snmooth it for irregularity
wi th the nost reasonabl e nodel, and construct fromthe

signal which we know now is that fitted surface, statistics



79
t hat address your hypothesis directly.

So, let nme introduce those hypot heses that m ght
be of interest to you. There are three varieties, even
t hough really there are only two genuses.

One has to do with how cohorts are grow ng.

There is interest in that. The reason why you don't find an
arrow going fromhere to here or here is that the two tine
poi nts have to tal k about change over tine. So, we can

| eave that. There is no problem The rest of the cells wll
still be in the nodel, helping you estinmate the entire
surface, but the estimates will not apply to all the
cohorts. That doesn't nake sense.

So, for those cohorts that sort of have enough
data going frombottomleft to top right, you can ask
guestions about, for exanple, the rate, is the gain from
one cohort faster than the other, et cetera. That would be
one of the questions that we would be interested in as
policy makers.

The second set of hypotheses has to do with
wi t hi n-grade change over tinme. Second graders are inproving
in school over tinme, but what about fifth grade?

Now, for all of these, if you have the right
factors in the nodel, the inference framework supports
answeri ng those.

It is very nmuch like the good old anal ysis of
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vari ance type framework that you are famliar with. You
have the data, you have the fitted nodel. Based on the
estimates, you construct hypot heses.

The third species is really, under sone
interpretation of what a scale is able to support, really a
different netric.

W tal ked about the second type of hypothesi s,
which is within-grade change over tinme. Now, this has to do
wi th PACs, our fascination with percent proficient, for
exanple, is one of them

What this nodel strategy would do is, we have to
fit the surface and we have a rel ationship between scal e
scores, percentiles and performance | evels. W can report
the results in ternms of performance levels. So, it is not
a separate -- it is not sonething that requires a separate
anal ysi s.

That, of course, goes back to this inportant
thing | amassum ng, that | have the right scale. |I have
the right scale in the sense that it has the properties
t hat support that we tal ked about change bei ng neasured on
t hat scal e.

It also has relevant norminformation attached to
it, and al so performance standards being set on that scale.
Then, with a scale like this, | always thought until

recently that that is the same thing conpanies are trying
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to give us, and successfully.

| have been told that maybe we shoul dn't be so
optimstic about it, but still, it is probably the one
scale that gets us further than the others.

Anyway, here is a list of all the conparisons we
can nmake. Having conputed, estinmated the slopes, rel evant
to each of those hypotheses, we can actually make
conparisons to standards that are derived fromthe school

Have performance of the schools, or standards
that are mandated externally, the 100 percent proficient
goal could be sonething that they can do conparison

You woul d be nmaki ng conpari sons al ong the sane
lines | have done before, but this tine entering those
standards nunerically into the m x.

The result would be you will have nice estimates
of your set applying those standards, and good, nice
probability statenents, if you choose to believe the NTIC
to go along with that.

This is a slide | have used to stress that, if
you have the right kind of scale for the right properties,
the intervals, the criterion-referenced scale scores for
t he anal ysi s.

Then the other scales that attach to it are
probably worked on for reporting purposes. So, we don't

have to, at the outset, make a choice, oh, are we anal yzing
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percentiles or analyzing performance levels. So, if you
have this, you know, tie in wth the scales, it shows up in
all of those, if we choose to.

Here is an exanple of a conparison with cohorts.
On the left, the cohort slope is decreasing over tinme. W
can make the claimthat that is decreasing productivity in
t he school under those terns.

On the right is an exanple of increasing
productivity. The cohorts, the nore recent cohorts, have
st eeper sl opes.

Here is an exanple of a school | have worked
with. Oobviously, a pattern is never that clear. Then you
are able to nmake conparisons, such as, with this | atest
cohort, which is the one which is nost recent, the | atest
gromh rate i s such

The change in growh rate, this gives sone folks
the idea of what inprovenent is. You have growh rate and
you have change in the growh rate across the cohort. This
is estimated for the school in math and readi ng.

So, how do you read this? Well, if you | ook, the
first row says, the latest growh rate is such. So, it is
about 30.79 points per year for math, and 28.24 per year
for math.

You have got the question, what is the rate of

change or the growh rate over tinme? For the first one, for
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math, is 3.33. So, it seens |like on average, each
succeedi ng year you have increased growh rate of 3.33, the
set line scores. The .08 is the standard error.

I f you ask for sone kind of a confidence
statenent, well, this is the Bayesian p-value | am
providing, but it is alnpst 100 percent confidence that is
i ndeed the case. For reading, it is 97 percent. So, if you
press for a nunber and al so a confidence statenent, we
shoul d be able to provide it.

There is a lot of interest in tal king about and
characterizing this schene in terns of adequate yearly
progress [ AYP].

VWll, AYP is basically a standard. First of all,
how do you cone up with it? Again, these could be external
it could be based on simlar schools, or based on our
school s perfornmnce.

So, AYP can cone in nultiple forns and, for
vari ous of these hypotheses, they could actually be
engi neered differently and have very good neani ng attached
to it, be very neaningful.

In any case, for us, AYP wll allow basically --
it must take into account where you start and where you
should end up this overall target, between the present tine
T and the mandated tine T to reach proficiency. | am

t hi nki ng of basically NCLB here.
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So, AYP nust be defined as the growth rate they
are placing on the target, given where you presently are,
such as YT, the scale score at the final point in tine, et
criteria, and the current scale score divided by year. So,
you get sonme sense of the rate.

The little box here is just to remnd ne, if the
opportunity arises, to nention this. You know, we don't
have to performthis on all the data. W just need to
report it using the right scale.

In any case, these are the predicted grade year
means based on that nodel, with snoothing. Because it is a
mul ti-cord nodel, it is not as snooth as we woul d |ike.

So, we have predictive neans, and the questions
we ask for Q2 -- that is wthin the cohort change -- it
will be something like this.

This is observed, and we are asking here, is the
grade one predictive average increasing, and this is the
sane question about grade four. So, all of this is based
on the nodel for the data contained in the data bl ock.

The inprovenent by grade picture |ooks |like this,
mat h and readi ng separately. So, one through five wll be
the grade levels, and this is how we are changi ng over
tine.

Sone of these slides are in the handouts you

have. Most of themare. A couple are not, and you have
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those in reading. Qoviously, they are not all uniform but
you can essentially ask specific questions about each grade
mapped.

Now, if you ask a standard based question, then
it looks sonmething like this. If you have, for a particular
grade, and they have observed for four years now, and the
data points are given as such, what you need to do nowis
fit the best description of that progress, and here you
need a regressi on nodel .

You can pick anything you think the data wll
support. So, it is up to you, but by and | arge, these
sorts of data bases are pretty plain. To nme, given the
data, it drives nme toward a sinple nodel like this, at
| east for a first cut.

VWat we have then, if we have the targets on the
right here at tinme P, we know what the scale score is. W
can conpute delta hatch sub-4 based on four tinme points,
and this calls | ower.

Basically, it is this bottom edge, the bottom
boundary of this wedge, and that is a gromh rate that |
need, given the best guess of where I am now, over here, to
where | need to be.

For those of you who care, there m ght be other
such growth rates taking you to other proficiency |evels.

VWhat is inportant is the question of, fromwhere | am
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standi ng now, at tinme point four, and given where | have to
go and what rate | have, aml| growng at a rate that wl|
put ne there, and that has to do with this dotted line with
the arrowin the mddle of it.

All we need to do is to be able to characterize
the probability, that we don't really need NLCB to consi der
t he upper but, if you want, we can tell by the probability
that this growmh rate is between the upper and | ower, given
t he data.

In terns of what | call AYP NCLB, it boils down
to constructing a reasonabl e base, a target growth rate,
and evaluating for yourself or your school whether you, at
this point, given the information you have, likely to nake
it, and the likelihood is given to you.

The calculations wll also provide sonme sense of
classification errors. Here is an exanple of a school for
grade three math and grade three reading.

The green line is a projection. The initial data
is, of course, based on this segnment of the curve and this
is the projected line going all the way into the future.

| know | am not very happy maki ng projections
even for one year, but those are the kinds of questions you
ask all the tine.

So, if you have to ask it, | want to provide you

with a frame for thinking about it. If you were to nmake a
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conpari son about rates, it is reasonable, but if you want
to tal k about exactly where you are, and tal k about your
performance here relative to the observed, those arrows are
going to be very, very large, but rates seemto be fine.

In that case, you have all the quantities, and
you are able to nmake probability statenments about whet her
the current rate that is characterizing your school
progress is greater than that base |level you are trying to
get, given the data.

For this school, given what you see here in the
picture, it seens that we are growi ng nuch faster, at a
rate greater than the AYP rate, essentially.

So, you are given a probability statenent. Over
here, then, for this exanple, it is a crap shoot, even
though it is only 44 percent.

In terns of the percent proficient, all you need
to do is translate those predicted val ues through the cut
scores into a proficiency |evel percentage, and you can
track that as well. You can report it as that. You don't
have to make any anal ysis any nore.

| amgoing to stop here. | actually have sone
t houghts which | hope to be able to make for fol ks about
the inference frane here that will allow us to think a
little bit about how to nmake conparisons across school s,

and al so across different assessnents in terns of what |
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call the productivity profiles, which are characterizations
of where a school is in terns of one of these -- any of
t hese -- various hypotheses, but we are going to see toward
the standard the school is making it, and what probability.

The profiles have both, on the vertical and
hori zontal axis, have basically percentages on them So, if
you are happy with conparing schools on the effect sizes, |
think this will be an inprovenent. Thank you very nuch.

[ Appl ause. ]

DR. BARNETT: W have about 15 m nutes for
gquestions, comments and di scussi on.

Agenda Item Discussion.

PARTI Cl PANT: Sonme comments that relate to both
of the papers, starting off with scale scores, being on the
band wagon of saying that scale scores are nore useful to
nost people than just the proficiency levels, | would agree
with that.

| would also Iike to add sonme cautions related to
vertical scales. | think there are a ot of different ways
to produce vertical scales, and once a scale score is out
there, people tend to just plug it into their conpl ex
formula or sinple fornula and assune that they have
sonet hi ng neani ngful .

| f you think about the concept of how many units

of growmh is it to go from say, reading a word to readi ng
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a sentence, and it may be in one scaling nethod it m ght be
50 points to grow.

Then you have got kids up near the top end of the
scale who are going fromidentifying the maiin ideain a
paragraph to doing sonething that is nore conplex, and that
m ght al so be 50 points on the system

In essence, it is nonsensical to be conparing
with points of growth that far apart on the scale, and this
rel ates back to the whol e concept of doing these
experinments and drawi ng conclusions is that you need kids
in the sanme place where you start off, to say which of the
treatnents is doing a better job

| f you are trying to conpare students who are
starting in different places, or over time when you have a
school in different places, you can run into real anonalies
internms of the kinds of conclusions you draw.

| f you do a nodification to your vertical scale,
you could draw a different conclusion. | was just trying
to add a caution to this idea of using the vertical scales
and doing the analyses in ways so that any peculiarities of
the vertical scale are not influencing the concl usions
dr awn.

DR. BARNETT: Are there any other questions about
defining change or nodeling change for any of the

presenters?
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PARTI Cl PANT: Eli zabeth, you tal ked about the
appropri ateness, or setting the appropriate conpari son
gr oups.

In a lot of the settings that we deal in here, it
is not always -- we can't always identify the perfect
conpari son group because of the way prograns are given to
schools. | wondered if you could sort of address that.

DR. STUART: Yes, that was one thing that I
didn't have tine to cover. Are you thinking about sort of
t hese situations where, for exanple, schools that are not
nmeeting sone threshold get sonme treatnent? |f you are not
maki ng adequate yearly progress, there are sonme cut offs
and, below that cut off, the schools get noney. Are you
seeing that sort of admnistration of it?

PARTI CI PANT: [ Comments not caught by
m cr ophone. |

DR. STUART: That is definitely the case in sonme
of the papers that | |ooked at, where sonetinmes, because of
the programitself, for sone reason, you can't find
conpar abl e school s.

| think there are sort of two things there.
Sonetinmes if you sort of need to do the conparison, it is
better to at | east conpare the schools that are just above
the cut off, rather than all schools.

Actually, one of the references, on the |ast page
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of the handout that you all have, | |isted sone references,
and there is a paper by Dehejia and Wahba, which sort of

shows a nice exanple of how you can run into trouble by

conparing these | owperformng schools -- in that case it
is people getting job trained -- with all other people.
So, | guess | would sort of just say, restrict the analysis

to schools that are nore simlar.

The ot her option, of course -- and one of the
papers did this -- is to just say, we can't estinmate causal
effects here because there are these differences. So, we
can just sort of be careful when we tal k about them and
sort of not follow up wth that.

| guess ny third sort of three-pronged answer,
there are these regression discontinuity designs which take
advant age of that fact.

So, they take advantage of the fact that is a
school has a score of 49, they get treated. If they have a
score of 51, they don't get treated. So, by conparing the
schools at 49 and those at 51, you can estinate the effect
of a treatnent.

That is sort of what | nentioned in terns of that
identifies the effect only at 50, usually, but you can at
| east do that and get sone idea, because maybe that is the
relevant place at which to estimate the effect anyway.

PARTI Cl PANT: | have two questions. One is, FEric
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Hanushek has suggested that using aggregate school -1 evel
data or even higher can be a problemin terns of assessing
certain kinds of relationships.

He is, | guess, especially concerned about
resource, and has found that aggregation tends to produce
nmore significant findings with respect to resources than is
war r ant ed.

Does anyone see any kind of parallel concern with
this data base in ternms of |ooking at other kinds of
i ssues? That is question one.

Question two is the follow up on the first point
t hat was made about vertical scaling. Gven that we have
school averages -- and we are going to be presunably
wanting to subtract grade three in year one from grade four
in year two -- what about the concern about verti cal
scaling here? |Is this a serious issue or not?

DR. STUART: | think you would give the sane
answer that | do. In essence, when you are conparing grade
four to grade three, as long as you have, in essence, your
control group, the appropriate group, that they are
starting off in the sanme place in grade three, then you are
fine.

The issue is, when you start to conpare, say, the
growh fromgrade three to grade four to grade four to

grade five, and that is the kind of issue that beconmes nore
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conpl ex.

So, if you are conparing the growth of kids who
start off very |low versus the growh of kids who start off
very high, that is where you can draw i nappropri ate
concl usi ons.

DR. BARNETT: The inappropriateness of those
conclusions has to do with our wanting to attribute those
changes to sonething about the construct that is being
measured, and the construct naturally changes over a
devel opnent al conti nuum

| think that was your earlier point about the
meani ng of a 50-point difference at the | ow end of the
scal e versus a 50-point difference at the high end of the
scal e.

That is very inportant. The only way you can get
around it, or maybe not the only way, but you need a
different frame of reference than the scaled score itself
in order to get around it.

That 50 points is 50 points in sonme normative
sense as an enpirical difference. What it neans in terns
of the underlying skills is the problematic area of
i nference, and how nuch to expect that scaled score to
change is al so sonewhat problematic at one part of a
vertical scale from another.

We had several questions and a | ot of discussion
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inthis session that really point to what | would say is
the critical inportance of not just the Ys in Elizabeth's
notation, the outcome neasures, but the Xs that she call ed
the covariates. That is just not a variable or two in a
conplex, multivariate matching framework, for exanple

That may be a whol e array of vari abl es,
informati on both quantitative and categorical about the
sanpling units that is inportant for nmaking causal
i nf erences.

In light of that comment and the questions that
we had earlier this norning about the characteristics of
the data base and getting sone clarity about that, | want
to use a little bit of time before lunch to turn the
m crophone back over to David Goodw n, who has brought a
data person with him to answer sone questions that canme up
earlier.

MR GOODW N. We had a bunch of questions in the
first session about the PBDM data base that Stephanie and
| tried painfully to answer, and it is clear that we
weren't quite as up on it as we m ght have been.

We actually have sonmeone who does work on it,
Barbara Ki m over here, to cone in and answer sone of the
gquesti ons.

As | recall, the questions were things |Iike, why

are we not getting scale scores? Wy does the departnent
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have nore than one parallel data collection effort
underway, how does PBDM work with the states in terns of
coll ecting data? There may have been a few other things
i ke that.

So, | amgoing to introduce Barbara Kim who does
work on it. | just want to nmake one thing clear. She works
on it, but she is not responsible for making all the
deci sions. So, be nice.

M5. KIM | have a couple of notes based on the
questions | was told you had and just thought |I would give
you that information, and open it up if there is anything
addi tional that you need to know.

Part of this is sort of an education | esson in
words. W use the new phrase, EDEN, which is the Education
Dat a Exchange Net wor k.

What EDEN is, is a technology that all 52 state
education agencies use to transmt electronically data on
their schools, districts and states to the departnent, and
it is also the technology we use to store it in a very
| ar ge data base.

The other newtermis called EDFacts, and it
doesn't stand for anything other than EDFacts. It is a
logo. It is apparently going to be a registered trademark
of the U S. Departnent of Education.

That is, everything that allows you access to
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that data and that data base, it is the Secretary's intent
to have a web portal that not only people wthin the
departnment use, but people in the public, researchers,
whoever, can go to this web portal

There are ways there to | ook at the data, take
extracts and so forth, but its trade nane for anything that
gets data out of it, it is called EDFacts.

Qur old nane was PBDM or the Perfornmance- Based
Dat a Managenent Initiative. That has officially ended. It
was funding that we received for three years fromthe
O fice of Managenent and Budget to do sonet hing about the
i nformati on managenent in the education system That is
how we built the EDEN and how we did sone initial work with
all 52 state educational agencies.

Then, to the data we have in our data base, what
we have roomfor is data on every school, every district,
every state, and that is hierarchically.

So, if you call up the school, you can see which
district it isin, if you call up the district, you can see
whi ch school s belong to that district.

We have data in there about the entity itself,
for exanple, what is its poverty level, is it rural, is it
urban, where is it located, is it a charter.

We have data about the staff, what is the FTEs

[full-time enpl oynment status], are they highly qualified.
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We have data about the student. The student data is all at
t he subgroup level, and it varies with which subgroup the
data appears in.

Some nunbers, |ike nenbership, are strictly based
on gender and race. O her things, |ike assessnent data, we
have the race data, we have gender, we al so have stuff
about children with disabilities.

So, depending on what data is, it is all at
subgroup level, even if that subgroup consists of one
person. That is still in the data base, but it is still not
communi ty student-1|evel data.

How nmuch data do we have in there? Right now we
have about five states that have all their 2003-2004 data
init.

We are collecting 2004-2005. At this point, for
all the states, this is a voluntary system They can
choose to send in data or not. Sonme states are nuch nore
voluntary -- like the processes. Oher states are a little
bit nmore difficult children

The Secretary, however, wants to make this
mandatory. She is working with the office of the general
counsel at the U S. Departnent of Education to make this
the official data collection.

Until such tine as we are the official data

collection, we are the voluntary collection, which neans
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all the other collections remain as the official mandatory
col | ecti on.

So, you can't have two official mandatory
collections. Wthin the next two years, we should be the
of ficial mandatory.

| sat in through part of the first presentation
of this section about specifically the assessnent data.
What our data base will have is the nunber of students at
all the different -- the nunber of students in various
subgroups for each state, district and school at state-
established proficiency levels on state assessnents.

| understood for your purposes scales would be
better. 1In this case we have proficiency |evels, because
that is what the departnent needs in terns of managi ng No
Child Left Behind.

The legislation is about proficiency |evels,
al t hough our proficiency |evels are sonetines nore than
just the three, above proficient, proficient, and bel ow
proficient. It is highly unlikely that it would be changed
t hrough the scores.

The ot her part that was brought up in that
presentation was other variables, and that is sonething
that we will have.

When you call up a school, you can find out, and

for the five states that do have all their data in, you can
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see what is that school's poverty level, is it a rura
school, how many teachers did they have, how many of them
did they classify as highly qualified.

You could call up and see their nenbership by the
race and gender. You could see how many children with
disabilities they have, what type of disabilities did those
chil dren have.

So, all the other factors that you would be
| ooking for to find conparabl e groups would be in there,
but the bit about the scores would probably not be.

The bi gger part about what we are doing is that
it is a very ongoing process. Wen you go out into the
states, there are sonme states that are very sophisticated
in this area, where for years, |like Florida, has had its
new i nformati on system They gat her everything
el ectronically, and they have well-trained people in the
school s.

There are other states that engage in a | ot of
paper transactions and counts of this. There are several
states where the data provider person is not treated with
any respect. They have the office in the basenent.

One particular state is attenpting to get an
associ ation of data providers, so that they have sone cl out
in getting the training that they need to do the work that

t hey do.
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Over the next years, our approach to this is to
work with all 52 states, the 50 states, District of
Col unbi a, and Puerto Rico, so that the people in the
schools that collect this data are professionals, that they
have the technol ogy they need to gather the information,
transmt it to the state education agencies, who will then
transmt it to us, and that we would have the technol ogy so
that you could follow up on our web page and get the data
that you need. Hopefully, that answers a | ot of your
questions, but are there other questions that you have for
nme?

PARTI CI PANT: [ Question not caught by
m cr ophone. |

M5. KIM The question is about what information
we are going to have on the assessnent data that is in our
dat a base.

We use a termcalled neta-data. Wiat neta-data
is, is an explanation of the nunbers in our data base. So,
for state assessnents, there would be a place where you
could call up.

For a particular state it would say, this is the
assessnent that was used. There would be sone other
i nformati on about that assessnent.

Whet her it was down to all the detail you woul d

need, it may not, but it would, at least for a state say,
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the scores for the third grade were fromthis particul ar
assessnment instrunment. So, it would give you information
on which to go find the rest that you woul d need.

PARTI CI PANT: [ Question not caught by
m crophone. |

M5. KIM What we would ask for fromthe state is
t he background on their assessnent data, and that would
probably be one of the itens.

One of the things we are going to be doing
hopefully nmore and nore is working with PPSS in terns of
the reporting out and sone of that other type of
information that we need, so that the data that is in the
dat a base can be used for different purposes. |Is that a
cl oser answer to your question? Are there any other
gquestions? Ckay, thank you.

DR. BARNETT: Thanks very much. As the
noderator, | would just like to set the stage for later
today and hopefully sonme di scussion tonorrow.

| would hope -- | think of this in ternms of
policy-maker questions. | work a ot in early chil dhood.
know one of the policy-mker questions that | know gets
asked all the tinme is, states have different preschool
education policies. Wiat are the consequences of those for
third or fourth or fifth grade test scores?

In view of the concerns about aggregation bias on



102
t he one hand, and concerns about -- they are not interested
in programinpacts. They are interested in where
differences in policies across the 50 states, which is a
state-level difference, has state-level differences in test
scores.

What do you nake of that? Are policy makers
asking for sonmething that is just not realistic to answer,
or is there sone possibility with data sets |ike these, and
what woul d be the requirenents?

Yes, they may be defined in a certain way right
now, but if policy makers then could get infornmation that
says basically either this will never answer your
gquestions, or your questions could be answered, but your
data systemis going to have to have the foll ow ng
characteristics, | think that kind of information could
usefully nodify what is happening with data collection.

So, thanks very nmuch, and we will take a break for |unch.

[ Wher eupon, the neeting was recessed, to

reconvene follow ng |unch, that sane day. ]
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AFTERNOON SESSI ON

DR. BARNETT: W will ask everyone to introduce
t hensel ves, and we will start right off wwth M chae
Scriven.

Agenda Item Can W Infer Causation from Cross
Sectional Data?

DR. SCRIVEN. | am M chael Scriven of the
Eval uation Center at Western Mchigan. | amgoing to talk
about one issue fromthe foundations of this research area,
the issue of experinental designs to establish causation.

There are others that deserve attention. For
exanple, there is the problem of distinguishing real
effects in the data fromthe artifacts of high-stakes
testing, which | think hasn't received enough attention
yet.

For exanple, one of the artifacts of high-stakes
testing is the redefinition of proficiency, and the
redesign of the test content and the itemdistribution
across topics and, of course, the effects of admnistrative
fraud, especially in controlling the popul ati on of test
takers, by arranging that the poor perforners stay hone on
that day, and by correcting student answers.

| am not sure how famliar all of you are with
the extent of that. The evidence fromthe two NSF studies

is that it is stunningly w despread.
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That is, it is occurring in far nore than half of
the schools that are taking the tests, and it is on a
fairly large scale. That is, teachers are just changi ng
t he answer sheets substantially.

That effect, as it currently | ooks, may al one
out-performall results of NCLB. So, | don't think it is
sensible for us to be proceeding too far with the techni cal
anal ysis until we have pinned down the reality of the
effects as effects of the interventions rather than as
effects of the effect of the political reality of the
i ntervention.

| amgoing to talk instead about the general
i ssue of causation. | got a nice lead in fromElizabeth
Stuart, who started by tal king about the random zed
experinmental control trials [RCTs] process as the gold
standard for causal investigations.

It is not the gold standard. It is, at the very
best, the gold plated standard, and even that nakes ne feel
alittle nervous. | think it is the eight caret gold
standard, alnost entirely dross.

As Tom Cook said in print lately, in the
educational field -- and the same would be true in nost of
the sort of social service investigations fields, it is
conpletely inappropriate to refer to RCIs as the gold

st andard because of the problens of treatnent transfer, the
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| eakage problem the problemof differential attrition, the
political pressure problens, the ethical barriers that are
legally required to be observed, the cost problens, the
time window restrictions, and so on.

In my view, there is another reason for avoiding
the termgold standard in this connection, which is the
doubl e Achilles heel of the design in the educational of
soci al field.

The fact is, as it is normally practice, a zero
blind design. It is not even single blind. It is zero
bl i nd and, hence, susceptible to the counter-explanation of
t he Hawt horne effect and its evil twin, the counter-

Hawt horne effect, the control group conpetitiveness
phenonenon.

Now, that is pretty serious because people
constantly talk as if sonmehow the use of the RCT design in
pharmaceutical research, where it is indeed the gold
standard, is sonehow the sane thing as it is used in the
educational and social services research field.

It is not in the |east the sanme because, in the
pharmaceuticals field, it is always neticul ously double
bl i nd.

There are al so other major differences between
the two which can be expanded on at sone |ength, but the

general point is, in our field, it is not double blind, it
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is not single blind. It is a pale imtation of what is, in
another field, a gold standard. Therefore, we should be
extrenely careful about talking as if it was nore than
t hat .

Now, | am going to go back now to ny paper, as
you have copies of it, which is entitled, “Can W Infer
Causation from Cross Sectional Data.”

One answer to the question in the title is,
certainly not, if the only scientific basis for causal
clains is the results of experinents, in particular,
experinments with random al |l ocati on and treatnment between
t he subjects and the control and the experinental groups.

Equal ly certainly, however, that kind of
inference is made all the tinme from science, and inference
fromcross sectional data to cause concl usions.

For exanple, fromthe cross sectional views
provi ded by magnetic resonance scans, to concl usi ons about
brain tunors, and by the cross sections cut by the scal pel
and saws of the forensic pathol ogy performng an autopsy to
t he cause of death

| ndeed, there are sinpler exanples. Looking at
the cross section of an ancient water cypress, one can
infer, fromthe rings and shape and thickness of the rings,
to the occurrence of a big drought in a particul ar year,

whi ch al nost sucked water out of the swanps.
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My task here is to ook with sone care at such
exanples and see if we can |earn sonmething fromthem about
what can and can't be done with the school based data base,
either inits present form or in sone revised form

Now, | am going to skip heavily through this,
because | am anxi ous to make sure there is plenty of tine
for questions.

| go through the autopsy exanple in sone care, to
show how, in fact, the process of elimnating alternative
causes of death is done by |ooking at the details of the
way in which potential injury -- an injury that was
potentially fatal -- occurs.

It is this |looking at the causal chain that
enabl es one to elimnate other possible causes, and finally
pin it down as being due to a gunshot.

So, that process of using the nodus operandi
evi dence, the footprint evidence, to elimnate other
possi bl e causes, is characteristic of the use of this
particul ar kind of approach.

Thi s approach is, indeed, absolutely universal
and common sense, and throughout the disciplines. In
particular, it is worth renmenbering that it is the standard
approach in the ol dest discipline that we have in any
organi zed form which is history, which is now nore than

2,000 years old, when people began to tal k seriously about
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t he proper nethodol ogy for identifying causes in history.

The recent publication of a four-vol une
collection of the historical papers in this area rem nds us
that there has been a very extensive discussion of this for
a very long tine. W now are in a position to talk in sone
detail about how this type of causation is established.

Well, of course, it is never established using
control groups or, for that matter, not usually using
conpari son groups, except ones that are very artificially
construct ed.

So, it is clear something is going on there. It
is either charlatanry, and they really aren't entitled to
any causal clains at all or it is, in fact, the use of
anot her nethod for establishing causal concl usions.

It seens to ne, given the huge range of
alternative sciences, in which non-experinental evidence is
used to establish causal conclusions -- for exanple,
epi dem ol ogy, astronony and | arge aspects of biology and so
on -- one nust inevitably conclude that there is no
preference at all for the idea of RCTs for this.

It is clear that the reason that was given by the
earlier speaker for this, which is the reason nost commonly
quoted, that the RCT, because of random zation, elim nates
the possibility of all other causes, is clearly not true

because, of course, the work on effects is present. So,
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that is one case it is not excl uded.

In general, the rest of that recipe, which is
that once you try to elimnate all possible causes, is of
course perfectly correct, and that is exactly what you
shoul d do, but you don't need to do random zed contr ol
trials to do it.

You can do it as the historian does or the
epi dem ol ogi st does, or the forensic pathol ogi st does, by
getting down to work, |ooking at possible causes fromthe
first evidence that you see, and then tracking back through
that |ist of possible causes, |ooking at what traces they
woul d | eave if they had operated, and seei ng whet her those
traces are present or not, until you have reduced it to one
or two or three, in which case you m ght have co-causati on
or simlar cause.

Now, can we transfer that over to the evidential
data base that we are tal king about in the schools
situation?

Clearly we can, and | tal k about special cases
where you can, where sone short termtraumati c event
occurs, and you see a big blip in the scores or a big drop
in the scores, and of course we can extrapol ate back to the
sl ower acting causes, provided that we can actually
establish the reality of the underlying change, which we

are assum ng we need to expl ain.
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So, | don't think there is any difficulty here in
principle. If you | ook, for exanple, at the very good RAND
study that was recently rel eased, done for Carnegie, in
whi ch they eval uated the val ue-added nodel as an approach
to teacher evaluation, an arena in which it originated, and
Bill Sanders in Tennessee started it off, and Dallas picked
it up wth Bill Wbster's application of it in a nuch nore
sophi sti cated version.

It is clear that in that context their concl usion
is that this is an interesting approach but there are still
four or five alternative possible explanations that need to
be definitively ruled out by further study, and that is
exactly the procedure that we have to follow in our field.

We have to | ook at whether or not the particul ar
alternative explanations -- Bill MLaughlin nentions sone
in his paper -- can be ruled out. Basically, they can
of ten enough, with sone work on the ground.

Now, we can't turn | oose sone huge arny of case
study researchers in each state to do this for every school
in the state.

We have to do what we have done on many ot her
occasi ons, which is pick and choose our schools wth sone
care but then, having done that, we can get sone basis for
drawing a tentative conclusion that we are getting sone

effect froman intervention, if indeed it does turn out
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that we can elimnate the other possible causes in these
school s, where you woul d, of course, pick themfrom
relatively stabl e popul ations and rel atively conparabl e SES
and so on.

Then, if you get that going, then you have
established that this particular intervention is capabl e of
producing effects in a relatively sinple sanple of schools.
Then you can begin to treat it as one of the possible
causes when you start | ooking at nore conplicated cases in
t he urban schools, where it is always trickier. Then you
can still proceed in the sanme way, and you will in many
cases be able to do sonething.

This is a generalization of a success case nethod
generalized to cover the case of failure as well as
success, and to | ook not just at what he does, training
interventions but also other fornms of educational
i nterventions.

So, we have quite a lot of literature on this
now, and | think it is clear that that is a perfectly
f easi bl e approach

The ot her feasible approaches were advocated by
various authors of the papers that you have with you,

i ncludi ng, of course, interrupted tine series, which can be
stepped up to the point where you use randomtine intervals

for the interrupts, and random duration for the interrupts.
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So, you can get a result out of an interrupted
tinme series, which it is really absurd to suggest could be
due to anything other than the interrupt.

| f you random ze for the tinme of interrupt and
duration of interrupt and you are getting the results --
for exanple, suppose you are testing a particul ar nethod of
reinforcenent for learning a particular skill -- then you
can do this quite well and get a nice exanple of an
interrupted tine series designed to denonstrate that, in
fact, when you do switch to using visual task auditory
rei nforcenent you get a substantial gain in their |earning
speed.

Now, the same can be said, regression
di scontinuity, the one quasi-experinmental design which is
al l oned by the RCT people as a possible alternative in
cases where you can't do full RCT, it is clear that there,
too, if you are lucky enough to be able to neet the
statistical requirenents, which are very severe, and if you
have the skills to do the work, then you can al so produce a
result which is really inexplicable in any way except for
attributing causal power to the intervention which has |ed
to the change in the regression rates.

So, we have got a nunmber of straightforward
possibilities. It is worth renenbering nowit is tenpting,

when you are | ooking at experinmental design, especially if
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you sort of draw it up on Cook and Canpbell, to | ook at
lines of Gs and Xs and think in these ternms, and then think
how nice it is in the RCT design to have elimnated al
possi bl e causes.

O course, if only the thing would sit still and
| ook like Gs and Xs, but unfortunately, of course, there is
this inconvenient tinme consideration.

That means, thinking back to the Title XX
eval uation which | was head of the neta-eval uation team
for, in which perfectly designed RCT design proceeded to
eat up $8 million without the slightest trace of a result
because of straight |eakage, in this case manipul ated
| eakage, that is, the superintendent in each schoo
district in which they had agreed to have a control school
and several experinmental schools, the treatnent basically
being that you had to use one, four or five optional
interventions that woul d be funded by the feds.

What the superintendent of schools, at the
nmeeti ng where he convened the principals, he said, okay,
guys, we have agreed to play along with the feds on this
one.

So, you five principals are going to get a nice
l[ittle pot of noney that you can use on any of these five
i nterventions, and you, Jack, are going to be the unl ucky

control group school, but don't worry, | have got other
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sources of noney.

O course, it took about three nonths before we
conpl etely bal anced the control and experinmental group, and
there was no trace of any results at all.

Vell, that was a case where the feds had desi gned
the conplete experinent. It wasn't the case where the
person who got the contract, which was STC, had nmade the
m st ake of designing a rather easily-breached RCT desi gn.

It was a case where the feds thensel ves were very smart --
a federal officer, in fact, had designed this and got
caught on it, and blew a ot of noney and tinme on it.

That is worth remenbering. W have a | ot of
experience, and | talked to Barry McGore about this the
other day. He is now the education director for the
Eur opean Uni on, which runs an enornous nunber of causal
i nvesti gations.

He said, yes, well, | nean, | renenber very well
what happened in the late 1960s and 1970s and 1980s when we
were really hog wild for RCTs when we could get them nade
a real effort in them

Maybe one in 10 tines we got the senblance of a
result, and nine out of 10 tines it went to hell on us,
either through differential attrition or |eakage, |eakage
bei ng the big one, and | eaking including, of course,

mani pul ati on by the people who had the strings on the noney
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and so on, and of course also including all the cases where
teachers get together socially or kids get together
socially and tal k about the exciting things they are doing
and they tell their teacher about them and the teacher
tries themout and there goes the difference.

So, there are problens, then, that we need to be
very aware of there, and there are many situations in which
the alternatives to RCT are greatly superior, not just
second best.

The term quasi-experinental, |like the term
proficiency, was a sales job in itself. It sold you
i mredi ately on the idea that it isn't quite the real thing,
but it is sort of halfway there.

Well, it is not quite halfway there. It is a
l ong, long way frombeing there, and it is not the only way
of getting it.

| concl ude the paper by shocking probably
everybody by saying, we have left out two. W have |isted
five good designs that you can use for causa
investigations at this point in interrupted tinme series,
regression discontinuity, three versions of RCT and so on,
but | add two nore.

The one that people understand pretty clearly is
t he theory-based one where whol e disciplines |ike

astronony, which have never run a single experinent with
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any star in the sky, are quite happily able to produce
causal accounts of the genesis of black holes or pulsars
and so on, and do so with very good reasons which are, of
course, theoretical reasons based on a theoretical analysis
of the phenonena they can see in cross section up there.

The interesting thing about astronony is that,
except for the astronony of the solar system al
observations across sone trivial period Iike 2,000 years
are cross sectional because things nove rather slowy, or
they nove rather fast, but they don't produce much rel ative
not i on.

So, we have plenty of sciences |ike that, the
greater part of geol ogy, and other parts of sciences |like
epi dem ol ogy, where we have plenty of alternative
approaches, and which are very heavily theory-based.

My favorite exanple is, of course, the snoking
and |l ung cancer case, where we never had the experinents,
but we had absol utely convi ncing evidence, rightly
convi ncing evidence that, in fact, snoking was a cause of
lung cancer, and it was a dosage-based natural experi nment
that were anal yzed by clever analysts that produced that.

It was not anything like an RCT. So, we have plenty of
t hat .
Then | add the objectionable final remark, which

| was greatly encouraged about, by finding two lines in
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Cook and Canpbell where | amsure it was, in fact, Don
Canpbell, who wote it, and | amnot sure Tomread it when
it finally went to press, because they | ook very nuch as if
they were added after an evening of confrontation with his
consci ence.

He says: “Still, at the end of the day, | have
to concede there are tines when peopl e see causes
operating, and rightly conclude that they are seeing
sonet hi ng cause sonet hing el se based on the evidence of
their eyes.”

This is, of course, the way that all of you use
the term “cause” in your ordinary life. It never occurs to
you for a mnute that there is sone doubt about the fact
t hat, when you put on the break pedal in a well-mintained
car, the car is going to slow down.

You are quite right to be confident that that is
true. Once in a while you will be wong, but that is the
nature of science. It is not the nature of sone flawed
design. It is observational, that you know very well that
is what it is caused by.

Now, | am going to conclude by reading to you a
short extract froma paper that you won't have seen, which
is witten by El eanor Cham nsky, whom many of you know ran
t he bal ancing act in the General Accounting Ofice for a

long tinme, which was the office of program eval uation, et
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cetera, and managed to achieve a degree of credibility in
bot h sides of congress that was al nost unmatched, in doing
t he eval uation work that she did.

She did it because she was an extrenely savvy
person, both politically and intellectually, and in terns
of scientific training.

Here is what she says at the end of this paper
which will cone out -- it was witten in August, and it
will be out in an issue of New Directions in Eval uation,
probably in a nonth or two.

Here is what she says, having listed all the
dr awbacks about the experinental approach, the RCT
approach, and is conplaining about the fact that the
educati on departnent has indicated preference for this:

“Gven so many negatives, both to the education
departnment and to the field of evaluation, the departnent's
priority to experinental design is not readily
under st andabl e.”

She concludes, finally, in the |ast paragraph of
the paper, as follows: “One can hope that this priority
represents nothing nore than an agency enthusiasmfor a
particul ar met hod.”

Even so, enthusiasm has no place here. Random zed
studi es have al ways been careful, well-reasoned, scientific

approaches to specific questions.
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This is no one-size-fits-all nethodol ogy.

Eval uators need intellectual freedomto do their work, and
their freedominvol ves the continuous consideration of
alternative thinking, alternative choices, alternative

sol utions.

In the end, the paradox of the Departnent of
Education's priority to the experinental design is that it
is non-experinmental. It reflects the introduction of
i deology into the heart of the enpirical paradigm Thank
you.

[ Appl ause. ]

DR. BARNETT: W have decided to shorten up the
tal ks just a hair and have 10 m nutes of questions after
each speaker, rather than holding it all to the end.

PARTI CI PANT: [ Comment not caught by m crophone.]

DR. SCRIVEN. | haven't witten up a | ong one.
refer here to the list that is provided in the RAND study
of experinental design, and | haven't got it with ne.

PARTI Cl PANT: [ Comment not caught by m crophone.]

DR. SCRIVEN. What is interesting about all of
this, in awy, is that it is clear fromwhat Tom Cook
says, in his paper on answering objections to the use of
the randomy controlled trial, in which he rightly refutes
a lot of the really bad argunents that have been given

against it, he neverthel ess does a very good job of listing
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t he good argunents there are, that have to be net in a
particul ar case.

It is clear that one can do this on the ground,
but the skills to do it are the sane skills that you need
in running an RCT to guard agai nst the counter-
expl anations, the attrition, the | eakage, the interventions
fromoutside, political pressure and so on, which El eanor
outlines at great length in her paper, by the way, if you
want to see an essay on the political influence on RCT
desi gn.

She pulls up case after case from her own
experiences at GAO, where there was direct intervention,
direct RCT designs. Because they are around for quite a
while, they are very vulnerable to this.

Now, the situation that Cook is calling attention
to could be summed up this way: No really good quantitative
researcher, interested in using RCT, can do it w thout
really good qualitative research skills.

Either they or a menber of their teamhas got to
do this subtle transition effect, and catch it before it
gets out of control.

Leakage can begi n and be stopped, or you can drop
of f that particular school froma study, but you have got
to nove pretty fast on it, or you finish up |looking at the

out cones before you decide who to drop. As was well put
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this norning, that is not exactly the way to do it.

| think that one can clearly do a very good job
on this with care, but you need skills, and the skills are
basically the standard qualitative research skills, of
detecting by talking to people and using structured
i nterview techni ques and using focus groups when the
begi nning of trouble is beginning to energe, and that is
sort of part of the tricks that are involved in doing good
RCT, but they are equally as good for the general
el imnation nmethod which | am describing as the main
alternative.

So, | was asked the two general points. Nunber
one is, it absolutely won't do to suggest that the way we
use RCTs in the educational area is a gold standard. As it
is normally done, it is zero blind.

So, it is not a good exanple. Also, by the way,
| think you can do double blind studies wwth RCTs. It
requi res the sanme kind of ingenuity that the RCT supporters
rightfully conpl ai ned about as | acki ng when we went through
this period of 15 or 20 years when a whole | ot of studies
shoul d have been done using RCT, which were done using
really sloppy qualitative methods.

So, | amentirely on the side of the RCT
ent husi asts about that m stake, but the other m stake can

be made in the other direction and | think has been.
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So, one has to be very careful of separating out
t hese i ssues. So, one of the issues is not to get over
ent husi astic about RCT. The other is to be open-m nded
about the way in which other nethods can produce
concl usi ons beyond reasonabl e doubt.

The interest here is not in being theoretically
bul | et proof, but in being practically good enough to bet
your life on. The standard here is the standard used in
felony lawsuits, where it has got to be beyond reasonabl e
doubt s.

I n non-felonious m sdeneanor |awsuits, it is
bal ance of evidence. That is too weak for us. W are after
beyond reasonabl e doubt, and that is quite right.

You can get to beyond reasonabl e doubt, as every
| aw court sees many tines a week, by all sorts of nethods,
to establish causation anong other things, by using nethods
whi ch | have been describing as the general elimnation
met hodol ogy.

PARTI CI PANT: In ternms of the SSASD, do you feel
that the right kinds of information are in the data base to
be able to elimnate the alternative hypot heses?

DR. SCRIVEN. No, as | say in the paper, for the
nost part, the convincing elimnation of alternatives wll
require some work on the ground.

That is why, to be realistic, since we can't do
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t hat throughout the whole state over the 99,000 schools
that we have got in the data base, we have got to pick our
sanpl e.

Now, that is sonething we have been doing a | ot
in some of these studies anyhow. So, we pick a sanple.
Maybe it is 20 schools or 40 schools, and we put in a group
two or three people for two weeks or so, on two or three
occasions, so they can pick up earlier or |later, new causes
that could be energing and conpetitive.

Then you have got a conbination of the existing
data base plus sone extra data. That, | think, is typical
Now, there are cases, obviously, the traumatic cases of the
@ul f Coast hurricane and the Col unbi ne school problem
where you can do it straight off the cross sectional data.
It is not going to be hard.

Therefore, it is plausible to say, within cases
where you have got very large swings, | think larger than
lowa in the mddle there, you mght well be able to pul
that off fromthe SSASD data base, but you can't in
general .

DR. BARNETT: Thank you.

Agenda Item Controlling for Student and School
Di fferences: Val ue-Added and Resi dual Gai ns Approaches.

DR MRON: M name is Gary Mron. | amchief of

staff at the Evaluation Center. While Mchael [Scriven] is
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very philosophical, | tend to be very practical. Wile
M chael has been very busy witing books about eval uation,
| have been busy grinding out technical reports that pay
for the work that we do devel oping a theory and net hod of
eval uati on.

| thought | would draw on sone of the technical
reports that | have been working on over the |ast eight
years | have been at the evaluation center, and many of
t hem have focused on | ooking at school choice and charter
school s.

So, | was going to draw upon those. Wen | got
involved in sone of the studies at the evaluation center, |
was really quite surprised to | ook at other studies, ny
ot her peers who were al so researching the topic, and found
such a wide variety of studies.

They varied not only in the quality of the
designs, but in the sensitivity of the neasures that were
used.

They varied in scope. They varied in the nunber
of years that they covered. They also varied very nuch in
terms of the controls that were used, the nunber and nature
of the controls that were used in the studies.

So, | was really quite surprised to see such a
variety of studies. Charter schools, we have had charter

schools for sone tinme now The first one opened in 1991,
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and nost of the |arge charter school states now have nore
than a 10-year record. Yet we still don't have a definitive
answer on whether charter schools are working.

Anyway, | wanted to tal k about sone of ny
struggles in working with less than desirable, or | m ght
say, best avail able data, because that is often what we are
required to do when we are contracted by state agencies to
conme in and conduct eval uati ons.

| am enbarrassed to say that | have been invol ved
in doing sone of the studies with weaker designs, and | am
al so happy to say that | have been involved in a few
studi es where we have been able to match students across
the state and track changes over that tinme, for that
student doi ng a quasi-experinmental design.

So, | have been involved in a nunber of different
studies, and interestingly, we have identified a few of the
nore weak charter school studies, or charter school
reforms, and we have gotten criticisns for our work.

On the other hand, a few of our studies have been
anong the nost positive in favor of charter schools. So,
they are all over the board, and certainly they were all
over the board in terns of the quality of the design and so
forth.

When | | ooked at the group of studies out there,

i ncluding our owmn, | kind of grouped theminto a nunber of
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sections here.

Sonme of the weakest studies have been the cross-
sectional studies, and then there have been those that
probably the nost conmon have been | ooki ng at successive
cohorts with and wi thout controls over tine.

Then, sane cohorts. Then, again, those designs
one to five, that grouping fromone to five, those are
wor ki ng with individual student data.

As many of you know, in many of the states, even
states that have individual student data, we haven't been
able to get our hands on that data.

First, let's ook at sonme of these cross-
sectional studies that have occurred. A couple of
not ewort hy ones were rel eased | ast autumm, the autumm of
2004.

One was by the AFT [ Anerican Federation of
Teachers], and they were working with NAEP data, and they
did a cross-sectional snapshot of charter schools relative
to non-charter school s.

They di d sone bl ocking of the data by background
i nformation, such as percent reduced lunch, ethnicity and
urbanicity as well, | believe.

That was an interesting study, and they found
that charter schools on the whole weren't gaining --

weren't performng -- as well as the matched conparison
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group fromthe traditional or non-charter public schools.

A coupl e of days later, Caroline Hoxby rel eased
her own study, where she clained to have captured 99
percent of the charter schools across the nation, also a
snapshot, cross-sectional picture in tine.

Not surprising, for sone of you that may know her
work, it was very positive in favor of charter schools,
again, |looking at one particular grade level at a tinme, and
not | ooking at changes. It was, again, just a snapshot.

These are two relatively weak studies in terns of
desi gn, but they garnered very much nedia attention, which
is pretty exciting, pretty surprising.

As an observer, it was very fascinating because
there were, of course, a nunber of other studies. | think
what was uni que about those was that they were national
studies, that they did | ook across states, and we haven't
had those cross-state pictures yet.

There have been other -- typically we see nedia
outlets, and often advocacy groups are often involved in
doi ng these cross-sectional snapshot reports or designs.

They do those because they are cost effective and
easy to do. A few state departnents of education have al so
done these cross-sectional studies as a way they eval uate
their charter schools.

If you go a level up to the successive cohorts,
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think this is the nost typical group of studies | have seen
on charter schools.

That is basically |ooking at successive groups of
students at the same grade level, fourth grade readers in
2000 conpared to fourth grade readers in 2001, and | ooking
at those changes over tinme and with a time series. Sone of
t hose studies, of course, have controls, and sonme of them
don't have controls.

In that group of studies, we have done a couple
of things. One was a residualized gains analysis that we
did in Pennsylvania, a state with 77 charter schools at the
tine.

We had scal e scores for the state. Wat we did
is, we realized that the denographics within the charter
school s, because they have high levels of nobility, that
t he denographics in the schools are changing. So, there
are relative conparison groups that we would want to have
that change fromyear to year as well.

So, using a residual gains approach allowed us to
be sensitive to the changing conparison or changing
predi ctive val ues that we woul d have over tine.

So, on the whole, charter schools in Pennsyl vania
tended to attract |ower-perform ng students. So, the
resi dual scores, on the whole, were negative scores over

tine.
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So, with that, one could | ook at the data and
concl ude, hah, the charter schools are doing poorly. In
fact, the charter schools in that state tended to attract
students who were performng |less well, even after
controlling for denographic and geographi cal factors.

Now, when we | ooked at the residual gain scores,
they were actually gaining slightly against the traditional
public schools, which neans they still weren't perform ng
as well in absolute scores, but over tinme they were
approaching the regression line. So, they were doing better
over tinme.

Anot her anal ysis that we used for an Edi son study
that we did, we had two types of data that we used. One, we
had i ndi vi dual student data that we could do | ongitudi nal
anal ysis on, but we also wanted to nmake cross-state
anal yses.

So, we used sonething that is called an odds
ratio analysis, and | discuss it in my paper in greater
detail. It is a nethodology or strategy that is used often
i n epi dem ol ogy.

It basically | ooks at the odds of passing or
failing over time relative to a conpari son group. That
gave us a way to use cut scores and have a simlar neasure
across states to | ook at changes over tine.

If we | ook at sane cohorts, at six and seven, in
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our Connecticut study, we had a four-year study in
Connecti cut .

In that state, they were very, very proud to |et
us know that they had individual student data, and they
could track any student no matter where they went within
the state.

So, we were really excited. W were going to
finally get our hands on sone individual student data, and
yahoo, that was going to be fun after mucking around in
| ess than desirable data for sone years.

As it turned out, the regulations and
restrictions wouldn't allow us to have access to that type
of data. So, what we did do, though, we | ooked at the sane
groups over tine, and this is a study that | have seen a
nunber of researchers use, which is to conpare with a
conparison group, but to |ook at the treatnment group or the
charter school group, fourth grade readers in 2000, sixth
grade readers in 2006

So, we could basically |look at that sanme group
and try to limt sone of the nobility over tine but, again,
we couldn't elimnate all of the alternative explanations
for changes in those results over tinme, but we could see
over time -- in Connecticut we used both the successive
cohorts and the sanme cohorts and tracked them over tinme and

found that, in fact, the charter schools were nmaking |arger
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gains than the conparison districts and conpari son school s.

If you go up a little bit higher, those study
types fromgroups one to five all work wi th individual
student dat a.

| f you | ook at nunber two, we have been doing --
we are in year two on a statew de study in Del awnare.

Del aware is a very cute state. It is very nice and it is
very small.

They gave us the whole state data. | nean, we had
to go through clearances, of course, but the whole state,
seven years of test data for every student in the state.
Thi s was exciting.

We got to do a matched student design, which
basically neant that we created those strata based on
student characteristics.

We grouped them by gender, ethnicity, Title |
status, special ed status, |imted English proficiency. W
bl ocked t hose up.

Then we matched them and we picked fromall the
students in the state that had the exact sane
characteristics. W randomly selected a matchi ng student,
and then we conpared change over tine.

Actually, we |ooked back in tine. Students, to
get into one of the six panels that we created, had to have

a test score in two events.
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W wanted to get three events, but because they
were not testing and did not have that type of test data
available in every year, the three test events woul d have
been too long, and we had too few students that we could
i ncl ude.

We did get six panels designed and got to track
students, and we covaried by previous test scores. So, we
could even control for relative performance |evels.

In that study we found that, on the whol e,
charter schools were gaining nore than traditional public
schools, but in that state there were extrenely |arge
di fferences between the schools, wth sone performng quite
wel | and others performng |less well.

What was al so exciting about this nethodol ogy,
there was one particular school that is very honbgeneous.

At tinmes it has been reported that it is using an adm ssion
test to get in and only the top scoring students are
getting in.

| saw that and | thought, wow, with our controls,
when we get these in place, we are going to be able to
expl ai n the phenonenal inpact that charter schools are
having on these students because we can control the data.

To my surprise, after -- we could see that
clearly the school was taking in very high-performng

students. They were performng very well on the test
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results before comng to that school. So, it was true that
they were attracting or selecting the top students.

What was fascinating is that that nethodol ogy
allowed us to see that they were still making gains |arger
t han what woul d have been predicted over tine. So, that was
i nteresting and probably can be explained by that very
honogeneous focused | earning community that was being
creat ed.

That was one exanple of a study that we could
work with individual student data. Random zed experinents
or random zed field trials, we have nmade one attenpt, and
that was in our Illinois evaluation charter schools, where
we tried to get the waiting list fromschools and try to
draw students fromthat group, because we would have had
sone sanple of students who woul d have gotten into the
school but, because of the lottery system didn't get in.

Unfortunately, we couldn't pursue this because a
| ot of the schools didn't audit the waiting list, and often
the schools were reporting waiting lists of 100 to 200
students when, in reality, there were only 30 or 40.
Because of that, we weren't able to pursue that
met hodol ogy.

Carol yn Hoxby did. She did that with a subgroup
of the schools in Chicago. That is the one study on record

that I know on charter schools that is using a random zed



134
field trial.

Aside fromthat, Mathematica is doing a study for
the feds which is, | think, going to be one of the nost
prom sing studies, but | don't think it is going to be a
definitive study.

It is a very prom sing study where they are
| ooki ng at charter schools in, | think, around 50 schools
across five or six states, and they are | ooking at between
two and a half and three years, |ooking at the inpact of
t hose charter schools on students who are random y assi gned
to public school or a charter school. So, that will be
interesting when those results cone out.

So, sonme of the [imtations in the data that |
see -- and in nost of ny studies, | amusing the state
data, but it is very nuch like the data that we would see
in the SSASD.

Sonme of the limtations that | often cone across
wor king with charter schools, which are smaller schools, is
that with the exclusion of small groups sonetines, where
the states don't report test data for small subgroups.

Sonething that has really surprised ne, too, as |
have been getting into it is the norns that are changing
over time with state testing, the tests that are actually
changi ng t hensel ves.

Then, of course, a problemwe face when testing
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t hese schools is the high nobility rates. So, when we are
working with group-level data, it is very hard to contro
when you have schools with high nobility.

Sonme of the fixes or inprovenents, just by adding
sone of the fixes, just by adding nore groups that we can
test over time, the nore grades that are being tested neans
that we are going to be able to do nore rigorous designs,
which is pretty nice.

That is happening as a result of NCLB, where
states are forced to inplenment nore testing at nore grades.
| don't want to say the scaled score again, but it is so
inportant to have scal ed scores relative to these cut
scores, which are very crude neasures, and don't help us
capture the sensitivity or the novenent that happens in
t hese | ower performng cut offs or subgroups, |ike whether
they are basic or advanced or approachi ng or whatever the
states call those categories.

There is novenent there. | know that Connecti cut
did have an index that they created which was based on the
cut score, the percent neeting state standards, and then it
i ncl uded the percentages that were shifting fromthe | ower
| evel, frombasic to approaching. Scaled scores really
hel p us | ook at change over tine.

Then, | nean, this issue of what we can do with

i ndi vi dual student data, and what we did in Del aware was
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j ust phenonenal .

For the anmpbunt of effort that didn't vary from
what we did in other states, | think we were able to
provide a better answer, a nore certain answer, and control
nore of those alternative expl anations.

Junping to sonme policy issues, what about cost
for these studies? | have just highlighted some of our
studies. So, our studies, if we |look at just the test
anal ysi s conponent of our state charter school study, in
M chi gan, you know, we had a contract for |ike $150, 000
over a three-year period, but only $10,000 was devoted to
anal ysi s of student achi evenent data.

This very rigorous design that we could do in
Del awar e cost about $12,000 in year one for the tinme and
| abor for that conmponent of the work, which is very
i nexpensi ve for such a rigorous design, where we can track
students back. It is fantastic.

Most of our studies, for that conmponent of the
study, it is typically $12,000 to $15, 000 one can do that
type of anal ysis.

Now contrast that with a Mathemati ca study which
is, | think, over $5 mllion. | think in that year the feds
had close to $6 m|llion devoted to charter school research

When we devote such a | arge chunk of our work --

granted, | think the study, when it conmes out, because of
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its design -- gold standard, gold plated, whatever -- it is
going to be one of the best studies that we have, but | am
not certain it is going to provide us with a definitive
answer yet.

Com ng back to that definitive answer and rai sing
the question, what is the appropriate way to evaluate the
i npact of federal prograns? Before comng to the
eval uation center, | spent 10 years in Sweden

In 1992, | got involved in evaluating the
national voucher reform It was so fascinating there. First
of all, froma policy naker's perspective, it was a very
centralized system

They flipped the switch and there was nati onal
reformovernight. Contrast that with what we have here,
where we are trying to evaluate charter schools and get an
answer, and yet every state has a very different
i npl enent ati on.

Switch back to Sweden. When we did that
eval uation, we had a national standard, a national
curriculum national tests. It was pretty fantastic.
Believe me, we still had lots of issues to fight about,
about testing, about whether weighting the testing was
bei ng done appropriately fromyear to year. Al so, we had
the struggle with the governnent to rel ease individual data

from school |evel data, which was the unit of analysis for
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our study. It was fantastic that we had that uniform data
across the data. Again, cone back here and every state
study that we do, every study of charter schools has a very
di fferent and unique set of limtations.

So, the policies, the way they are inplenented is
very different and of course the data that are avail able
for doing the research eval uation varies considerably.

Getting back to, is this program is this
initiative working, | would like to see nore attention
given to neta-analysis or syntheses of the research that
exi sts.

There have been a few attenpts at that. RAND has
done a neta-analysis of the research on charter schools.
They did a study in 2001.

Their inclusion criteria were set very high. So,
only three studies were included, and they found m xed
results.

Chris Nelson and nyself, we did a study at the
very sanme tinme, and we found 17 studies. Qur bar was much
| ower .

VWhat we did is, we weighted the quality of the --
we wei ghted the studies based on the quality of design and
set up a weighting fornmula for that. Then Chris and I
updat ed that analysis and published it in a chapter | ast

year.
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There are a couple of different attenpts out
there at synthesizing the research. To ne, it also seens
that, given there is so nmuch information out there, it is
inportant to think of systematic or nore rigorous ways to
| ook at that research

When we | ook at what is happening out there, we
used to have the interest groups, the advocacy groups,
putting spin on research

| think sonmetinmes, what | am seeing a | ot now,
especially with the charter schools, we are even seeing the
advocacy groups putting the research out and putting their
own spin on their own work, and the quality is very | ow

| think one of the reasons for this is because we
are waiting for that definitive study, and we, the
academ cs, we the policy nakers, we are waiting for a
definitive study.

So, until that tinme we can't give weight to these
studi es of |esser or weaker design. | think that with sone
systematic or regular attenpts at synthesizing the
research, we can provide good answers for policy nmakers.

Anmong t hese synt heses of the research, Paul Hil
just cane out with an analysis of the charter school
research.

He basically grouped the studies in a table,

positive m x and negative, and Bryan Hassell has done a
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simlar job at grouping the research

VWhat we tried to do, we tried to chart out the
various studi es that have occurred based on the quality of
the design as well as the inpact.

When we did our neta-analysis, Chris Nel son and
I, we found that the overall inpact rating was very
slightly negative, not significant, but very slightly
negati ve.

O course, what we can see is that the research
varies considerably fromstate to state. W do see like a
nunber of the studies in Mchigan, where they are
relatively lowon quality, and that is nostly because of
the data limtations, but generally all very negative.

You can see sonme of our own studies that we have
plotted out are in capitals and in blue, but the picture is
very m xed, as one can see.

When we do these neta-anal yses, it is very
i nportant, the issue of inclusion and exclusion definitions
or criteria that we set for the synthesis of the research.

| know that, when | |ooked at the research and we
ained to do a neta-analysis, we didn't have effect sizes in
t hese studies, as Gene G ass would have told us we had to
have that.

So, we | ooked, well, can we do a best evidence

synthesis |ike Flavin has advocated, and even there, the
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rigor of the research wasn't in that ball park

Thi s met hodol ogy here was wei ghting the studies
based on not only the quality of the design, but the years
of data available, the scope of the study -- the scope of
the study defined by the nunber of grades covered, the
nunber of subject areas covered, as well as the proportion
of the schools that are studied.

It hel ped us wth that approach of voiding the
studies to give sonme quality weighting to the relative
i npact of those studies.

Again, the results are overall m xed at best, as
we can see, but interestingly, as m xed at best | would say
t he body of research on charter schools appears to be, it
is certainly not an evidence-based reformas yet, but over
time | hope to get a better and better answer as to whet her
or not charter schools are working. Thanks.

PARTI CI PANT: In terns of the charter school
study, one terml| did not hear you use was self selection.
Do you think there are sone differences?

I n other words, one treatnent would be a new math
curriculum say, for students, and another treatnent woul d
be like a charter school, but kids choose to attend or
their parents choose for themto attend.

DR MRON: They are very strong, unfortunately,

and we spell out those limtations in all of those studies
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about the issue of self selection.

It is not only on the part of famly self
selection, but also in the schools and the particul ar
desi gns that they have.

It is one of those -- you know, the |evel of
rigor that we can apply in our studies, we can't explain
all the alternative explanations, and that is one that is
very hard to control for, given the data and the designs
t hat we have used.

PARTI CI PANT:  You nentioned a couple of good data
sets that you had with matched individual student records.
| am wondering if you have addressed or would care to
comment on issues related to attrition or whatever it m ght
be in both kinds of data sets.

DR M RON:. Wien we have -- if we take the
Del aware data set, where we could rigorously control the
students, what we are doing in the second year now is, we
are trying to rule out nore of the alternative expl anations
for the gains or |osses that we see.

One of the things that we define, and we have to
| ook nore closely at is the characteristics of the stayers
and | eavers, and that is sonething we can't do with the
group | evel data.

Wth this data, we can see what are the

characteristics of the students who had taken test event
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one, but not test event two, and we can find out what is
happeni ng to those students who are | eaving.

Anot her possi ble explanation that we will exam ne
nore closely is, these designs assune the students progress
a grade each year.

VWhat we are seeing, in particular in one of the
Edi son schools, is a very high proportion of the students
are being retained, they are not being pronoted. So, they
get dropped fromthe anal ysis.

This is one exanple where the kids, two years
|ater they are not in the next test event. So, they are
dropped from our anal ysis.

So, in year two of our study now we are trying to
rule out nore of those alternative explanations and that is
anot her exanple of how we are trying to get at that.

We can do that with individual student data, but
when we have group |level data, we can't control for the
noi se of the students noving in and out.

PARTI Cl PANT: [ Comment not caught by m crophone. ]

DR MRON: W are planning to do that with the
Del aware data. We need both the matched student design as
wel | as some of the weaker designs that we have applied in
other states, |ike the residual gains approach.

My guess is that they are going to be very

simlar still, but I amvery confident with the matched
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student design because | can rule out nore of the
alternative expl anati ons.

PARTI CI PANT: On the NCLB, when schools go into
program i nprovenent, by the time they get to year three or
four, there are sone major changes that should take pl ace.

There is a sort of short menu list that the
federal government provides, including the elimnation or
the renmoval of the majority of the staff |eading to the
failure and a few other choices, including charter.

| woul d suspect that, with this group-Ilevel data,
you won't know which action was taken, the renoval of the
principal or -- well, you would know the charter school,
maybe, because there is a certain code or way of denoting
t hat .

It seens that, as M chael [Scriven] was pointing
out in his paper, in that situation, it alnost seens to be
a case by case basis to determ ne whether or not programA
or B or action A or B was successful, when froma |arger
policy issue, that is what people want to know, renoval of
principal and staff, was that nore effective or would
turning it into a charter school be nore effective, and are
those the chall enges we are going to face when we do that
anal ysi s.

DR MRON: It would require nore data collection

inthe field to decode or to capture those things. Just
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com ng back to a point that Mchael nade al so about the
i dea of cheating or inflating or deflating scores over
time, one thing we did, and we couldn't control for because
we didn't have individual student data for this, but in our
Edi son study, we | ooked at |ongitudinal trends over tine.

About half of those schools were charter schoo
studies, which is why | nentioned themtoday, and hal f of
the schools in the study were contract schools, where they
actually cane in and took over the school.

The Edi son effect, you have probably heard of
what is called the Edison effect, but what we found was
that the Edison effect, in year one, even when there was
the sanme adm nistrator, sane staff, sane students, because
they weren't a self selection school necessarily, they were
the sanme school, but they took them over, and there was a
drastic drop in the first year test scores.

That was, in part, because of the change in
managenent and so forth, but we also had to wonder if there
wasn't sonething done during the testing tinme to lead to
those | ow scores, because it was very advantageous havi ng
very | ow scores, because of sone change in subsequent
years.

In their contract schools, that was sonething we
noted across the board, but we didn't have the type of data

that would let us control, and we weren't all owed access to
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t he school s.

So, we couldn't control whether there was
sonet hing el se happening in the schools. It was very
interesting, just one exanple of how schools -- also, when
there is a change in a test also, it is advantageous to
score lowin the first year, and there are a | ot of ways
that admnistrators can work wth that, and that is testing
all the kids in the afternoon, you have got a |arger w ndow
for testing the students, you block the students at one
tine.

I n subsequent years, of course, you have the kids
test in the nornings, in less crowded conditions and better
wor ki ng conditions, and test results go up.

That is one of the things that is very hard to
control. Gven the nature of the testing regines and the
hi gh stakes nature, it is commobn practice.

Your figures seemvery surprising, but it is not
really surprising, in that sense, the way that schools try
to alter their scores, artificially |ow at the beginning,
or to raise themover tine.

PARTI Cl PANT: Doesn't val ue added hel p you get at
that problem of kids noving into charter schools, or the
start up of new charter schools, where sone of your data is
in a public school and then, as they exit, you al so get

public school test data after they | eave the charter
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school ? The Hanushek study and the SUNY | ab study does
that, | think

DR. M RON:  You need individual student data.

PARTI CI PANT: Yes, that is what | nmeant by val ue
added.

DR MRON: W can control for it. By controlling
for previous test scores before the intervention, we can
capture the type of the students, whether they are high-
per f or m ng.

Denogr aphi cs al one don't explain perfornmance
| evel s. They explain a great proportion of the variances
in performance levels, but not all of it. |I amsure that is
possi bl e to do.

The one state that we have been able to work with
that is in Del aware. What we found, though, is because the
testing event is so many -- if they were testing every
year, we woul d have a good set of data.

VWhat happens is -- this is when you get into the
practicality of the state data analysis. Wat you have are
schools -- the data, we link it to school vari ables.

What happens is, all the kids are changing
schools. They are not only changing froma traditional
public school to a charter public school. Al kids are
al so changi ng schools when they go to grade six, when they

go to m ddl e school
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It is very difficult. Unless you have a good
configuration of feeder streanms on how schools feed into
one another, it is very hard to control for charter school
di fferences when everybody is noving schools in sone of
t hose grades.

DR. BARNETT: W will take a break and then start
back right on tine.

[Brief recess.]

DR. DUNBAR It |looks |like we are succeeding in
one thing, and that is getting |lots of side bar
conversati ons goi ng.

That is all the better, because we have two sort
of schedul ed sessions for the remai nder of the day. The
first is the discussion and synthesis panel that | am about
to introduce and then, immedi ately after that, we wll have
time for an open floor discussion of issues that have been
di scussed t hroughout the day.

Qur plan is also to conclude the day tonorrow
wth a simlar kind of synthesis panel for the day's
presentations, and then general discussion and concl udi ng
remar ks.

| f you should need to | eave before our
presentations are over, you mght want to check the weat her
forecast in the norning.

Stuart is going to tell us in nore detail what
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t he contingency plans are for weather rel ated i ssues and,
as Bob Linn was just saying, gosh, you know, three to six
i nches of snow, that is just |like a dusting. That is what

winter is for. So, hang on for any announcenents rel ated

to that.

Agenda Item Discussion and Synthesis Panel.

DR. DUNBAR  \What we are going to do now is have
three individuals -- Laura Ham |ton from RAND Corporati on,

Bob Linn fromthe University of Colorado, and Judy Singer
from Harvard University -- each take about 30 mnutes to
di scuss their reactions to the presentations that were
given this norning, and to add any comments of their own
relative to issues that have been the subject of our
conversation. So, | amgoing to |let Laura get started.

Agenda Item Synthesis Panel.

DR. HAMLTON. It is really a pleasure to be
here, and it was especially a pleasure to read these
papers. | learned a lot fromthemand |I think there is a
| ot of good work going on, on this topic.

| apol ogi ze in advance if ny comments aren't as
coherent as they should be. | found that | canme here with
fairly well-organi zed notes, but ended up scribbling in the
mar gi ns and crossing things out throughout the day as
topics came up or as people nmade points that | was going to

make.
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Also, | amgoing to try to not be redundant with
Bob and Judy. So, there are certain topics that | am
certain they will address. So, | wll try to stay away from
t hose.

Afewtinmes | will probably refer to a recent
study that we conpleted that used this data base, just as
another illustrative exanple.

So, first, | amgoing to talk a little bit about
each of the four papers individually. It is not an
exhaustive set of coments, but just a few reactions that |
had for each one. Then | will try to discuss sonme comon
themes that cut across them

First, Elizabeth Stuart's paper, | thought, if
you haven't read the paper, it is a really wonderful, clear
di scussi on of causal inference.

A lot of the material is famliar, but |I don't
think I have seen it presented this clearly by anyone el se.
| think it is the kind of description that can be nade
accessible to sone of the | ess technical audiences that
really need to understand this stuff.

So, there are district adm nistrators, for
exanpl e, who are nmaki ng deci si ons about what curricula or
what prograns have scientific evidence to support them

| think that she does a nice job of kind of

nmovi ng beyond the idea that random assignnment is the only
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way, and that there are other designs that approxi mate
that, to sone degree, and expl ai ning how t hey approxi nate
t hat .

One of the nost inportant contributions, | think,
is that she really calls attention to the need to
under stand what the control condition is, and this is
sonething I will returnto alittle later.

She provides a very sinple exanple of a reading
curriculum and thinking about, when you are thinking about
the effects of a reading curriculum are you testing that
agai nst the control condition of sone alternative reading
curriculum whatever reading curriculum happens to be out
there, is there sone alternative, no reading curricul um
and that really nakes a difference for what kind of effect
you woul d expect?

So, if you are trying to interpret a study or do
a neta-analysis that conbines results across studies, it is
i nportant not only to understand your treatnent, but to
understand differences in the control conditions across
st udi es.

She al so tal ks about the stable unit treatnent
val ue assunption. | don't think that was in the
presentation, but it was sonething that she brought up in
t he paper, which is one of the assunptions underlying

efforts to make causal inference from studies.
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She notes that violations of that are common in
education. She talks a |ot about spill over effects that
can result when nenbers of the treatnent group and the

control group interact.

| think it is also inportant to note -- and
M chael [Scriven] got at this as well -- that some of these
spill over effects can occur even in the absence of

i nteraction.

So, if you have a particular programthat is
i npl enmented in certain schools, even if the control schools
don't interact directly wwth those schools, it is possible
that they m ght pick up aspects of that programthat they
think m ght be effective.

We saw this in our study of Edison schools, which
is the recent study that used the AIR data base. There
were places where schools saw the Edi son program and sai d,
well, | don't necessarily want to adopt the whol e Edi son
nmodel , but | like their math curriculum or | |ike the way
they do interimtesting. So, they will pick up pieces of
it, which really kind of nuddies the conpari son.

| think the last point I wanted to nmake about her
paper is, she talks a | ot about the need to make sure that
your control and your treatnent groups are as simlar as
possi bl e on as many covari ates as possi bl e.

| think that is one of the [imtations in the
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exi sting data bases, that we sinply don't have the kind of
information that we would like to have to nmake those
conpar abl e groups.

Being able to link the state data wth the census
data can help. There is information in the SSASD data base
that could be particularly useful, but that is not
avail able for all schools.

So, thinking about sone of the additional
information that we would want in order to really make
groups equivalent is sonething | will return to in the end.

Yeow Meng [ Thun]'s paper, | liked the idea of
descri bing accountability nmetrics as gross productivity
indicators, and trying to get away from nmaki ng overly
strong attributions of effectiveness to schools or
t eachers.

| amnot sure that it is feasible to conmunicate
t hat adequately to users, and to prevent m suses that are
an over-interpretation of it.

| think the franework of that is a nice way of
t hi nki ng about what we are really getting from sone of
t hese val ue-added and gross neasures.

My main coment with Yeow Meng's paper had to do
with his call for the inportance of having a valid interva
or devel opnental scale, and | think there was al ready sone

di scussi on of that.
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So, | probably don't need to say a whole |lot nore
about sone of the problens with devel opnental scal es,
except that there is sone good research that is going on
now that is |ooking at violations of sone of the
assunptions that are underlying growth nodels when
devel opnent al scal es are used.

Joseph Martin, who is one person who is doing
sonme of this work | ooking at how the sort of dinensionality
and the specific skills that are nmeasured change across
grade | evel s.

So, when you are trying to use a devel opnent al
scal e as a neasure of change, you are actually not
measuring the sane fromone point to the next, and that can
actually distort.

He has actually done sone sinmulations as well as
sone enpirical data analysis to show how that can distort
estimates of teacher school effects. | think that is one
thing to keep in m nd when you are using those kinds of
dat a.

There is also a concern about the extent to which
changes in a test score map directly onto changes in schoo
or teacher effectiveness.

This is sonething that we | ooked at in the RAND
study of val ue-added nodels. Dan Koretz, who was invol ved

in that work, likes to give the exanple of renedia
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reading. He, in a past life, actually did sonme teaching of
remedi al reading.

He gives the idea of, if he has got two sixth
graders and one of themis reading at the sixth grade |evel
and one of themis reading at the third grade level, it is
really hard to achieve the anount of test grade increase
for the kid who is reading at the third grade |evel, than
it is for the sixth grade |evel.

So, trying to do sinple conparisons and determ ne
whet her teachers and schools are equally effective when
kids aren't starting out at the sanme point, it is
problematic. It is another reason why we need to worry a
| ot about making sure that we match wel | .

Then, | think the other point I want to make
about Yeow Meng's paper is, he had a nice exanple of using
successive cohorts to try to make inferences about changes
i n school performnce.

| think one of the problens with those types of
grow h nodels is that we are often mssing data fromthe
early grades, particularly in elenmentary schools where the
formal testing mght not start until the end of third
grade, when the kids have spent sort of two thirds of the
time that is going to be spent at the school, and that is
where you are sort of getting your baseline.

To the extent that the school is effective in
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i nprovi ng achi evenent in the very early grades, you m ght
get distorted growth neasures if you are only | ooking at
grades three to five.

Solutions for that mght be to try to collect
data earlier if possible. If that is not feasible, then
think it is inportant to kind of acknow edge that, if we
| ook at growh, particularly in elenmentary schools, that we
are looking at a limted slice of the whole el enentary
school peri od.

M chael [Scriven]'s paper, | thought, was a
really nice discussion of how causal inferences are nade in
other scientific fields.

| get very frustrated when | hear people say, why
can't we be nore |ike nedicine, and they always do
random zed experinments and why can't education sort of
adopt that nodel

| think it is a great discussion of not only the
ot her ways that you can nmake valid causal inferences, but
al so the problens that are associated with random zed
control trials in education.

Hi s di scussion of elimnation analysis, ways to
sort of elimnate alternative hypotheses is, |I think, a
hel pful way of thinking about it.

For the process to work, there are a few things

that we need that we don't always have in education. There
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need to be sonme well understood theories about
rel ati onshi ps between treatnents and out cones.

There need to be highly detailed data. He
suggested getting sonme of those fromcase studies. W can
al so think about inproving assessnent systens to get better
di agnostic information about kids' strengths and weaknesses
that m ght hel p us understand what is going on.

| think the inportance of case studies is
sonmet hing that hasn't received enough attention. One of the
concerns | have, based partly on personal experience, is
that, when you try to get a representative sanpl e of
schools in your study to do case studies, you often find
that there are certain kinds of schools that will et you
in, and others that really don't want you anywhere near
them and those schools are generally not equival ent.

| think that, in addition to the expense of doing
case study work, one of the challenges is trying to get
reasonably representative sanples of school s.

Then Gary [Mron]'s paper, | thought, provided a
nice framework for classifying different study designs.

t hi nk that the suggestions for thinking about synthesizing
data, or doing neta-anal yses in ways that take into account
the quality of the study are inportant.

| think sonme of those quality variables are

pretty easy to categorize the way Gary did, but | think we



158
al so have to think about idiosyncratic features of the
studies that affect their quality that m ght not be so easy
to characterize. So, that is one of the challenges with
doing that type of synthesis.

The other thing | wanted to raise -- and he sort
of beat nme to the punch here -- but when you are thinking
about neasuring gains sone of these sort of successive
cohort studies that he tal ked about, one of the chall enges
that is particularly preval ent when you are | ooki ng at
charter schools or other schools that start up from
scratch, is that you often don't have a pretreatnent
basel i ne.

He gave the exanple of his Edison results, and |
was going to bring that exanple up, and | thought it was
new, and it is not.

We just published a study | ooking at Edi son
school s nati onwi de, and we found the sane thing that Gary
did on a much smaller sanple that was done several years
ago, which was that, if you | ook at Edi son school
performance starting formthe end of the first year, which
is the only baseline that you have for all Edison schools,
they really inprove over tinme, and Edison itself has nmade a
ot out of this in their own reports on their achi evenent.

From the schools where we do have a pretreatnent

baseline -- so, for the conversion schools where we have
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spring prior to Edison's entry -- what we find there is
that there is a big drop during the first year.

This is sonething we can't neasure in the start-
up schools. So, we really don't know how nuch this would
generalize to the start-up schools.

There m ght be sonething about the start-up
school s that would prevent themfromhaving this drop. W
al so don't have any reason to believe that it doesn't
exi st .

So, thinking about what the baseline is and
trying to identify an adequate baseline when all you have
is school-level data, | think it is sonetines difficult.

This is a case where having individual student-
| evel data certainly would have hel ped us understand t hat
first year phenonenon.

Now, let ne just talk a little bit about what I
t hi nk are sonme broad thenes that cross nost, or all, of
t hese papers.

The first one is, when you are doing a conparison
bet ween treatnment and control conditions, it is really
i nportant to understand both the treatnent and the control
condi tions, what those are, and how they vary within their
group.

Charter schools provide a good exanple. A charter

school is not a sort of uniformtreatnment. Charter school s
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vary on a nunber of dinensions including what kind of
students they serve, the |evel of autonony they have, the
anmount of funding they have.

They vary in the curricula that they use, their
approaches to scheduling and so forth. So, trying to
under st and sonet hi ng about a charter school is difficult
wi t hout al so know ng sonet hi ng about these different
di mensi ons on which they vary.

The Mathematica study that Gary nentioned is
trying to get at sone of these -- for exanple, they are
| ooking at different |levels of autonomy -- but there are
others that are nmuch harder to nention, but they are
i nportant to understanding what to make of the results from
charter school s.

| think this issue of variation and
i npl enentation is true, even for fairly well-defined
interventions |like a specific reading program

We often see, even though all teachers wll
nom nally say they are inplenenting the program we see
variations in the degree to which they have actually truly
bought into it, in the quality of the instruction they are
providing in the context of that program in the degree to
whi ch the school has the facilities to support it.

So, all of these things are inportant for

under st andi ng what that treatnent condition actually is.



161
Then, | think the sane problemapplies to the control
school, and it is even harder to get a handl e on there,
because it is often harder to get in there and get data,
and there is a wder range of actions that are taking pl ace
in those control schools.

It is also inportant to clearly define what the
control condition is. Using our Edison study as an
exanpl e, one of the decisions we had to make, when we chose
control schools, was whether to choose themfromwthin the
districts where Edi son was operating, or to choose them
fromoutside of the district but fromw thin the sane
st at es.

That is an inportant decision. On the one hand,
you mght argue that, in order to keep everything equal and
have equi val ent groups, you need to control for district
context, things |ike superintendent support and
superintendent turnover, and all the other things that
affect schools simlarly within the district.

At the sane tinme, by choosing schools within a
district, we run the risk of having conpetitive effects
that m ght not occur if we choose schools from outside of
the district.

There are also selection effects. So, within any
given district, you mght assune, for exanple, that the

superintendents are choosing the worst schools to turn over
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to Edison. So, there are sonme selection issues there that
you could deal with by choosing schools fromoutside the
district where Edison isn't operating.

So, a very careful definition of what the contro
condition is, and what the threats to the validity of that
are, is inportant.

| think this problem of finding an appropriate
control group m ght becone nore serious as districts and
school s becone better at identifying and inplenmenting so-
called scientifically-based interventions.

So, in some sort of fantasy future, you can
imagine that all districts have identified effective
readi ng curricular and effective math curri cul a.

Then, when you go to test a new one, it becones
difficult to figure out, well, should we actually expect
this new curriculumto performbetter than the one that is
currently being inplenented or maybe, given that the one
that is currently being inplenmented has been shown to be
effective, all we need to showis that it perfornms as well.

Then finally, with this issue of understanding
these different conditions, we need to take into account
out si de of school influences, both during the summer and
during the school year, particularly when the treatnent
condition is designed to try to influence those outside of

school conditions.



163

So, there are whole school reformnodels, for
exanple, that try to pronote nore parent involvenent in
students' |ives outside of school.

If that is the case, we need to understand the
extent to which treatnent effects are due to what is
happening in the schools versus what is happeni ng outside
of the schools.

The second sort of broad thene that | saw when
readi ng these papers is the inportance of understanding the
i nferences that users are maki ng based on results of
studies, or results of accountability systens.

In the nmeasurenment world, when we tal k about
validity, we are always careful to say that validity is not
a characteristic of the test. It is a characteristic of
t hose inferences or decisions that are nade on the basis of
t est scores.

| think, to sone degree, that sanme concern
applies to the kinds of accountability indices that Yeow
Meng was tal ki ng about, or to sonme of the research studies
that others were tal king about.

When we present results, we need to understand
what ki nds of inferences users are going to nmake for
exanpl e, about what the control condition is. What are they
sort of inplicitly conparing this treatnent to, when they

interpret that effect?
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W need to do a better job than we typically do
of communicating to users, what are the inferences that are
actual ly supported by this study, and what are sone
i nferences that m ght not be supported so well.

A third issue is that we need to think about that
has to do with the way we test achievenent is, we need to
t hi nk about the degree to which the tests actually match
the instruction that at least is intended to be provided
under the treatnment conditions.

| f teachers are fully inplenenting the program
but the test doesn't do a good job of neasuring that
particular curriculumor instruction, then the results
coul d provide m sl eading information.

One place this arises is when there are tracked
classes. So, if you think about m ddle school math, for
exanpl e, where sone kids are taking al gebra, other kids are
taking a general math class, we often neasure eighth grade
achi evenment using a test that is sort of a general math
test, that covers a lot of different topics.

When you do that, you may end up concl udi ng that
al gebra teachers or al gebra courses are | ess effective than
t he general math courses, because the tests are |ess
sensitive to changes when the tests are nore narrowy
focused on one topic than others.

There are ways to deal with this, to try to break
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down the data to try to understand that, but sone sense of
the degree to which the test is actually neasuring the
instruction is inportant.

The fourth kind of broad thene, which I think may
have been covered adequately, is the problem of behavioral
responses to testing, which |leads to score inflation.

We have tal ked about this a little bit. W know
that there are sone ways to kind of mtigate the problem
So, don't use the same test formevery year.

| was in a school once where, in California, for
a while they were using the sane formof the Stanford 9.
When they switched to another test, one of the teachers
said, “I don't know what they expect nme to do. | nmenorized
all the synonyns on the SAT-9, and now | have to nenorize a
new set of synonyns.”

That is a sort of extrenme exanple of what can
lead to score inflation, but I don't think it is all that
uncommon.

Sone of these sorts of obvious steps are not
necessarily enough to prevent the problem There are sone
subtl e things that happen.

Teachers are often aware of particular styles of
items, and will coach kids on those styles. There are ways
t hat questions are sonetinmes asked, and those sonetines

vary by publisher.
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For exanpl e, one publisher m ght always ask about
probabilities of a spinner problem and not ask about
probability in any other ways.

| nspecting tests for those kinds of
consi stencies, and trying to understand how they are
influencing instruction is inportant for kind of gauging
the Iikelihood of score inflation.

Then we are tal king about using a percent above
cut or percent proficient. There is a specific type of
behavi oral response that is particularly of concern, and
this has to do with what are often call ed bubble kids.

| heard the term “bubble kids,” several years
ago and didn't know what it neant, and now it is al nost
ubi qui t ous.

| think you could walk into any school in the
country and nention bubble kids, and the teachers will know
exactly what you are tal king about.

Those are the kids who are perform ng sort of
right at the cusp of proficient. So, if your goal is to
maxi m ze the percent proficient, that is what is being
reported, then a very rational response is to sort of
devote attention to the kids with the greatest |ikelihood
of achieving that, of passing that bar.

We have seen that. W have surveyed teachers and

found that quite a lot of themare pulling those kids out
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for separate instruction or targeting their instruction to
t hose ki ds.

Sonetinmes there are after school prograns
specifically for the bubble kids. | think they call them
sonething el se, but that is essentially what it is for.

So, | think the bubble kids problemis one that
is going to becone increasingly salient, as we focus nore
on a percent above cut netric.

A related issue is the extent to which student
notivation varies across these tests. W haven't tal ked a
| ot about that, but there nmay be different incentives that
are additional factors that we need to take into account.

Then ny | ast broad point had to do with
[imtations of using a percent above cut and why we should
have scale scores, and | will just skip that, because |
t hi nk that was adequately addressed.

So, what do we do about all this? It is easy to
poi nt out problens, and | think it is sonetinmes hard to
identify solutions.

| think there are ways to inprove the data
col l ection, sone of which are nore realistic or nore
f easi bl e than ot hers.

One thing that | think we need to try to do to
try to deal with sonme of these problens dealing with

m ssi ng baselines and so forth is foll ow ng individual
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students over tine. Judy [Singer], at least, is going to
tal k nore about that.

| do want to nention that | have seen a | ot of
cases, though, where the analysis of those data is not
al ways as high quality as it could be.

So, just having the individual student data
doesn't necessarily give us valid information. Coviously,

t he anal ysis needs to follow

It is also sonmetines useful to take test scores,
to the extent to which tests are devel oped to support this,
to break them down into subscal es, focused on different
topics or different skills.

That can hel p us understand sone of these issues
related to test curriculummatch, for exanple. There may be
differential effects on different kinds of achievenent, and
we mght be able to better match the instruction to the
achievement if we ook at the tests in that way.

Devel oping a data base with links to teachers can
be one way to hel p us understand sonme of the variation in
i npl enmentation that occurs both within and between school s.

This is difficult for political reasons. It is
also difficult for practical reasons. It is sonetines easy
to get a data file that links kids to teachers, and then
you |later find out that there is teamteaching and that the

kids switch classes for math. So, who you thought was the
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mat h teacher really isn't.

To the extent that this is possible, this can
facilitate better data coll ection about inplenmentation, and
there are I ots of people out there who are working on
better ways to neasure inplenentation and instructional
practices.

One district that we work wwth has a sort of
online tool. The goal is to eventually have all the schools
on a wirel ess network.

So, coaches or other observers could go into the
class with their laptop and actually code particul ar
t eacher behaviors, and it would automatically get
incorporated into a big data systemthat is |inked to
achi evenment data. It is pretty neat, and it is not al
that far from bei ng workabl e.

Then, | think that part of what woul d nmake these
| arge-scal e data bases a little nore usable is good
i nformati on about the testing context.

Earlier, there was sone discussion of neta-data
that had sonme of the information about the state testing
system but | would be | ooking for sonmething even a little
nore detailed than that.

Under st andi ng the testing context so that we can
eval uate perhaps the likelihood for inflation, to what

extent do these tests have the characteristics that we know
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can prevent score inflation, methods for selecting cut
scores or for scaling the tests, the extent to which the
test is matched at least to the state standards, if not to
the curriculumthat is being used in each district.

So, having state profiles |like that can, | think,
hel p us make interpretations that will enhance our ability
to conpare results across states.

Then, of course, the last thing that | think
could be done is specifically at the high school level. One
of the limtations of a |lot of our data bases is that we
really don't have good information on high schools, in part
because NCLB doesn't require high school testing to the
degree that it does at other grade |evels, but al so because
it is actually difficult to test high school achievenent,
given the tracking that goes on, the different courses that
students are taking, and so forth, and the kind of 11th
grade reading test that is often used may not tell us what
we want to know about what is going on at the high school
| evel .

G ven the policy interest in inproving high
school s, and the need to understand what is happening at
that | evel, better data collection for high schools is
sonething that | would try to add, if that was at all
feasible. | think that is it. |I can turn it over to Bob

[ Li nn] .
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Agenda Item Synthesis Panel.

DR. LINN: Thank you, Laura. The only thing that
woul d be worse than foll owm ng one very articul ate young
woman woul d be following two of them So, it is lucky I get
to speak in between.

Anyway, | want to echo sone of what Laura said in
terms of conplinenting the papers. | think that the four
papers together provide a nice foundation, an excellent
foundation, for thinking about both the theoretical and
sone of the nethodol ogical issues that are faced when you
try to use data sets |ike AIR has put together or the
departnment will be putting together, to do what Elizabeth
[ Stuart] was very clear about what the goal is, and that is
to identify interventions that teach students nore
effectively.

So, this is a noble goal, and one well worth the
effort that we are putting into it in talking about it, and
trying to put together a data base that would facilitate
what we do.

| think that Elizabeth divided these into two
categories. The papers by Elizabeth Stuart and M chael
Scriven had things at nore to do wth things at the
t heoretical |evel.

It may have sonething to do wth age, but | was

taken by the RCT zero and recalling, back in the days of
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the foll owthrough experinments and efforts to have
random zed control treatnents that are then going to be
i nplenmented in real classroons with real teachers and rea
kids and real principals, and they all have as their goal
to underm ne the experinent.

Their goal is not really to go along with the
experinments, but to teach kids nore effectively, and that
is the goal of the researcher, but it is also the goal of
the teachers, | think

So, if they see sonmething that is working in
anot her place, why wouldn't they say, well, | can try that,
t 00.

In the Edison exanple, if you see things that
Edi son is doing that you think | ook good and effective, why
not pursue them on your own.

On the other hand, | was also taken with
El i zabeth laying out what | think of as -- the first paper
where | really thought in these terns was the one by Don
Rubin that she relies upon a fair anount, to lay out this,
what is it that we want to know.

W want to be able to observe everyone under both
conditions. W can't do that. W can only observe them
under one of the two conditions, and random assi gnnment, if
you can make it an RCT-2, it is obviously a desirable way

to do that, because it makes you | ess dependent on being
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able to find all the right covariates to do the matching or
to do the adjustnents.

| don't think there is any quarrel there between
what M chael said and what Elizabeth said, really. If you
are tal king about RCT that are the two, the double blind,
as opposed or the RCT-1 or the RCT-0, which is harder for
us to do in the field of education, a double blind, than it
is in some other fields. | amnot saying it is easy in
other fields, but at least it is nore doable than it is in
ours.

Yeow Meng [ Thun]'s paper, | thought, noved into
nore detail ed discussion of a particular approach to
anal ysis, at both nodeling or val ue-added, or what he was
calling today a val ue-added hypot hesis, | guess, of trying
to tease out effects that you associate with schools, in
the nost part, for val ue-added nodeling the way that it has
been used. | will say nore about that in a mnute.

It is not so clear exactly how this applies to
t he data base issue because, for the val ue-added nodel i ng,
we do need the individual student data.

I ncidentally, for many of the things that Gary
[Mron] wanted to do, with the charter school anal yses, he
al so needed the individual student data.

So, it is not arguing that you can't do anything

with the school -1 evel data, that there are a | ot of
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pur poses for which there is really no substitute for
getting at the individual student data.

Gary strikes ne as a brave researcher, to go into
this field. I can't think of nmany areas of research that
are going to be nore controversial than | ooking at charter
school s.

One of the things that he has going, to his
credit, is that as he pointed out, and as you could see in
his chart, the blue dots were, in sonme cases, quite
favorabl e, so that the opponents were throwing darts at the
st udy.

| amsure that, in other cases, they didn't | ook
SO positive. So, it was the proponents that were throw ng
the darts.

Years ago, | was on the test standards commttee
when Melvin Novick was chairing it. He used to lecture, as
only Mel could, the joint conmttee that was revising the
standards and say, we wll know we have got it right when
the heat fromthe left is equal to the heat fromthe right.
That is kind of maybe where Gary has managed to cone out on
t his.

So, | think it is a tribute to the objectivity of
the studies that he has managed to carry out in the area of
charter school s.

El i zabeth is very clear on saying that she thinks



175
t he school -1 evel data base can be used to tease out causal
interpretations of the type that she was saying is the
goal .

She wisely cautions that this has to be done with
considerable care. That also, |I think, would apply as the
RCT-1, 2 and O comments apply, that you can't do random zed
control trials without a |ot of care. So, this applies well
to this particular data base, as well as other places.

The goal, as she lays it out, is to try to
replicate a random zed experinent when you are dealing with
sonething |ike this data base.

VWhat that inplies is that you need to be able to
get a lot of information about schools, so that you can do
the kind of matching that she proposes is needed in order
to satisfy Don Rubin's notion of what is a strongly
i gnorabl e treatment assignment.

Strongly ignorable treatnment assignnent is what
you need if you are going to take the kind of conparison
group, and be able to say that the differences you observe
are attributable to sonething other than the treatnent
assi gnnent .

This requires that you have to have the
assi gnnent be done in a way that is independent of the
out cones, given the observed covariates, and that you have

a positive probability of receiving each treatnent, the
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treatment or the control, for all of the |levels of the
covari at es.

Now, that is a challenge for many of the things
that we want to study. By design, treatnents are often
targeted toward a certain end of the distribution. They may
be targeted only toward children who conme from| ow i ncone
famlies, which makes it harder to find a matchi ng group
that will not be receiving that treatnent condition

That suggests the need for not only a great deal
of care, but probably nore information than is avail abl e.
This has conme up several tinmes today, the notion that the
data base, as good as it is, is not going to have all the
information that people are going to want, when they cone
at | ooking at these causal interpretations of particular
treatnments versus alternative conditions.

Anot her issue that Elizabeth discusses is the
stability or the stable unit treatnent. This we al so heard
quite a bit about, the problens that you have with possible
spill over effects, the | eakage, as M chael [Scriven] was
telling in his paper.

In addition, you have the concern that you want
to have a treatnent that is really one version, and you
want to have a control that is one version

That is a rare thing in education, because you

can give everyone so many mlligrans of the drug, but it is
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not as easy to give themso many m nutes of a particular
type of instruction.

So, what you have, indeed, is a great deal --
many versions that get |abeled the same thing. So, you have
a whol e bunch of variations on the treatnments that were put
in place going back to the follow through experinent.

One of the inportant things that canme out of the
fol |l owthrough experience, other than | earning how hard
experinments were to do, was, the realization that you
really needed to have inplenentation studies.

This harkens to sone of the comments that were
made about finding out nore information on the ground about
what is really going on

Once the inplenentation studies get underway,
being run by SRI at the time, the Stanford Research
Institute, it soon becane apparent that, just because
sonet hing was call ed the Engl eman nethod did not nean that
it wasn't also a bunch of other nethods, or the non-

Engl eman net hod wasn't al so partially the Engl eman net hod,
because the inplenmentation just varied so nmuch all over the
pl ace.

Charter schools are another nice exanple of the
fact that you have all kinds of variation. Here you have
vari ati on sonewhat by design or by law. There are certain

types of charter schools.
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| was al so wondering, in |looking at figure one of
Gary [Mron]'s [paper], the degree to which the different
| ocations were, in fact, different neanings of charter
school as it related to state.

So, it may be that it isn't just that sone of the
studies are finding that the charter schools are nore
effective or less effective than others, but that which
state they happen to be in, the charter school itself my
be quite a different thing, and how kids get into the
charter school

So, there is a potential confounding there that |
think would be interesting in the neta-analyses to try to
tease out, if you could get nore information about the | aws
and how charter schools cane about in the various states.

The second challenge is -- well, not the second
chal l enge, but there is the gigantic challenge of trying to
find a conparison group that is good enough, simlar
enough.

First, there is the problemof finding them If
you had treatnents that were targeted toward only one end
of the distribution, that often |l eads to techni ques that,
on the surface, seemlike they mght work, like a
regression techni que, but the exanple of |ooking at
regression functions that are limted to a certain part of

the distribution and extrapol ati ng, you don't have any
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great confidence once you start extrapolating to another
part of the distribution.

A second problemis obtaining enough information.
That harkens back to the need and a suggestion that the
dat a base needs to think nore expansively in what kind of
i nformati on can be included about schools, so that, with
better information about schools, better matching woul d at
| east be a possibility.

| want to go back, then, to Yeow Meng [ Thum's
di scussi on of the val ue-added nodel. The val ue-added
nodel i ng or hypot hesi s generation, however way you want to
call it, is certainly a topic that, while it may not apply
to the data base, is one that there is a huge anmount of
i nterest around the country.

A few states have | aws that you have to use the
val ue- added nodeling as part of the accountability system
Tennessee has had that for quite sone tine. Ghio has a | aw
that has been put in place, that part of their
accountability systemhas to |look at it.

On Novenber 21 of this year, Secretary Spellings
announced the pilot programthat invites states to submt
proposal s for growh nodel s using an approach as a way of
assessing AYP for the No Child Left Behind eval uations.

It is worth noting, however, in her letter that

she lists -- the letter went to the two state school
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officers, and it listed seven core principles that these
growt h nodel s have to abi de by.

The first one, when | first read it, | thought,
well, this kind of underm nes the whole idea of the growh
nodel ing, and that is the not giving up on the 100 percent
proficient by 2014.

So, the growth nodel has to get you from where
you are to 100 percent one way or the other. So, that is
going to put a real crinp on the system | think, of having
a val ue-nodel approach to AYP that is sensible.

Now, | shouldn't say that, maybe, in this
bui l di ng, but | have been saying it all over the country,
and | mght as well, and that is this idea that we are
going to have 100 percent of these children proficient by
2014 is just conpletely ridiculous.

So, if you have a condition that you have to have
sonething that is conpletely ridiculous, then how can you
have a reasonabl e system of using growth nodels as an
approxi mation for AYP. That has nothing to do with the data
base. So, | won't rant on that any nore.

DR. DUNBAR. There will be tinme for questions.

DR LINN: The val ue-added, the |abel, val ue-
added, is a termnology that invites a causal
interpretation, very clearly.

You don't say val ue-added by the school or by the
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teacher without nmeaning that it is because of sonething the
teacher did or that the school did, that adds the val ue.

Nonet hel ess, | amvery synpathetic to Yeow Meng's
caution about using that causal interpretation, and he is
not alone in that regard, as he referred to papers by Steve
Raudenbush and Don Rubin, that are al so warning that the
val ue- added nodel i ng, because it can't rule out many of
these other alternative explanations, one of which Laura
tal ked about, the differences in first grade when nost of
the systens are going to start wth a baseline year of
third grade, or possibly second grade.

Kids come to school with huge differences at the
begi nni ng of ki ndergarten, and beginning of first grade,
and those nmay have inportant inplications that need to be
rul ed out as plausibl e explanations.

There are al so the possi bl e expl anations of
di fferences in parental support, differences in
soci oeconom ¢ background. |If you have a systemthat does
not include soci oeconom ¢ background in the val ue-added
nodel , now you can include it, as it is done, say, in
Dal | as, but not in Tennessee.

Anal yses by Sanders and Bal |l ou have suggested
that controlling for the background characteristics doesn't
really change things much fromthe usual background, |ike

free and reduced | unch, doesn't change things much from
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what you have when you have the val ue added systemw th
just the prior test scores.

However, you can't logically rule out that as
anot her expl anation, because there are things going on in
homes of kids that are not included in the kinds of
controls that you are | ooking at when you | ook at that
val ue added.

Now, having said that, | amin favor of the
val ue- added nodeling. Let nme say that because | think a
descriptive neasure will get you a |lot closer to having
sonething that, in Yeow Meng's term nol ogy, at |east has
hypot heses of things that you could then go in at a second
level, if you are thinking of an accountability system of
really triggering a closer | ook, as opposed to automatic
sancti ons.

A system like that could use val ue-added nodeling
very well, | think, to target where it is that you ought to
go to find out nore information.

| think | already commented on things that | was
going to say |later about Gary's paper. The other comrents
| have are redundant because they are really tal king about
t he percent above cut, except in one regard.

The percent above cut is going to be inportant in
the data bases, to have a better understandi ng of how

strange the cuts are in different states.
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The stringency of the cut scores in different
states varies all over the map. So, there are a very snal
nunber of states that are actually nore stringent than
NAEP, at |east looking at it in the normreferenced sense
of how many ki ds get above the proficient |evel.

Most of them are sonmewhat nore | enient and sone
of themare a whole ot nore lenient. There is also the
i ssue, then, of states that have redefined their standards.

States that may have set standards pre-NCLB
tended to be very stringent. States that set them post-
NCLB tend to be nore lenient. States that have reset them
since NCLB also tend to be nore | enient.

So, at least having an understanding in the crude
sense of how stringent the state standards are is going to
be inportant for using the data base, and keepi ng straight
that -- for exanple, in Colorado, when we say proficient
for state purposes, we nean one thing. Wien we say
proficient for NCLB, we really nmean partially proficient.

So, there are those issues that need to be
addressed. If you are | ooking at closing the gap, a paper a
few years by Paul Holland and sone others, and sone nore
recent work by Don MLaughlin, shows how big the gap is.

There was a comment earlier this norning, too,
about the gap is obviously going to depend on where the

standard is set.
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You coul d have states that | ooked |ike they were
closing the gap if you were | ooking at the basic |evel,
that | ooked |ike the gap was expanding if you were | ooking
at the proficient level or vice versa.

So, understandi ng nore about where those cut
scores actually are, | think, is inportant. I wll stop
there, and turn it over to this young | ady.

Agenda Item Synthesis Panel.

DR. SINGER  Thank you all for staying. That is

the first thing. Batting third discussant after a day |ike

today, | find it very hard to think of sone comments that
nmy col |l eagues woul dn't say. So, | amgoing to try not to be
r edundant .

| amgoing to start off with a reflection that is
from sonmeone | now know is fromthe md-20th Century. |
have | earned nore about age today than | thought | woul d.

In 1962, John Tukey published a fantastic paper
in the Annals of Mathematical Statistics entitled “The
Future of Data Analysis.”

Now, publishing this in the Annals of
Mat hematical Statistics was, in and of itself, an
interesting exercise. Here is a guy who is really a
mat hemati cal statistician.

He wote this paper. Init, he begins to presage

his later work in exploratory data analysis. It is funto
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read in retrospect.

In particular, | think there are several things
of relevance for today's discussion in this paper. Tukey
mused broadly about what he called the tools and attitudes
t hat professional statisticians and data anal ysts who
tackle real world problens need to do their work.

There are two quotes fromthat paper that | want
to read to you, one by John Tukey hinmsel f, which has
actually becone pretty well known, and another that he
attributes to his colleague, Martin WIl ke, which I think
has | angui shed in obscurity, but they are both appropriate
for today.

The first is Tukey's quote: “Far better an
approxi mate answer to the right question than an exact
answer to the wong question.”

The second is Martin Wl ke's quote: “The hal |l mark
of good science is that it uses nodel in theory but never
believes either of them?”

| first read Tukey's paper in graduate school,
and | invoked that wi sdom about better a sort of
approxi mate answer to a good question, whenever people cone
to me asking, how can they gain insight into questions of
deep inportance to them using data that are flawed, at
best, and were often collected for other purposes.

As | was reading the materials to prepare for
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today, | found nyself thinking back to that paper, because
| think that is exactly the situation that we are in here.

It gave ne great solace, actually, to go back and
read it, because the original first sentence in ny remarks
today is, is there any way that | can be optimstic. Is the
data base so profoundly flawed that nothing is possible?

So, | sort of said that is not a very productive
way to spend ny tine, and | didn't think it was a
productive way to spend your tine.

Instead, | amrecasting ny remarks and offering
themin testament to John Tukey, and Fred Msteller, who I
hoped woul d actually be here today by saying, Wat would
John Tukey have said in reaction to today's paper?

| have little doubt that he would want us to be
very constructive and forward thinking, instead of spending
a lot of time thinking about what is wong here.

So, with the strong realities of what the data
set actually has, | would like to offer 10 ideas that m ght
be food for thought for inproving the current data set, or
i nproving the kind of statistical nodels that people use
wi th the data.

Because | knew that both Bob [Linn] and Laura
[Ham I ton] woul d say a | ot about neasurenent issues, | am
going to say virtually nothing about them

| am not making light of themat all. In fact, |
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woul d say that neasurenent issues probably trunp just about
everything that | am about to say, but recognizing that the
data set has those issues, | would like to tal k about two
broad cl asses of ideas.

Hal f of themare going to focus on inproving the
statistical nodels that could be used, and the other half
are going to focus on additional anal yses or additional
data sources that m ght be added to the data base itself to
make it useful.

The i nes between these categories are not sharp
at all. So, sone of these things nmay be categorized
incorrectly, but I am hoping that, taken together, it is
not that these provide answers, but | think that they
stinul ate conversations, and they get people thinking about
sone way that these data could be used productively.

So, let nme start out with five issues of
statistical nodeling. Nunber one, let's be sure that our
statistical nodels are carefully and fully specifi ed.

Eli zabeth Stuart w sely nakes the case that
researchers wanting to make causal inferences fromthis
data base need to be nmuch nore explicit about their
under |l yi ng causal nodel

| would extend this point nuch nore broadly than
just the underlying causal nodel, and say that | think

researchers who are using these nodels need to be nmuch nore
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explicit about which nodels they are using.

Here, | amnot trying to pick on anybody in
particular, but I did take the tinme to read the background
papers, and they vary in the degree to which nodels are
clearly specified.

When | tal k about specifying the nodels, it is
not enough to state an anal ytical approach. It is not
enough to say, “I will use regression,” or it is not enough
to say, “I will use nmultilevel nodeling,” or sone buzz
word. That is not the point. That is not the nodel clearly
speci fi ed.

The sane thing about a conparison group. It is
not enough to say, “this is howl amgoing to construct a
conpari son group.”

VWhat is the underlying nodel here? After all,
when you use statistical nethods to anal yze data, you are
fitting nodels to data, and those nodels are, in fact, your
representati on of what the nodel | ooks |ike.

You are going to use sanple data to estinate the
paraneters of nodels, but you need to be very clear about
what those nodels are.

When you specify the nodels, it is not enough to
specify the structural portion of the nodels. |I think the
papers that we read in preparation for this gave a | ot of

attention to the structural portions of the nodels, the
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effects of covariates, for exanple.

There al so needs to be a lot nore attention to
what is called the stochastic portion of the nodel and, in
particular, the error structures.

This is not easy stuff. | amnot saying this is
sonet hi ng where there are off-the-shelf solutions, and |lots
of buzz words are thrown around, for exanple, “val ue-added
anal yses” or “val ue-added hypot heses.”

| would say, not only are there not val ue-added
nmodel s or val ue-added hypot heses, there are statistical
nodel s that have paraneters.

You put assunptions in about the behavior of
certain features of those nodels and you ask, “Can | use
avai l abl e data to estimate those paraneters to draw
inferences?” This is nmuch nore el aborated than | think the
t hi ngs goi ng on today.

Sort of at this point in the history of
educational research, | think that to say, if you didn't
have data that you were starting with -- and that is really
what | amarguing, don't start fromthe data, start from
the nodel -- the appropriate statistical nodel for
educati onal phenonena starts with the student.

| nmean, wouldn't nost of us think about what
happens to the student when we are | ooking at student

achi evenent ?
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It recognizes the role of the teacher. It
recogni zes the role of the students' classmates. Only then
does it build to the school |evel or the school district
| evel .

Notice how | am proceeding totally backward to
what nost of the nodels we are tal ki ng about today have
speci fi ed.

There was sonme nention in the papers and al so
sone nention today of what | thought was actually a dead
issue, and this is the unit of analysis problem

| actually wote ny qualifying paper in graduate
school on the unit of analysis problem | thought it had
been put to rest, but whenever | conme to a neeting |ike
this, it sort of comes out, sticks out its ugly little
head.

It is not an issue of running the nodel this way
and running the nodel that way. |In other words, it is not
an issue of fitting the nodel to the individual student-
| evel data, fitting the nodel to the classroom or school -
| evel data, and checking to see whether we got to see the
same answer.

That is a dead question. The nodels are
addressing different questions, and if we refrane our
gquestions that way, we are ignoring decades of progress in

statistical nodeling and how we think about educati onal
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dat a.

| think the limtations of the data base cause
people to do it, but I think real progress could be nake if
we take a step back and ask, what kind of nobdels do we want
to use, and then where could we get the data to support the
feedi ng of those nodels.

To sonme extent, we have got a m ssing data
probl em here, not unlike what is nowis called the
fundanent al probl em of causal inference.

As Elizabeth said, the fundanental problem of
causal inference is a mssing data problem You either
observe the outcone in the treated group or the outcone in
t he conparison or control group, depending on how you
desi gn those things, but you don't observe both things at
the sane tine.

Vell, we have the sanme problem here. W have
problenms with mssing data. W have data at the aggregate
| evel, but what we really want is the student-I|evel data.

| would say that what we need to start doing at
the outset is specifying the nodels we would like to fit,
and t hen aski ng whet her we have the data to estimate the
paraneters of those nodels.

Starting fromthis, I amhoping we wll begin to
clarify what kinds of inferences we can draw from data and

what inferences we can't.
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Whet her they are causal or not | am not even
tal king about here. | amnerely tal king about what kind of
nodel s woul d fit.

Now, as a corollary to this, | wuld say that we
need to start fully understandi ng the consequences of
omtting one or nore |levels fromour analysis.

In essence, the problemwe want to specify here
is the nmultilevel nodel, or m x effects nodel as Yeow Meng
[ Thum is calling it, and we have got omtted | evels.

Now, there has been a |lot of work recently on the
consequence of omtting levels of analysis frommultilevel
data probl ens.

Most of that work focuses on the om ssion of
upper |evel problens. So, in other words, you have data on
students. Let's say you have data on students over tine.

So, tinme at |evel one, students at |evel two,
cl asses or teachers at |evel three, schools at |evel four,
school district at level five, and your conputer program
crashes because you have too many |evels and too sparse
dat a.

So, there has been work done on what happens if
you set aside the school district fromthat nodel, what
happens if you set aside the school fromthat nodel, what
happens if you set aside the class fromthat nodel.

| would say we have a simlar sort of problem W
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are setting aside tine, student and class when we are
fitting these nodels to data. That has consequences.

| think that in order to nmake progress in what we
can do with data sets like this, we have to think very hard
about what are the consequences of ignoring | ower |evels
fromwhat are nultilevel nodels, whereas nost people woul d
t hi nki ng what are the consequences of omtting higher
levels fromnmultilevel nodels.

The third point I want to make is actually
sonet hi ng nore philosophical. Wat is a school? That may
seem sort of pejorative, a stupid question to be asking.

If we are conducting anal yses using a school -

| evel data set, then our -- now | amgoing to invoke the
| anguage in vogue -- our unit of analysis is the school.

Well, if that is the unit of analysis, what is
it? | nean, is it the bricks and nortar? 1Is it the

principal who is at the head of it? There is only one of
those in nost places. 1Is it the aggloneration of the
teachers, the aggl oneration of the students?

If we don't know what a school is, in other
words, if that unit doesn't have sone conceptual neaning to
us as sonething that you can really get your head around
about how you are studying how it m ght change over tine,
then why are we doing these studies in the first place?

There are reasonabl e questi ons about, are the
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characteristics of schools that we can consider to be
reasonably stable that we m ght want to track them over
tine.

Principal characteristics is an easy one. School
size woul d be another one. Student-faculty ratio m ght be a
third one.

| f there are substantively interesting outcones
that are appropriately neasured at the school |evel, then
bui I ding nodel s at that | evel nakes sense.

| f there are not appropriate outcones that can be
measured at that level, then | amnot sure that building
nodel s at that level, ignoring all the things that go into
it, wll actually live up to what we are trying to do here.

Eli zabeth alluded to the ecologic fact fallacy,
and | think it is worth repeating here. It was nanmed in
1950 by WII Robinson, and the exanple that Elizabeth gave
was exactly the exanple that he used in 1950, about census
track data, and the percent foreign born and whether or not
t hat ecol ogical correlation, which is positive, nmakes sense
to hold at the individual |evel.

That is fromb50 years ago. It hasn't gone away.
In fact, every single analysis of these data bases that is
done solely at the school l|evel, you are not analyzing
student -1 evel outcones.

W can call it student-level data, but it is --
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ambeing a little bit extreme here. | am being
provocative. But you don't have the data that you think
you do.

Fourth, let's critically evaluate our assunptions
and conduct thorough sensitivity analysis. \Wat assunptions
are we wlling to make, and what assunptions are we willing
to say, oh, that is not a big deal if it is violated.

If we do sensitivity analysis, it begins to
answer the question that, if you change the assunptions,
the findings would still hold.

Notice | am not saying changing the nodels and |
am not saying changing the levels. | am saying changing the
assunptions underlying the nodels.

So, one exanple that both Laura [Ham Iton] and
Bob [Linn] tal ked about is this stable unit treatnent val ue
assunption, the sort of spill over effects.

It makes little sense for education researchers
to invoke it. It doesn't hold. Let's just say it doesn't
hold. Let's just be honest about it and nove on.

Then, given that it doesn't hold, how can we try
to place bounds on what are the consequences of violating
it.

VWhat is interesting in the discussion today is,
we have tal ked a | ot about student achievenent data. W

have tal ked a | ot about the notion of noving from cut
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scores to scal e scores.

We have yet to tal k about sone other features of
t hese scores, like the variance within schools, or another
word that we haven't tal ked about at all is the interclass
correlation of these scores.

Fundanental |y, the interclass correlation, which
measures the degree of simlarity of students within a
school, is the paraneter that is going to tell you about
what the consequences are of ignoring the | ower |evels of
anal ysis in your work.

If that interclass correlation is one, go with
the school data. You have everybody's bl essing, because the
data for one student is the sane as the data for al
st udent s.

If the interclass correlation is zero, then
woul d ask what is going on in the school. There is no
simlarity there, either before -- well, it is an unusual
nei ghbor hood -- and after, well, what is going on in the

school if there hasn't been a sort of bringing together of

peopl e.

So, | think we need to think that, if we can't
get individual-level data -- | wll talk alittle bit nore
about that at the end of ny remarks -- then we at | east

shoul d start trying to get information on variability in

schools and the interclass correlations that are going on
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her e.

Only with that information can we really eval uate
the validity of the kinds of assunptions we are maki ng when
we do the analysis at the school |evel.

My fifth point here, sonething that hasn't cone
up, but it is in several of the background papers, is the
perils of standardization.

Several of the background papers were faced with
a very intractable problem which is non-equival ent
out cones, non-equi val ent predictors, and a deep desire to
do the anal ysis across broader cl asses.

They end up standardi zi ng either the outcones,
striking the nmean -- either standardi zing the outcones, the
predi ctors or both.

Now, | understand the desire for standardization.
It seens so right. You have got these neasures, they are
non- equi val ent. Let's make them-- quote -- equival ent by
standar di zi ng them

Qovi ously, standardi zati on nakes them equi val ent.
That is what the word says it does. Unfortunately, it is
not that easy.

St andar di zati on of these neasures doesn't render
t hem equi val ent, and standardi zati on doesn't hel p you do
sonme of the other things that people think it hel ps you do.

It doesn't help you identify the relative
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i nportance of predictors. In fact, it is not that easy to
identify the relative inportance of predictors, and
standardi zati on doesn't do nuch to help. | have nore
references on this, if you are interested in it. It happens
to be one of ny pet peeves. So, | have spent sone tine on
it.

The other line of reasoning is that
st andardi zation all ows you to conpare sanples that are
different from each other.

Vell, in fact, standardization can do just the
opposite, because if the standard deviations differ across
t he sanpl es, and you standardi zed, and you even have
measures that are equivalent to start out with, by
standar di zi ng, you have taken these very equivalent, let's
say, regression coefficients, and rendered t hem non-
equi val ent, because you have divided by standard devi ati ons
that were not equival ent.

When you are in the |ongitudinal context -- and
that is also where this cones up, because you have got
measures that are not equatable over tinme -- you are doing
it even nore danage.

You are, in essence, taking away the very nature
of how ki ds change over tine. Wen you | ook at Yeow Meng's
class and a |l ot of those had those fan spreads, when you

| ook at test data, fan spreads are common.
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| f you standardi ze, you get rid of the fan
spreads. You think you are doing the right thing, you are
standardi zing, it sounds good, but in fact, you are
changi ng the properties of the measurenents that you are
wor ki ng wit h.

| think it is very inportant to say that, if the
data are flawed, there are things that you can try, but
that is absolutely not one of them It is not going to get
you where you want to go.

Now | amgoing to turn to some additional types
of analysis for data that we m ght collect, to enhance the
val ue of the data base, and | amgoing to return to John
Tukey and nmy first comrents here. See, if you hide behind
sonebody el se, that will actually make it kosher.

Let's appreciate the role of descriptive
anal ysis. There is great value in describing things. In his
1962 paper, Tukey noted: W need to face up to the need
for both indication and conclusion in the sane anal ysis.

He later went on to say, we need both exploratory
and confirmatory -- that is how he changed the words, but
initially he said, both indication and conclusion in the
sanme anal ysi s.

It may be heresy to say these days, and it may be
heresy to say in this building, not every statistical

anal ysis needs to |l ead to causal inference.
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You know, don't get ne wong, | support all of
t he push toward causal inference. It is a nuch needed
corrective, | think. There were decades when educators
really dismssed the kinds of work that needed to be done
conducting random zed trials and studies that permt causal
attribution.

Just as epidem ol ogi sts have | earned a | ot,
especially fromthe analysis of |ongitudinal data on
individuals -- and I will conme back to that -- researchers
can use these data to generate interesting descriptive
information that woul d be inval uabl e.

They are inval uable for hypothesis generation.
That is a worthy activity that should be supported. They
are invaluable for the design of future intervention
st udi es.

We shoul d be cel ebrating the efforts that have
gone into creating a fully representative data base. There
are a little bit of mssing data, but we will set that
asi de.

This is an accounting of every school in this
country. Surely a descriptive analysis or even what | would
call a relational analysis -- nothing claimng causal
attribution -- could have val ue.

So, let's not get so caught up in everything has

to be causal to say there isn't any value in plain old
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descri ption.

Now, as | say that, | think there are probably
sone interesting things that we could be using in a data
set like this.

One of themthat has not come up in any of the
di scussions here, or the papers that | read, or at |east
that | could find, is the possibility that we could use the
data base to identify and evaluate the effects of natura
experi nments.

For those of you who are not famliar with this
literature, economsts, primarily, have nade great strides
in recent years by using extant data -- in other words,
data collected for adm nistrative purposes, like this data
set -- do you know how to pronounce this? That is the
ot her thing. W have changed the SSASD -- it just doesn't
trip off ny tongue here.

The natural experinments are really a conpelling
opportunity here, and | suspect there are | ots of
interesting ones buried in these data.

| f peopl e who have access to the data, and know
about the phenonena, policies, that are going on in the
states that they are working with, there are sone great
opportunities here.

In terns of the kinds of natural experinents that

peopl e think about, there are sort of the forces of nature
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nat ural experinents.

So, there is sone exogenous force, |like Hurricane
Katrina is the nost recent exanple, or differences in
governnent policies, which is probably the nost profitable
in ternms of this data base.

For exanple, there are different eligibility
| evel s across states or wwthin states that would create the
opportunity in which this exogenous variation, variation
that is not comng fromthe individuals or the schools
t hensel ves, but from sonme other source, and it is providing
a treatment nechani sm treatnment assignnment nmechani sm that
is not entirely self-selected.

Thi s approach has been used with great profit to
study the effects of things that you really can't
random ze, |ike the nunber of years of schooling, or class
si ze, which you could random ze, but using discontinuities
that arise in class sizes as there are certain rules that
say that in school size growmh, there are certain rules
that say you can't have classes of nore than 25 or 20 or
what ever .

| f your enrollnment grows, all of a sudden cl asses
get a lot smaller than that, because you have got to create
nore classes to neet the requirenents.

| would urge the people sitting in this room who

are much nore know edgeabl e about this data base, and about
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the policies going on in states that they are working wth,
buried in these are sone fascinating studies.

The net hods are not w thout problens. Using
instrunmental variables -- | could go into that, but just
sticking in your head -- if | do nothing el se today, stick
in your head the idea that in places where policies are
changing over tinme in interesting ways that you know about,
here is a data set that could actually begin to help you
tease out the effects of those policy changes.

Ei ght, can we use the data set to docunent the
changi ng conposition of our schools. Mst of the anal yses
of these data | ook at changes in outcone data.

Well, there is a wealth of predictive data in
“themthar hills,” as they say. In fact, with future
editions, fromwhat | understand fromthe conversation
today, there may, in fact, be nore predictive data there.

Don't underestimate the val ue of |ooking at how
t he conposition of our schools is changing over tine. There
is information about changi ng denographics, information
about changi ng teaching forces, changing class size and
other attributes of the schools and school districts.

Here | amnot trying to nake causal inferences. |
amtrying to actually understand how t he school s thensel ves
are changi ng over tine.

| think this is a real resource that is being
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underutilized because everyone is focused on outcones. In
fact, we need to understand better how the school s
t hensel ves are changi ng.

In other words, how do these covari ates change
over time, so we could then nodel the relationship between
those tine variant covariates and those outconmes that we
care so deeply about?

Nine is an idea that | amnot sure whether it was
answered today. So, | will throwit out here, and if you
tell me that it was, | wll go past it.

It is this idea of using the data base to provide
a conprehensive inventory of interventions being conducted
i n school s.

As kindly constructed, or at |east as the
anal yses that | have read are being franed, people talk
about a study of a particular -- and I wll use the term
treatment rather |loosely -- they |look at the effects of
charter schools, in Gary's exanple.

In fact, there are lots of different treatnents
being applied to schools around this country. It would
seemto ne that this data base could serve as a very
val uabl e inventory of what is being done to schools.

It would allow us to nove beyond the sort of *
want to conpare charter schools to non-charter schools,” or

“l want to conpare reading first schools to non-reading
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first schools,” to understand the panoply of what is going
on, both funded at the federal |evel -- because there is a
| ot of stuff the Departnment of Education is doing -- but
let's remenber there are |lots of things being done to
school s and school districts that the Departnent of
Education is not involved in.

We have got private philanthropies doing
experinments, we have got university researchers, we have
got not for profits doing all sorts of things for schools -
- breaking themup into small schools, doing all sorts of
changes.

We have got for profits, we have got textbook
publishers. There is a lot going on in the schools, and
especially in the very small nunber of very large districts
there is an awful | ot going on.

It would seemto ne that this data base provides
an opportunity to start inventorying this, so that it is
not in the province of a few people who get access to the
identities of the schools with the different properties
but, rather nore broadly, let's characterize what the
school s are experiencing, and let's nmake that information
publicly avail abl e.

Now, in the spirit of all top ten lists, let’s
save the nost inportant for last, it wll come as no

surprise -- and Laura alluded to this -- that | amgoing to
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take ny last few mnutes to make a desperate plea.

As sonmeone who has no financial investnent in
this data set, other than the fact that | pay ny taxes, and
| don't even use this data set, to put political pressure
wherever it needs to go to start collecting data on
i ndi vi dual students and teachers.

| think that the purpose of this neeting is to
have people who work with the data and really toil in the
field talk to people |ike nyself, who don't work with the
data, but are interested in education broadly, and think
about ways that we can really nmake a difference.

| think this is a place where we shoul d be
tal king very explicitly about partnering, about saying, if
we are going to understand what is going on in education,
if we want to nmake these causal inferences, if we want to
track changes over tinme, if we want to do the kind of work
that the departnent cares about and we, as education
researchers care about, we need to start putting pressure
on creating |ongitudinal data sets on individuals tracked
over tinme.

Yes, that neans creating |ID nunbers that could
track kids. | took a cab over with Geno [Flores] over here,
and we were tal king about the state of California.

You know, is it possible to create |ID nunbers, so

that you could track kids within a district across
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districts, and then, heaven forbid, into other states?
| f you look at other fields -- | think it is both
profitable and dangerous to | ook at other fields. Everyone

is sick and tired of the nedical research anal ogy, give a

pill, we all come up with the reasons why that doesn't
work. | could argue with you and say surgical interventions
aren't blind either, but they are still random zed. So,

let's not all say, it is just a matter of giving a pill.

This is a case where other fields have made great
strides because of the availability of |ongitudinal
i ndi vi dual data, whether those data cone from socia
security earnings records, that is what allows people to do
work in | abor economcs, to ook at the effects of al
sorts of interventions, and a | ot of education related
predictors, like getting a GED, for exanple.

That is possible, because we can use soci al
security records to link earnings over tine, and then we
can go back in student | oan data bases and try to | ook at
t hose phenonena.

In public health and nedicine, the strides that
have been nmade by being able to | ook at Medicaid clains
data are unbelievabl e, because they not only tal k about
what happens in terns of expenditures, which is why the
data bases are created, but |ots of valuable work about the

effects of health interventions, about the effects of
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cardiac care, for exanple, as a result of |ooking at what
i s possible through Medi caid data bases.

| think that it is frustrating for everybody in
this room because | think this is something we all share -
- | amspeaking to the converted here, | don't think there
is a person here who wouldn't want to have the individual-
| evel data -- but what | amsaying is, this is an
opportunity to cone together in a very sort of research-
oriented, policy-oriented -- that we could actually answer
gquestions that policy nakers want the answer to, if we got
t he individual -1evel data.

| would put it out as a challenge to everybody in
this room and to our discussion about how we can put aside
differences of opinion about, is it this nodel or is it
that nodel, and is it this conparison group or is it that
conpari son group, because those are niceities.

The Bi g Kahuna is, can we get individual-I|evel
data. Are there sone state representatives in this room--
and I will look at ny fornmer student, Mtch Chester -- are
there sone state representatives in this roomwho wul d be
willing, on a voluntary basis, to say, | will work with you
intrying to put together the systens that would all ow you
to answer the questions?

If we do that, we can begin to show evi dence that

is useful for ne and ny state -- which is why I amw |l ling
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to front it, useful for nme and ny state. Then, if we do it
as an exi stence proof, it mght be possible to nove
forward

So, | amgoing to stop here and say that | have
great hope that the fact that you are all here at 4:00
o' clock on a pre-snow Washington D.C. afternoon, that you
care about these issues, and | think it really is possible
to make a difference.

| hope we are able to now nake sone progress in
t hi nki ng about what is possible about these data, because
we do have very inportant questions that we want to answer,
and it is inportant that we take the tinme to try to answer
themwel|. Thank you.

[ Appl ause. ]

DR. DUNBAR | can't think of a better way to end
a di scussion panel that would encourage questions and
further discussion of sonme of these issues.

So, | amjust going to open up the floor for
di scussion, first of all, for the panel on any of their
coments, and then nore generally, the issues that we have
been di scussing all day.

Agenda Item General Discussion.

PARTI Cl PANT: A coupl e of the panelists have
rai sed the issue of test scores and changes over tine and

test score inflation. | wondered if people have given any
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t hought to possibly using this data base to assess that
whol e i ssue.

Just to provide a little bit of context, the
peopl e publishing, | guess, a couple of articles in the New
York Tinmes and a couple of other places where the recent
NAEP results, the proportions proficient in the state have
been conpared with proportions found in NAEP -- how do |
say this -- the proportions proficient found in the NAEP
scale differ fromthe proportion proficient found on the
state test, which Bob Linn has been pointing out for sone
tine.

There has been sone concern that we are seeing a
race to the bottom that states are diluting their
standards on and so forth.

| guess the question is, in general, have people
t hought about using this data base to investigate that. |
don't know whether it is appropriate to try to include Don
McLaughlin now in that conversation, too, since he sort of
| ooked at the link there at one point in tine.

| don't know whether, |ooking at that |ink again
at a second point in tinme, would help to address that or
not .

DR. MCLAUGHLI N: That conpari son depends on the
equating of psychonetrics. If you assune that NAEP' s

psychonetric |inking fromone assessnent to the next is
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perfect, then it is fairly straightforward to do the
I i nkage one year and the |inkage the next year, or the next
NAEP, and see the extent to which the state's test has
m grated, or their scores have m grated upward conpared to
what NAEP says they are achi evenent change has been.

That is based on the assunptions that the
equating of one year to the next on sone test you can
believe is conpletely accurate.

DR, LINN. | was going to involve Don if you
didn't anyway. | do think there are a | ot of questions
about the |inkage of state assessnents to NAEP

There are concerns that the conditions of
admnistration are quite different in state assessnents
than they are in NAEP and, therefore, the notivation may be
different.

| think the kinds of conparisons, especially as
we get nore tinme now, so that you can do it not just at one
point in time, but at several points of tinme, will be very
informative at a descriptive |level to sone of the changes
t hat are going on

There has been work in the past that has tried to
conpare an equating or a |linkage of new state tests to
NAEP. Even when you use the sane test in different states,
you find that you get different functions.

David [ Thissen] is going to tal k about this
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tonorrow, actually. If you |look over tinme, the stability
over time is not great.

The fact that the stability over tine is not
great is informative in and of itself, however, because
that may be giving you sonme hints, at |east, about places
where score inflation is of particul ar concern.

PARTI Cl PANT: Not to beat a dead horse, but |
think for understanding score inflation, again, it is
inportant to go beyond the percent proficient, and to have
i nformati on about the whol e distribution.

Your sense of how nuch inflation has occurred
will depend a | ot on how you | ook at the nunbers, and
whet her you are actually | ooking at novenent in the whole
di stribution, or whether you are | ooking at the novenent
above a certain cut point. | think it is sort of one nore
reason why we would like to have that information

PARTI Cl PANT: A coupl e of observations, one on

this panel. Pointing out the issue of fidelity of
i npl enentation in | ooking at these studies -- | amwth
Houghton Mfflin -- and how t ext books, for exanple, are

used, how the interventions are used is a very significant
vari abl e that doesn't always get identified.

The other point that is raised was to focus on
the inferences that are being drawn regardi ng causation or

what ever.
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The problemthat | see is that sonebody draws an
inference that there is causation, that it is causative. |
guess the challenge is to, in effect, provide sone
standards for inferences that should be drawn.

It is an issue that has been endem c wi th NAEP
and with state testing prograns. What kind of guidance
m ght the federal government provide, and is it workable,
and how good i s good enough in drawi ng inferences about
causation or whatever else. It is nore of an observation
than a direct question.

PARTI CI PANT: | didn't want to insult you by
sayi ng, what is the question, but since you said it, that
i s good.

PARTI Cl PANT: There has been a fair anmount of
di scussi on about sone of the Iimtations of using the
school -1 evel data as outconme neasures.

There has been nuch | ess di scussion, sort of,
about the popul ation of federal prograns whose effects you
m ght want to eval uate.

One of the things that, if we are going to have
data on inplenentation, and it needs to be avail able and
sonehow | i nkable to the data base, if not within it
al ready, what kinds of things do we want to have in there
to answer, or to be ready to answer, sone kinds of

gquestions?
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So, Elizabeth threw out three or four exanples at
t he beginning that were fairly provocative, of inportant
policy questions.

Just, for exanple, the extent to which increased
funding for school libraries increases literacy |evels.
woul d point out that that, as with many federal prograns,
is not a student-level intervention. It is a school-Ievel
or higher intervention.

So, using school |evel or higher data to try to
assess potential inpact seens a reasonable place to be
| ooki ng.

| wonder if we could, as we are thinking, maybe
in the norning tonorrow or thinking about ways that the
data base coul d be enhanced, can think a little bit about
t he kinds of questions or the kinds of policies that we
woul d i ke to know nore about and be able to link in with
the data, so that we can at |east do sonme relationa
anal ysis. Not a question.

DR. FLORES: Al the state assessnent systens are
about to go through peer review. So, do you anticipate
maybe having to put an asterisk in the data base, PPR
post - peer review, because of changes that m ght be brought
about to assessnent systens?

PARTI CI PANT: That is an interesting idea, Geno.

| think what | would anticipate is that kind of an
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i nportant part of that peer reviewis going to be the
evi dence that states provide on alignnent.

It strikes me that that would be useful, in sone
ways, to get information into the data base about the
adequacy of alignnent.

Now, it is alignment, admttedly, to different
state standards. So, it is not alignnment with the sane
thing, but at least it will tell you sonething about --
hopefully it will tell you sonething about -- how each
state has done in having assessnments that really reinforce
what ever their state standards are. |If there is a |lot of
variation in that, it would be nice to know about it.

PARTI Cl PANT: I n general, | think that is one of
the difficulties we certainly encountered using these data,
was that we didn't always know when sonet hi ng about the
testing system changed.

We woul d hear from sonebody, “Ch, did you know
that this state noved its cut score, and that is not in the
dat a base anywhere?”

It isalittle hard to think about how you woul d
exhaustively put all of that into the data base, what form
it would take.

| think that is sonmething that, w thout that
information, it is inpossible to make any interpretations

of what is going on. So, sonehow that does need to be
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incorporated either directly into the data base or as
separate sort of descriptive docunents that go along with
it for each state.

PARTI Cl PANT: Has there been any systematic
communi cati on between peer review teans?

PARTI CI PANT: | think the peer review teans
t hensel ves are independent of each other. Certain
i ndividuals serve on multiple peer review teans, not always
in the sane m x

PARTI Cl PANT: \What you really need is to conbine
grants comng up with the right questions, so that
everybody rai ses the sane points about each of the systens.

That way we m ght be able to nove toward sone
simlarities that would be an i nprovenent. Sone overl ap
woul d nean that those states will share sone stuff that
this overlapping guy or worman has.

A sinple way would be to put up a listserv with
access to the people who are appointed to peer review
teanms, and have them put up sone of the things they are
t hi nki ng about, and kick it around.

DR. SCHAFER: As a frequent peer reviewer, |
t hi nk probably need to cormment on this point. Yes, you are
absolutely right, that there is a lot of shuffling that is
goi ng on anong the peer review teans.

The peer reviews -- and the teans are fully aware
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of this -- are advisory to the U. S. Departnent of
Education. As such, there is a great deal of difference, |
woul d guess, anong the points that are nade.

They try to be -- at least in ny experience -- as
conpr ehensi ve as possible, so that the Departnent of
Education, then, will try to standardi ze the reviews. Now,
that is not a perfect system but there is that elenent in
t he process.

PARTI Cl PANT: | have about 24 points |listed, but
many of them have been made. So, | amonly going to give
six points that are kind of clarifications fromwhere |I see
peopl e are.

The first one is related to the idea of scale. W
can al ways caution our neasurenents down to cut |evels, but
if we have, a priori, restrictive variance in the dependent
measure, we necessarily restrict covariance. That is ny
message about scal es. Everybody said the other things.

Wth regard to the matching, one of the things we
don't necessarily have when we do a single match is sone
i dea of how much non-treated matchi ng groups would vary.

We know there would be sone and, therefore, it is
not the match group, when you are using existing data.

Qovi ously, when you are gathering raw data, that can be
very different.

When you are using existing data, multiple groups
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or matches, at |east those can be random zed into a few
different matching groups, to get an idea of the degree to
whi ch mat chi ng groups m ght vary anong thensel ves.

The conparison group, a lot of times | don't
believe it is really appropriate to talk about the [rest of
coment not caught by the m crophone]. If you can, when
you have existing data, get other conparisons that are
maybe in the same district, or very, very simlar, but a
good di stance away, so it is not a one or other type of
t hi ng.

There is also this idea of the definitive study.
Sonmeone nentioned that. Wth tobacco as a cause of cancer
and heart disease, it is true that we did not have human
experinments. However, we did have a great deal of in vitro
experinments, where DNA was damaged, was inflected in cells,
and in vivo experinments where exposure to tobacco snoke and
conponents of it did cause, in an experinental manner.

My point is, a lot of tines no study really does
stands by itself, but adds to addition. Wen we can put it
together with a nmeta-analysis, that is great, but we do
still have other |evels of things.

W mght need to find out whether we think
library stuff gets kids to read, at |east to take books
out, take them hone, and that m ght go together with a

different set of studies which come at a very different
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| evel .

| also think that we have to be very careful to
remenber that there is the total error or uncertainty
around a thing.

We have all the uncertainty. Some of it we can
know directions of, and when we know directions of it, we
have to be careful not to treat that as noise, but treat
that as things we figure pretty nuch balances in the
di rection.

The last point that | want to relate is that
relational studies can be very useful. Wthout sone form of
relation, there really can't be a cause.

There has to be sonme form of dose response or
[ inear, or anything, there has to be a relationship, and
correl ational studies, and various forns of pattern
detection studies can give us information in which to put
t he context of other studies.

So, a data systemlike this naybe can't give us
the definitive causal answer, but it can give us sonme
studies that can go into a set about which we make the
rhetorical points about what kind of conclusions we are
trying to draw. That was just mnmy soap box responses to
what everyone has been sayi ng today.

DR. DUNBAR Other comments or questions fromthe

floor? Al right, I amgoing to give you a homework
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assi gnnent, then.

| have been trying to put together a few notes
based on today's conversation that seemto be points that
have been nade repeatedly, and naybe represent the kinds
of, if not formal conclusions, certainly consensus
di scussion that has taken pl ace.

| amjust going to throw sone of these out to get
your reactions to them Your homework assignnent, which you
can conplete now, in the tinme we have left, so that you
don't have to take it home with you, or you can work on
tonight so that we can collect sonme of this information
tonorrow, is to add to this list things that you heard
t oday which you thought were consensus ki nds of comments.

Nunber one, nmultiple reporting netrics, percents
above cuts, percents within achievenent |evels, and sone
ki nd of standard scores are desirable.

Nunmber two, systematic docunentation definitions
of relative covariates is critical. Tell me how broadly we
need to define relevant, | think, would be the unstated
guestion there.

Nunmber three, quantitative anal yses bol stered by
careful observational nethods are also i nportant, because
they will help us understand details of program
i npl ementation that otherwi se would | ead possibly to

m sinterpretations of results.
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Number four, understandi ng what can and cannot be
done with individual matched records helps to frane what we
can and cannot do with school |evel data. This is the
m ssing levels issue that Judy was tal king about.

Nunber five, it would be very hel pful to have in
this data base information about wi thin school variation.
Those are ny five points.

| nearly added a sixth about the resolve to
create matched data sets at |ower |evels of aggregation
but nobody seenmed to junp at that. So, | didn't think we
were at any kind of consensus. You could work on that one.

DR. MCLAUGHLIN: A point on your w thin school
variation. States aren't normally reporting that. So, you
won't find nuch of it on the data base. | think there m ght
be one or two states that have it for one or two years.

PARTI CI PANT: They have it?

DR. MCLAUGHLIN: States have it, and we have been
taking fromthe public publications. |In fact, nost of the
states have nultiple standards.

| have found that, in fact, you can get an
approxi mate answer to the right question about variance by
| ooking at the distribution of percentages.

PARTI Cl PANT: The data base, is it consisting
exclusively of data that has been submtted by the state,

or i s whoever is keeping the data base keepi ng ot her
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publicly available information, and is there a finite set
of data, or is this going to be a variable data base as it
mat ur es?

DR. MCLAUGHLIN: What we have done is just to add
the CCD data to it, figuring that nost data sets for
federal prograns and many ot her prograns have the NCES
school code.

So, other things can then be nerged with it. For
i nstance, we have nerged with NAEP, we have nerged with the
School s and Staffing Survey, we have nerged with -- | guess
that is on school NAEP -- with the CSRD [ Conprehensive
School Reforn] files.

O her contractors have nerged with the charter
schools and so on, but the idea was that we had that at
| east for this conponent of the data set, but then others
could nerge in aspects, characteristics of the schools.

So, no, except for CCD, we haven't added in other
variables so far. | don't think that was in our plans, but
| am hearing sone things that would make -- as a
contractor, AIR has to worry about what the client would
buy and, since NAEP is paying for it right now, what we are
doi ng, which is separate from EDEN, we have to nake sone
rationale for why it would be inportant for conpari ng NAEP
and state assessnment results.

DR. DUNBAR  Just one follow up to the comment
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about creating matched data sets at | ower |evels of
aggregation, there is kind of a natural experinent going on
in that right nowin many states, at the state |evel

Newl y instituted systens of student |Ds have been
created. Geno was describing one to you. W have one in
| owa.

In fact, they are anonynous, in that kids don't
know what their ID nunbers are. So, there are el aborate
adm ni strative nmechanisns in place to get those onto
student records, but those are what are bei ng mat ched.

The extent to which those kinds of data can be
made publicly available, I think, is one of the questions
that we m ght consider, and | am | ooking over at D ana
Pullin now to hel p guide us through the ethics of that
tomorrow i n the synthesis discussion.

Any ot her questions or comments for today? Well,
let's give all the presenters another round of applause for
a great round of presentations, and thank you all for
sticking wwth us for today.

W w ||l hedge our bets for the weather tonorrow,
and we are going to ask Stuart to tell us what the story is
on that.

DR. ELLIOIT: The word fromour hosts is that
this building is going to follow the federal governnent

rules. So, if nothing happens tonorrow, we will be here



224
tomorrow and we will begin at 8:30.

If there is sone sort of a delay, which would be
announced on the usual sorts of nedia -- for exanple, a
two- hour delay -- then we will neet here, we will neet at a
t wo- hour delay. So, we would start at 10:30. W wll
figure out how to adjust the schedul e over the course of
t he day.

In the unlikely event that the federal governnent
closes -- and this does seemlike it is quite unlikely, I
don't think that nmuch snow is supposed to cone, but if that
happens -- this building will be closed.

The National Academ es is |oathe, once we have
had a bunch of people comng to town for an event, to not
have things go on.

So, in that event, we wll try to find another
| ocation to neet. My hunch would be that we woul d be able
to neet at the building we have, which is 500 Fifth Street,
Nor t hwest .

W will be able to find neeting space there, if
the federal governnent is closed, because all of our other
activities will also be sort of in slight suspension there.

That is close to Chinatown, so we woul d at | east
be able to find sone place, even in a fairly reasonabl e
blizzard, that is still open, because | have had the

occasion to do that.
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That building is also close to the subway. So,
for those of you who are in town and staying at the Foggy
Bottom hotel, it wll probably be possible to get there.

In the event that the federal governnent closes,
| will |eave a nessage on ny voice nail that lets you know
what we are going to be doing. | hope to see you all here
t onor r ow nor ni ng.

[ Wher eupon, the neeting was recessed, to

reconvene the follow ng day, Friday, Decenber 9, 2005.]



